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Abstract 
This thesis examines how global wellbeing assessment might evolve in an increasingly globalised and 
digital society. It argues that, as wellbeing becomes a more explicit objective of global governance, a 
challenge arises over how it should be conceptualised and assessed across diverse cultural settings. 

Part 1 evaluates dominant approaches to wellbeing assessment, tracing the history to several key 
Western traditions in psychology and philosophy. It includes an argument against a bounded, 
individualised self being the foundational unit of societal wellbeing, and argues for societal wellbeing 
to be evaluated beyond the aggregation of self-evaluating individuals. It also explores alternative 
ontologies of who and what might be capable of experiencing wellbeing, and advocates considering 
views in which wellbeing exists not only within individual people, but also in the connections 
between people, in animals, and possibly in the environment more widely. It also argues for the 
importance of considering a wider range of cross-cultural ontologies in wellbeing assessment 
frameworks if they are to be used in global contexts, and the risk of ‘wellbeing imperialism’ if 
culturally biased views are applied globally. 

Part 2 explores a parallel trend of how technology and artificial intelligence (AI) are changing the way 
wellbeing is assessed. It explores the use of data from online platforms, large corpus analysis, and the 
use of sensor and wearable technology to infer aspects of wellbeing, like emotion and mental health. It 
speculates on how these may advance and be used to understand the wellbeing of society at scale, and 
may be incorporated into future wellbeing assessment systems in an increasingly digitised world. It 
evaluates both the promise of such systems and the risks, including privacy loss, bias, and misuse for 
corporate profits and government control. Technology and AI are presented as raising the stakes on 
the conceptual and ontological issues in Part 1.  

Overall, the thesis presents a broad exploration and synthesis of foundational concepts, ontologies, 
and technologies in assessing wellbeing, and forms connections across diverse disciplines and cultural 
contexts. Ultimately it aims to contribute to the discussion on the future of global wellbeing 
assessment frameworks. 
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1. Introduction 
1.1 The trajectory towards global governance 
History can be viewed through the lens of an expanding circle of concern, from families, tribes, and 
clans to countries and cultures and, ultimately, to all people and beyond, according to the 
contemporary philosopher Peter Singer (1981). He argues that people have progressively developed 
empathy and morality that conveys concern for those beyond their family and immediate relations. 

The historian and author Yuval Noah Harari, in his book Sapiens: A Brief History of Humankind 
(2014), also observes humanity’s trajectory towards globalism through the formation of tribes, nations 
and now, global organisations. He argues that doing so has been enabled through members of groups 
having a shared “intersubjective reality” – a shared consciousness or subjective experience that exists 
in the minds of many people and not in the material world. He claims these “imagined realities”, like 
money, legal systems and religious narratives are what allow us to work together flexibly in such large 
groups, and enable cooperation on a global scale. 

Both authors point out that history has been characterised by a long-term trend toward growing global 
interconnectedness. For Singer, this manifests in a more globalised morality, and for Harari, a more 
globalised shared subjective experience. 

With regards to governance institutions growing larger and wider-reaching, there is empirical 
evidence to support their claims. Over the past few centuries modern nations have been increasingly 
coordinated through intergovernmental organisations, giving rise to systems of global governance. 
Today, there are a large number of transnational institutions and organisations, such as the Association 
of Southeast Asian Nations (ASEAN), the African Union (AU), the BRICS bloc (Brazil, Russia, 
India, China, and South Africa, and five others now), the European Union (EU), the Organisation for 
Economic Co-operation and Development (OECD), and the main locus of global governance – the 
United Nations (UN) (Barnett et al., 2021).  

There has also been an expansion in the number of non-state groups such as transnational companies, 
academic organisations, non-governmental organisations (NGOs) and informal networks (Barnett et 
al., 2021). Together, these have been enabled by the creation and use of new tools of global 
connection like the internet, personal smart devices, global commerce, and efficient means of global 
travel and migration.  

This thesis is focussed on this increasingly globalised context: where there is a long-term growth of 
institutions and organisations that act at a global scale, there is a growing moral concern outside our 
kin to those around the world, where we increasingly share stories and subjective realities across the 
world, and where this is enabled through a number of key technologies like the internet and personal 
devices.  

1.2 Institutional shift toward wellbeing 
Many global governance institutions traditionally focus on addressing global challenges such as war, 
poverty, disease, and natural disasters (Barnett et al., 2021). However, their role increasingly extends 
beyond responding to crises to promoting the broader development, flourishing, and wellbeing of 
societies. Briguglio et al. (2025) describe wellbeing as becoming a central objective of public policy 
worldwide, with growing efforts to define, measure, and use wellbeing indicators to guide government 
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decision-making and societal progress. One example can be seen in the widely publicised UN 
Sustainable Development Goals (SDGs), which have been the centrepiece of the UN’s development 
framework since 2015, and place wellbeing as a key part of development (UN General Assembly, 
2015, p. 16). The OECD utilises three wellbeing-focussed dashboards aiming to guide public policy in 
member states and inform the public, which has evolved from the original Better Life Index, started in 
2011 (Exton & Shinwell, 2018).  

Countries from diverse geographic, political, and religious backgrounds have been using wellbeing 
language in their policy objectives. Bhutan was one of the original countries to promote a shift to 
wellbeing-focussed policy with the promotion of Gross National Happiness1 in the 1970s, which has 
now developed into a more formalised empirical index of assessment (Lepeley, 2017). New Zealand 
has been prominent in the promotion of wellbeing policy with their Living Standards Framework, 
Indicators Aotearoa New Zealand, and the He Ara Waiora dashboard, all aimed at measuring national 
wellbeing (the latter specifically for indigenous Māori wellbeing) (New Zealand Government, 2025; 
Hughes, 2021). They are also a participant in the Wellbeing Alliance Economies, and have passed 
legislation requiring the government to make a formal assessment of national wellbeing every four 
years (New Zealand Government, 2025, see Public Finance Act 1989, section 26NB; Wellbeing 
Economy Alliance, n.d.). The United Arab Emirates (UAE) has created a Minister of State for 
Happiness and Wellbeing, and has set a number of targets in the National Strategy for Wellbeing 2031 
(UAE Cabinet, 2019; Lambert et al., 2022). China’s government’s use of the term ‘wellbeing’ in 
English translations of their seminal five-year plans has been a new feature of the last few editions 
(People’s Republic of China Government, 2011, 2016, 2021) – notable in that it is from a significantly 
different political system to Western liberal democracies and is, by some measures, the largest 
political party in the world (Xinhua, 2025). 

The measurement of wellbeing was initially developed in large part due to discontent with other 
measures of societal development such as Gross Domestic Product (GDP). It was seen as a move 
towards capturing the actual quality of life of citizens more directly. An early example of this critique 
was a paper by Ed Diener and Martin Seligman, leading figures in subjective wellbeing research and 
positive psychology, which promoted the shift of wellbeing objectives beyond psychology and 
academia, into the goals and targets set in government policy (Diener & Seligman, 2004). This was 
followed by the Stiglitz-Sen-Fitoussi Report (2009), another critique of GDP as a measure of national 
success that instead promoted holistic wellbeing-focussed and sustainable measures of development. 
It was particularly significant in that it was commissioned by a major government (France) showing a 
clear shift into government policy. Since then, numerous frameworks, measurement systems, and 
research projects followed and have continued to this day. A 2024 study by Jansen et al. found that 27 
countries from diverse geographic, political, and religious backgrounds currently use ‘Beyond GDP’ 
measurement frameworks in the evaluation of their national progress. ‘Beyond GDP’ measures are 
about “measuring sustainable and inclusive wellbeing” (Jansen et al., 2024, paper title).  

The interest in an empirical understanding of wellbeing has also grown inside academia. Many 
leading universities have established wellbeing-focussed research centres in the last several decades, 
including Oxford’s Wellbeing Research Centre, Cambridge’s Wellbeing Institute, and the University 
of Melbourne’s Centre for Wellbeing Science. In 2011, the International Journal of Wellbeing was 
founded (Weijers & Jarden, 2021). In the 40-year period from 1980 to 2020, there has been 

1 The interest of governments in assessing happiness, while not synonymous with wellbeing, can be 
viewed as part of a broader shift towards an interest in subjective experience. A definition of wellbeing 
and its connection with subjective experience is given in section 1.4, and further distinctions between 
happiness and wellbeing are explored in section 4. 
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approximately a twenty-fold increase in Google Scholar search results for the terms “wellbeing” or 
“well-being” (adjusted for total search results). Google Ngram, a way to measure the prevalence of 
terms in text available to Google servers (e.g. books and webpages) and Google Trends, which 
measures trends in search terms, both show a steady and continuous upward trend in the use of the 
terms “wellbeing” and “well-being” (see appendix 1). 

1.3 Cross-cultural and cross-disciplinary measurement of wellbeing 
Given the need for global institutions to have policy with relevance across diverse cultural settings, 
they face the challenge of defining and measuring wellbeing cross-culturally too. The World 
Happiness Report is a high-profile UN publication, self-described as the “world’s foremost 
publication on global wellbeing” (Helliwell et al., 2025). It evaluates wellbeing by asking 1000 
participants from each country to evaluate their life from zero (the worst possible life for them) to ten 
(the best possible life). The average of all the participants in the country becomes the country’s score. 
This, along with wellbeing science in general, has been criticised as having a narrow and culturally 
specific definition that fails to capture many of the most important aspects of wellbeing. VanderWeele 
et al. (2025) state “the research on well-being has been shaped largely by Western perspectives and 
has been carried out mostly in Western contexts” (p. 1). Joshanloo and Weijers (2024) point out how 
many influential modern wellbeing models are based on mainly Western concepts, developed by 
mainly Western researchers, and validated mainly using Western participants. A number of other 
publications also point out that much of modern wellbeing science has occurred within Western 
academia and psychology (Lambert et al., 2020; Biswas-Diener, 2022; Smith et al., 2025; Diener & 
Seligman, 2009; Briguglio et al., 2025).  

But this is beginning to change. There are growing observations of the wellbeing field globalising. 
Lomas describes the field as occurring in four to five overlapping ‘waves’. The first as psychotherapy 
and psychiatry, the second as humanistic psychology, the third as positive psychology, and the most 
recent as a growing wave of global scholarship (Lomas, 2022a). He also speculates on a future fifth 
wave which is discussed further in section 3.4 ‘Beyond humans’, and section 3.5 ‘Expansive 
consciousness and expansive wellbeing’. In terms of journal publications, the International Journal of 
Wellbeing has published two special issues specifically on cross-cultural and global perspectives, once 
in 2012 and again in 2022 (Hommerich, 2012; International Journal of Wellbeing, 2022). In 2024, the 
first set of results of the Global Flourishing2 Study (GFS) – a 200,000+ participant and 22-country, 
multi-dimensional survey-based study – was published, which aims to survey a broader range of 
measures which capture wellbeing dimensions valued in more global contexts (VanderWeele et al., 
2025). They state “The GFS was conceived to… advance our knowledge of flourishing in general and 
especially in non-Western contexts” (VanderWeele et al., 2025, p. 1). The GFS will be discussed as an 
example of a recent research project aimed at addressing some of the cultural biases in historic 
systems of measuring wellbeing. 

In terms of policy frameworks, the OECD and UN have developed numerous policy-guiding 
documents over the last decade to address the need for cross-cultural wellbeing assessment 
frameworks. Several key initiatives mentioned earlier, such as the Sustainable Development Goals 
and the Better Life Index, provide high-level frameworks for measuring development, which include a 
focus on wellbeing; but there have also been specific guidelines put out on measurement – the OECD 
Guidelines on the Measurement of Subjective Wellbeing (2013, 2025) and the United Nations 
Economic Commission for Europe (UNECE) Guidelines on the Measurement of Wellbeing (2025). 

2 Flourishing is defined as a broad, multidimensional form of wellbeing (VanderWeele et al., 2025). 
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One of the main aims of the 2025 update to the OECD guidelines was to “provide more globally 
inclusive approaches to subjective well-being measurement” (OECD, 2025, p. 2). These will be 
discussed as contemporary, global policy assessment frameworks.  

Although, these projects far from exhaust the rich cross-cultural knowledge relating to wellbeing and 
they carry over some assumptions from their cultural foundations. The term ‘wellbeing’ is an 
English-language term, and has more direct links with the cultural and philosophical ancestors of the 
West, but discussions on the topic are prevalent across human intellectual history. In 2016, Timothy 
Lomas, one of the authors of the GFS, published a lexicography of wellbeing-related terms from 
around the world. It illustrates the rich variety of culturally unique and untranslatable terms related to 
wellbeing. It shows that wellbeing is a deep and varied topic, and that restricting it to any one 
language significantly limits the discourse.  

This thesis looks to build on the progress by further exploring cultural conceptual assumptions related 
to the dominant views embedded in the systems of wellbeing assessment. Fortunately, the topic also 
has deep cross-cultural roots to explore (even if terms go by non-English names). This thesis touches 
on a small fraction of those but represents a step towards greater cross-cultural foundations. It argues 
that, for wellbeing frameworks to have legitimacy in global governance settings, we should continue 
to explore ideas outside any single cultural or disciplinary setting. 

1.4 Dominant definition of wellbeing and reorientation in this thesis 
There is a significant and ongoing discourse on the precise definition of wellbeing. Some aspects of 
the dominant definitions will be adhered to, and others will be challenged. Many current definitions 
used in prominent measurement frameworks define wellbeing as closely related to quality of life 
(Helliwell et al., 2025; OECD, 2025; UNECE, 2025). This thesis will also consider wellbeing as 
closely related to quality of life. 

Intrinsic value:  

The Stanford Encyclopedia of Philosophy states “the concept of well-being is most commonly used in 
philosophy to describe what is non-instrumentally or ultimately good for a person” (Crisp, 2026). The 
use of the term ‘non-instrumentally’ captures a key element of its definition – that wellbeing has 
intrinsic value to the one living it. Whatever ultimately constitutes wellbeing, has value to the one 
living it, as an end-in-itself and not as a means to an end. Wellbeing will be considered something 
with intrinsic value. 

The individual:  

The Routledge Handbook of Philosophy of Well-being (Fletcher, 2016) states philosophical 
discussions typically understand wellbeing in terms of what makes a person’s life go better or worse 
for them. This reflects the idea that wellbeing is commonly understood as something which affects 
people, and, more specifically, the individual. In other words, the individual is often considered the 
central unit of wellbeing (Joshanloo, 2026). This will be expanded on later in the thesis to explain the 
historical foundations which have contributed to wellbeing being centred on the individual. This thesis 
will challenge whether the individual person, at least as it is commonly understood in Western 
academia, should always be treated as the central unit for understanding global wellbeing. 
Cross-cultural concepts about the individual emerging through relationship with others and the 
environment are discussed, and are used to challenge the dominant notion of the individual as the 
appropriate unit of societal wellbeing. The discussion extends into exploration of “what is capable of 
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wellbeing?”, including non-human animals and speculates on a metaphysical view which considers 
the environment capable of wellbeing. 

Experience:  

Diener’s influential Subjective Wellbeing definition is a centrepiece of wellbeing discourse, having 
been formally part of wellbeing assessment discussions since at least the 1980s (Diener, 1984). It 
regards wellbeing as a person’s self-evaluations of their own life, in terms of emotional affect and 
overall life evaluations. It relates to someone's subjective experience (Diener, 1984). This conception 
of subjective wellbeing is a foundation to the 2025 OECD guidelines to be used for transnational 
wellbeing assessment, and remains a central part of many existing national and transnational 
wellbeing frameworks (OECD, 2025; UNECE, 2025; Briguglio et al., 2025). While this thesis will 
contest the Western individualistic assumptions on which this definition rests, it does take the view 
that experience is ultimately what matters for wellbeing. In this thesis, wellbeing will be considered to 
be about the quality of conscious experience, or simply, experience. 

Balance:  

Many dominant conceptions of wellbeing simplify it into a positive and negative scale, where positive 
is good and negative is bad. This is stated explicitly in one of the dominant theories of wellbeing, 
hedonic wellbeing, which considers pleasure as good and pain as bad (Fletcher, 2016; Crisp, 2026). 
Many of the models that contain measures of wellbeing, such as the Subjective Wellbeing Scale, the 
World Happiness Report, the Global Flourishing Study, and other national or transnational 
frameworks, consider wellbeing on a quantitative, numerical scale, and treat higher up the scale as 
better, even when seen as part of multidimensional dashboards. This thesis will discuss challenges to 
framing wellbeing as something which can be modelled through such positive-negative quantitative 
scales. Theories which accept positive and negative and prioritise balance will be examined in the 
context of societal wellbeing assessments, such as the notion of yin yang. While the thesis doesn’t 
explicitly condemn positive-negative continuums, it explores the possibility that this is an 
oversimplification, and doesn’t reflect a universal view of wellbeing.  

Overall, wellbeing is considered to be about the quality of conscious experience, and closely related to 
‘quality of life’. It is considered something of intrinsic value to those experiencing it. The idea that 
wellbeing is something only experienced in individual humans is challenged, by breaking down the 
foundation of a bounded individual and arguing for the possibility of wellbeing existing beyond 
humans. It questions whether wellbeing is best viewed as something on a continuum from positive to 
negative, by touching on views which prioritise balance and harmony. 

1.5 Technology 
In parallel to growing global interconnectedness and the rise of international institutions, another 
major trend is reshaping the way wellbeing is defined and measured. Approximately two thirds of the 
global adult population have a personal internet-connected smart device, and a similar proportion use 
social media, according to an annual survey on global digital technology usage by Kemp (2025). 
Some sources report a global average screen time exceeding 40% of waking life (Istrate et al., 2024), 
and over 10% of the global adult population are active weekly users of chatbots, with this figure 
continuing to trend upwards (Chatterji et al., 2025).  

This has resulted in an explosion of new data, including movement data from smartphones, 
physiological data from wearable devices, usage data from digital platforms, and language data from 
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social media and chatbot conversations. Many platforms synthesise this data through advanced 
algorithms to understand users and provide more personalised services. 

As more intimate data sources become more widespread, and AI algorithms are becoming more 
advanced, there is beginning to be the ability to understand aspects of users' mental states and inner 
experiences. For example, data from smart devices are being used to infer emotion, mental health, and 
wellbeing survey responses (Shen et al., 2025; Sametoğlu et al., 2024; Brickman et al., 2025; Lalk et 
al., 2025; Nandini et al., 2025). This is the focus of Part 2: how digital technologies are rapidly 
reshaping the ways wellbeing and conscious experience are understood. Part 2 surveys several of 
these methodologies and goes on to speculate on how these methods may, in time, reshape future 
systems for the assessment of societal wellbeing.  

The opportunities provided by such systems are discussed, in that they may allow more detailed, 
responsive, and cost-effective ways of understanding wellbeing. But there are also discussions about 
the significant risks related to the violation of personal privacy and amplification of biases. 
Additionally, there is a discussion of concerns relating to mistrust in the organisations and institutions 
with access to this data, such as their use for profit, and exerting control.  

1.6 Research questions and roadmap 
The overarching research question of this thesis is: How might future global wellbeing assessment 
frameworks evolve in light of rapid advances in AI and the globalisation of the concept of wellbeing? 
Furthermore, if this reality is possible, how might we mitigate risks and harness any potential 
benefits?   

This thesis is presented in two parts. Part 1 examines the conceptual foundations of wellbeing 
assessment. It begins by tracing the several historically influential ideas relating to wellbeing, 
including hedonic, eudaimonic, and subjective wellbeing approaches, as well key foundations of 
wellbeing measurement such as those from utilitarian thinkers such as Jeremy Bentham. Part 1 then 
examines how these ideas have been operationalised in major policy and research frameworks. 

Several concerns are raised in Part 1 about the reliance on assumptions that are not universally 
applicable. In particular, many contemporary frameworks assume the individual person as the primary 
unit of wellbeing, and assume wellbeing is best modelled on linear quantitative scales. Alternative 
views of selfhood and wellbeing are explored, including relational and ‘extended-self’ views, 
Buddhist non-self and dependent origination, as well as indigenous Māori whakapapa (genealogy) 
and interconnectedness with nature. These are discussed in relation to the questions of who and what 
is capable of wellbeing, and of moral concern.  

Part 2 then turns to the technological conditions under which future wellbeing assessment may occur. 
It provides several examples of emerging capabilities inferring aspects of wellbeing, such as the 
prediction of regional wellbeing scores from online discourse and the inference of emotions from 
wearable devices. Section 5 discusses the opportunities presented by these as supplements to 
survey-based methods, and provides a personal example using a large personal language corpus to 
identify candid, longitudinal, qualitative elements of wellbeing. Section 6 delves into the risks, and 
touches on several strategies of mitigation, such as ways of preserving personal privacy. Section 7 
explores the added risks associated with future AI systems which become more capable and 
intelligent, and how growing capabilities raise the stakes for the need to correctly define wellbeing to 
avoid the exacerbation of cultural and conceptual biases. ​
​
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The thesis concludes by reiterating the need for awareness and caution, rather than disengagement 
with AI and technology, and encourages that, regardless of technological changes, further discussions 
on the nature of experience, wellbeing and ‘the good life’ is one of the most important topics in global 
institutional contexts.  

It should be noted that this thesis is widereaching, intentionally spanning a range of perspectives from 
multiple disciplines and cultures. As a result, it does not exhaustively cover each in depth, but aims to 
synthesise and form connections broadly. 
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Part 1: Definition, conceptualisation, 
and foundations 

2. Traditional foundational wellbeing theories, 
concepts, and systems for assessment 
2.1 Eudaimonia and hedonism  
Two of the most prominent philosophies to have shaped modern concepts of wellbeing are the ancient 
ideas of hedonism and eudaimonia (Michalos & Weijers, 2017; Ryan & Deci, 2001; Crisp, 2026). 
Hedonism can be described as the maximisation of pleasant experience and the minimisation of 
unpleasant experience, broadly speaking (Moore, 2019). While often caricatured in pop-culture as 
about short-term, self-centred, sensory pleasures like food, sex, and partying (Einzelgänger, 2024), 
more holistic views account for delayed gratification, altruism, and “higher” pleasures, like those 
associated with morality, creativity, or spirituality (Mill, 1863/2010; Weijers, 2011). The claim about 
bodily sensations being less important may be disputed, but it is important to recognise that holistic 
hedonic views of wellbeing are still able to account for long-term, meaningful pleasures, and may be 
consistent with wide-reaching moral concern for others. Hedonic philosophy is prominent in 
contemporary wellbeing assessment systems. The UNECE 2025 guidelines on the measuring of 
wellbeing states in Chapter 1 that it captures “hedonic dimensions of human experience” (p. 12). The 
OECD guidelines incorporate questions that capture people’s hedonic experiences. Both guidelines 
define subjective wellbeing in part through affect, measured through positive and negative feelings 
reflecting the hedonic tradition. The Global Flourishing Study similarly includes affect-related 
questions, treating positive and negative emotions as part of its broader multidimensional assessment 
of flourishing (VanderWeele et al., 2025).  

Eudaimonic wellbeing is comparatively nebulous and is less reducible to a balance of one thing over 
another. It takes its roots from Ancient Greece and is defined through Aristotelian ideas of virtue, 
knowing thyself, functioning well, and a sense of purpose (Ryan & Deci, 2001). In the OECD 
guidelines, eudaimonic wellbeing is one of the three core modules of subjective wellbeing. Likewise it 
features in the UNECE framework. It is assessed through questions on meaning, purpose, and 
psychological functioning. 

2.2 Utilitarianism and the measurement of wellbeing 
Utilitarianism is another foundational theory related to wellbeing, although its influence is mostly as a 
moral and political theory connected to the measurement of wellbeing (Crisp, 2026). One of the key 
moral principles of Jeremy Bentham, often considered one of the key founding figures of 
utilitarianism, relates to the promotion of happiness and the reduction of pain (Bentham, 1789/1907, 
p. 1). He dedicated several decades of his work into developing a system of calculating it through his 
hedonic calculus (Weijers, 2011; Crisp, 2026; Baujard, 2009). The hedonic calculus looked at several 
factors including the intensity, duration, extent, and the certainty of pleasure or pain (Weijers, 2011). 
Although this system was never operationalised in practice, a theoretically complete version would, in 
his mind, have been able to calculate the morally best action.  
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According to Crisp (2026), this can be interpreted in terms of wellbeing. He states that “according to 
[utilitarianism] the only moral requirement is that total or overall well-being be maximized” (section 
3, para. 2). Whether this is precisely the original intention of Bentham cannot be confirmed, but it is 
nevertheless true that he was an original advocate of a system of calculation that closely relates to 
hedonic wellbeing today. 

One of the philosophical principles of Bentham’s hedonic calculus may have been inherited by 
contemporary cross-cultural measurement frameworks, even if the specific methods differ. This 
relates to the importance of pleasure over pain, as represented by both the UNECE and OECD 2025 
guidelines on wellbeing measurement in the way that surveys ask about people’s pain and happiness. 

2.3 Subjective wellbeing, life satisfaction, and affect 
During the 20th century, work on the empirical assessment of wellbeing developed further. There was 
significant development in the use of quantitative self-evaluations in the form of large-scale social 
surveys. A number of American psychologists and economists developed an empirical science of 
human happiness and life satisfaction using these methods (Diener & Seligman, 2004). The World 
Happiness Report question that asks participants to evaluate their life from zero to ten is based on a 
question developed during this era, the Cantril Ladder question (Helliwell et al., 2025; Cantril, 1965). 
A related work is the Life Satisfaction Index by Bernice Neugarten et al. (1961), which asks an 
expanded range of questions, but still looks at an individual's experience from their own perspective. 
These works began a significant movement of research which aggregated large numbers of responses 
to questionnaires like these, and used them as indicators of societal wellbeing (Diener & Seligman, 
2004).   

This foundational psychological and economic research using social surveys to measure societal 
wellbeing evolved to become the heart of the academic study of wellbeing for much of the last four 
decades – the field of Subjective Wellbeing (SWB). “Subjective” relates to wellbeing being ultimately 
about one's own perspective (Diener, 1984). It is defined as a specific measurable concept consisting 
of life satisfaction and affect (Diener, 1984; Diener et al., 1999). Life satisfaction captures a 
self-evaluation of life. Affect, both positive and negative, concerns the moment-to-moment experience 
and is closely related to emotions, feelings and moods. Affect is the most directly hedonic component 
of SWB, because it operationalises wellbeing in terms of positive and negative felt experience 
(Diener, 1984; Ryan & Deci, 2001). Evaluations of life may be considered through hedonic and 
eudaimonic lenses (Ryan & Deci, 2001). Under this definition, someone who evaluates their life 
highly, and has a positive balance of emotional affect, has high SWB.  

SWB is frequently assessed through social survey questions – e.g. by asking individuals about their 
satisfaction with life, and by asking individuals to recall their various emotions. In the core 2025 
OECD guidelines, ‘affect’ is part of the core module and has an additional extended module of its 
own. It recommends asking participants about the degree to which they experienced eight emotions 
yesterday, on a scale of zero to ten, and also asks how much they laughed or smiled. A life satisfaction 
question “Overall, how satisfied are you with life as a whole these days?” (p. 32) is also part of the 
core OECD module, and in an extended module, ten different dimensions of life from safety to living 
standards to personal relationships and community are discussed. It should be noted that the recent 
focus on wellbeing being assessed through this multitude of questions (as is also observed in the 
72-item Global Flourishing Study questionnaire (VanderWeele et al., 2025)), reflects a view that 
wellbeing is multidimensional and its assessment should ask about the different dimensions of life and 

14 



 

experience. Other studies also mention de-emphasising life satisfaction as a singular indicator of 
wellbeing and widening the focus to include other measures (Krys et al., 2025). 

Over time, the SWB framework became increasingly influential to the point that it is one of the most 
widely used and essential parts of wellbeing assessments for researchers and governments alike, to 
this day. The Life Satisfaction aspect of SWB remains widespread as one of the most common 
questions with close to 90% of OECD member states collecting life satisfaction data in nationally 
representative household surveys (OECD, 2025). 

Experience sampling and a critique of infrequent point-in-time assessments: 

Although, questionnaires that collect data through periodic social surveys are vulnerable to issues 
related to the fact that the one answering the question is undergoing constant change. Their response 
can depend on the mood when they are asked (mood bias), and they also may not correctly remember 
how they felt when asked to recall the past (recollection bias) (Shiffman et al., 2008). Kahneman’s 
“peak-end rule” helps explain why this matters for life-evaluation measures. When people remember 
an experience, their evaluation is disproportionately shaped by its most intense moment and by how it 
ended, rather than by the total quality of experience across its duration (Kahneman, 2011). For 
example, if asked “How was your holiday?”, someone may answer based largely on a beautiful final 
day or a stressful airport delay, even if most of the holiday was different. This reflects Kahneman’s 
distinction between the “remembering self” and the “experiencing self”. The remembering self gives 
the retrospective evaluation, but it does not necessarily represent the moment-to-moment experience 
of the experiencing self. If wellbeing assessment aims to capture the overall quality of conscious 
experience, then asking only for retrospective self-evaluation is clearly limited.  

The recognition of this has resulted in periodic surveys being seen with added caution as a complete 
representation of wellbeing, and has led to other assessment methods emerging. One is ‘experience 
sampling’, in particular Ecological Momentary Assessment (EMA). EMA is a technique that samples 
mood and emotion at various moments throughout the day (Trull & Ebner-Priemer, 2009; Shiffman, 
2008). It is favoured as a way of getting high-frequency wellbeing data in natural contexts, while 
people are going about their daily lives. Experience sampling is now widely used because of its 
mitigation of recollection bias – an established issue in periodic survey methods where participants 
incorrectly recall their emotions or wellbeing (Shiffman et al., 2008) – and because of its greater 
accessibility and cost effectiveness enabled by technology. Nowadays, experience sampling is often 
done through pop-up surveys on smart devices (Wrzus & Neubauer, 2023). However, EMA remains 
vulnerable to other response biases, such as when the act of responding to the survey itself alters the 
mood of the participant, thereby skewing the results. It may also skew towards those who get value 
from the task, and therefore self-select for participation or retention in long-term EMA studies (Wrzus 
& Neubauer, 2023). EMA and similar experience-sampling methods are predecessors of the methods 
that may be used to understand wellbeing in the future, as they share the ability to capture more 
frequent, ecological, and contextual data (discussed in Part 2). 

2.4 Mental health 
Population mental health measures are one of the major recent additions to wellbeing assessment 
frameworks. Mental health issues are now widely recognised and discussed in global society – the 
WHO estimates that over a billion people were living with a mental disorder in 2021, with anxiety and 
depressive disorders being the most common (World Health Organization, 2025). Mental health 
assessment is now reflected in measurement practice internationally. New Zealand’s wellbeing 
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statistics draw on the WHO-5 mental wellbeing index, while the UAE’s National Strategy for 
Wellbeing 2031 includes promoting good mental health (Stats NZ, 2024; UAE Cabinet, 2019). The 
Global Flourishing Study also includes mental and physical health as one of its domains in a 
22-country study of flourishing (VanderWeele et al., 2025). India and China both have National 
Mental Health Surveys which use clinical mental health concepts such as depression, anxiety and 
other psychiatric disorders, showing that these are not only Western measurement categories (Huang 
et al., 2019; Murthy, 2017). The OECD includes a population mental health module using the PHQ-4 
and WHO-5, while the UNECE Guidelines include health indicators for anxiety/depression symptoms 
and suicide, alcohol-abuse and drug-overdose deaths (OECD, 2025; UNECE, 2025). 

While mental health has traditionally been understood through the presence of negative states, 
symptoms, and poor functioning such as those outlined in the Fifth Diagnostic and Statistical Manual 
of Mental Disorders (American Psychiatric Association, 2022), there has been a notable shift towards 
the recognition of mental health existing outside disorders. As in the WHO-5 and PHQ-4, anxiety and 
depression, two of the most common mental health issues, are increasingly measured on a scale where 
all people may be placed (World Health Organization, 2024). While the prevalence of clinical mental 
health diagnoses still have relevance to understanding societal wellbeing, the ability for assessment 
systems to account for positive states broadens relevance to not only those with diagnosable disorders.  

2.5 Objective wellbeing measures 
Many societal wellbeing assessment systems also include “objective” measures, which exist as facts 
regardless of someone's perception of them, such as poverty levels, home ownership, education 
attainment, disease prevalence and other verifiable measures of living standards. Weijers and 
Morrison (2018) note that objective measures of wellbeing have been used for a long time and that 
their importance is “well understood by policymakers” (p. 6). The UNECE 2025 guidelines also show 
this within its broader framework. They present wellbeing as multidimensional and include both 
objective and subjective indicators of people’s circumstances. This means wellbeing is not measured 
only through income, health, or material conditions, but also through how people evaluate their lives. 

Despite its prevalence, a common critique of focusing overly on objective measures is that, as Weijers 
and Morrison (2018) puts it, “it might result in resources being directed towards something that was 
perceived to be a contributor to wellbeing, but actually makes little difference to how people 
themselves evaluate their own lives” (p. 6). In other words it neglects the subjective experience of 
individuals. A stronger view in line with Diener’s view of subjective wellbeing, sees objective 
measures as secondary proxies to wellbeing, and that they should not be the main measure of 
wellbeing in governance (Layard, 2005). Under this view, objective measures are merely facts about a 
person or a person’s circumstances, but do not represent their wellbeing directly – objective indicators 
are seen as only relevant insofar as they have an impact on the subjective experience of individuals. 

But Sen (1992) points out an issue with complete expulsion of objective measures. Someone may be 
materially impoverished but feel happy through ignorance or coercion. Objective measures can get 
around the issues of someone coercing another into a contented feeling under poor conditions, such as 
the so-called “happy slave”. In this case, someone is enslaved or impoverished but for one reason or 
another they have been coerced into happiness by their oppressors; or they are naively happy out of 
ignorance of how others are living 3. This argument is part of the justification for the ‘objective list 

3 Setting aside the fact that in reality, a slave would likely comparatively see their life as worse than their 
masters, and so would be made unhappy by that. 
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theory’ being considered another major contemporary theory of wellbeing assessment (Crisp, 2026; 
Fletcher, 2016). 

2.6 Summary 
This section has outlined several of the major theories and measurement traditions that shape 
contemporary wellbeing assessment: hedonic and eudaimonic wellbeing, utilitarian calculation, 
subjective wellbeing, life satisfaction, emotion, mental health, and objective indicators. Together, they 
show key aspects of how wellbeing has come to be defined, measured and standardised in 
international settings. They also show that wellbeing assessment is not conceptually neutral. 
Assessment systems carry assumptions about what wellbeing is and how it can be understood. The 
next section looks beneath a description of the frameworks to uncover the central assumptions that 
underlie these approaches.  
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3. The individualistic and humanistic 
assumptions 
One assumption central to these major philosophical theories of wellbeing, underlying hedonic, 
eudaimonic, utilitarian, and modern psychological views of wellbeing, is the underlying notion of the 
individual self. Hedonic wellbeing, associated with pleasure and pain, and eudaimonic wellbeing, 
associated with meaning and virtue, both place the self as the fundamental unit. Whether it is 
experiencing positive or negative emotion, or it is virtuous, known, and has a sense of meaning and 
purpose, it is the individual self which is at the centre of both of these wellbeing definitions. 
Utilitarianism is commonly enacted through measurement systems which focus on individuals' 
subjective experience as the units that make up society. Bentham described the community as a 
“fictitious body” made up of individual persons, and that the interest of the community is the sum of 
the interests of its individual members (Bentham, 1789/1907, Ch. 1, paras. IV–V). One of the main 
focuses of the Subjective Wellbeing approach, is that it places the individual self-evaluation at its 
core. It is invariably measured through self-evaluations that are aggregated to understand societal 
wellbeing. The UNECE and OECD frameworks and others largely share these views. They ask about 
individual perspectives on personal wellbeing and aggregate these responses to give evaluations of 
society. This section examines whether this is a universally applicable way of viewing wellbeing, and 
whether it accurately represents views across the cross-cultural settings in which they are applied.  

3.1 Dominant psychological views of self 
As discussed, the field of psychology has been foundational in much of the existing academic work on 
wellbeing assessment, especially through the development of subjective wellbeing, and through 
earlier waves of positive psychology, humanistic psychology and psychotherapy (Diener, 1984; 
Lomas, 2022a; Ryan & Deci, 2001). It is therefore useful to examine the field as a source of 
foundational views of self embedded in contemporary wellbeing assessment frameworks. 

Lomas (2023a) describes the dominant view of self present in psychology using a metaphor of a 
‘container’, where a container is something with boundaries, an inside and an outside, and contents 
held within it. He argues that this is supported by four recurring dualities in psychology. The first is 
mind and body, where mental phenomena and physical phenomena are treated as different and 
separate things. The second is subjective and objective, where first-person experience is separated 
from observable, material processes. The third is self and other, where the individual person is 
distinguished from other people and from the wider environment. The fourth is inner and outer, where 
subjective experience is treated as occurring “inside” the person, while the world is treated as existing 
“outside” them. Applied to psychology, this means that the person is often treated as a bounded 
individual self, with a mind, and subjective experiences located “inside” them. Other people, the 
world, and the environment are then treated as external things that may influence a person, but remain 
outside the person’s basic boundary.  

Joshanloo and Weijers (2024) more directly link this with wellbeing discourse. They analysed some of 
the themes present in a number of influential models of wellbeing, including Diener's view of 
Subjective Wellbeing, and Ryff’s view of psychological wellbeing4. Several of the important themes 
they point out across these models include the importance placed on (1) “expressing one's true inner 

4 Ryff’s psychological wellbeing (1989) is another major early model of wellbeing. 
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self”, (2) having a “positive self-evaluation and sense of worth based on one’s own internal 
standards”, (3) having “personal goals that give a sense of purpose and direction in life”, and (4) 
“building and nurturing fulfilling connections with others while also maintaining their individuality 
and personal boundaries” (p. 8). These models are summarised as focussed authenticity, 
self-determination, and self-expression. Joshanloo (2026) also supports this idea that wellbeing 
discourse is based around an independent view of self. He states that “widely used well-being 
constructs… are largely organized around an individualistic and independent construal of selfhood” 
(p. 1). He goes on to say that this construal is not universal and is biased towards Western views of 
self. Under this view of self, it makes sense for personal self-evaluations of wellbeing to rise to 
prominence. If wellbeing is located primarily inside bounded individuals, then asking individuals to 
evaluate themselves, and then aggregating those evaluations, appears to be the most direct way to 
assess societal wellbeing.  

The dominant contemporary methodology of measuring wellbeing, like those present in the OECD 
and UNECE guidelines, centres on self-evaluations which implicitly value personal perception of self 
as being at the core of wellbeing assessment. It has also been a driving force behind the view that 
asking individuals directly for their own view is one of the most direct methods of understanding 
wellbeing. 

3.2 Alternative views to the bounded individual as the central unit of 
collective wellbeing 
An alternative view to the bounded individual as a core unit for understanding wellbeing, sees the self 
as not an independent autonomous entity. Instead it sees them as formed through relationships with 
others, their community, society and environment. In this view, societal wellbeing cannot be fully 
understood by assessing individuals as if their experience were contained inside them and then 
aggregating the results. The relevant unit is not only the individual, but also the relations and 
conditions through which experience arises. This section surveys several views which challenge the 
dominant notion of the individual self as the fundamental conceptual unit, starting with the idea of 
interconnectedness and the individual-in-relation. 

Interconnectedness and individuals-in-relation: 

Lomas contrasts the individual as a container with the metaphor of the person as a ‘field’ (Lomas, 
2023a) – a field of relations that shouldn’t be perceived to have strict physical boundaries but instead 
“extends out into the world” (p. 1). In this sense, the individual is defined not only through 
self-perception, but through relationships with others and their environment. Relationships are viewed 
as a continuous part of the same whole, rather than an influence on an individual and their wellbeing. 

Consider the following analogy to explain the difference between the self as independent of others 
(dominant self-other framing) and one where they are defined by relationship with others (alternative 
individual-in-relation framing). Imagine a ‘self-other’ framing to be analogous to a pool table of balls. 
Each individual is a ball. The balls can influence each other by knocking into each other, changing 
their state (analogous to wellbeing). The state of the collection of balls can be understood by 
inspecting each ball individually. Alternatively, in a more relational wellbeing framing, the group 
could be considered more like a spider's web. Individuals are the joins in the web. There is no clear 
point where each individual starts and ends, and they are defined by their connections to other joins. 
Each is inextricably connected and influencing each other. It would be impossible to understand the 
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wellbeing of the web by looking only at the joins. Instead you would have to look at the connections 
to understand the wellbeing of the web as a whole. 

This ‘individual-in-relation’ framing could be seen as more in line with the view of those in 
collectivist cultures, affirming the view that they are defined through their relational role. In a 
traditionally collectivist view, the sense of self may emerge through their relationship to others 
(Joshanloo & Weijers, 2024; Joshanloo, 2026) – as a child, a friend, or as a member of a community, 
profession, nation, or religion. Under the ‘individual-in-relation’ view it may not be constructive or 
accurate to consider oneself as purely self-determined, or needing to look inwards to be in touch with 
one’s true inner self. It might be incorrect to maintain independent individuality and strict boundaries 
with others. Instead the expression and determination of selfhood may emerge through relationships. 
Relationships and connections may not be just an influence on an individual, but a continuation of 
self.  

In views that consider the individual to emerge out of relationship with others, personal 
self-evaluation may be an insufficient method of fully understanding wellbeing. To understand an 
individual it may be necessary to look not just at the effect of relationships on an individual's 
wellbeing, but also at the wellbeing of the connections themselves.  

It should be noted that the dominant Western psychological viewpoint does not necessarily discount 
the importance of connections or relationships and, in fact, they are often described as of utmost 
importance (Diener and Seligman, 2002; Waldinger, 2015). But relationships and social connection 
are nevertheless usually considered valuable because they lead to individual wellbeing – rather than 
something of value in themselves. 

Extended mind, extended self: 

Clark and Chalmers’s extended mind theory is relevant here as it asks where the mind stops and the 
world begins, and argues that cognition is sometimes made up of neural, bodily and environmental 
processes, rather than being only “in the head” (Clark & Chalmers, 1998, p. 8). They argue against the 
idea that mental states and experiences are bounded internally within a subject who is acted upon by 
an external world. Instead, they suggest that at least some mental processes are partly constituted by 
the wider environment in which they occur. This parallels the challenge provided above, where Lomas 
asks where the person ends and begins, and argues for a recognition of the person as porous and 
interconnected. Both use the phrasing “extends into the world” – Lomas when discussing the person 
and Clark and Chalmers when discussing the mind (Lomas, 2023a, p. 1; Clark & Chalmers, 1998, p. 
12). 

Belk’s theory of the extended self provides a further parallel, arguing that the self is partly constituted 
through what people experience as “mine”. While Belk’s focus is at the level of identity rather than 
mind, it similarly challenges a strictly personal view of selfhood. He argues that the self is not defined 
only by a private core, but is partly constituted through relationships, possessions, and places (Belk, 
1988). There are also older views that corroborate this – see David Hume’s ‘Bundle Theory of Self’ 
(Hume, 1739/2000, Book 1, Part 4, Section 6). 

Applied to wellbeing assessment, the extended mind and extended self ideas further weaken the 
assumption that wellbeing is best understood by asking isolated individuals to self-evaluate and then 
aggregating those evaluations. If aspects of mind and self extend into relationships and environments, 
then wellbeing may also be partly located in those relations and connections. This does not mean 
self-evaluation is irrelevant, but it suggests that it may be incomplete when treated as the central basis 
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for assessing collective wellbeing. It is not that the relationships or environment are a feature of 
individuals or influence them, it's that they constitute them – they are them. 

A Buddhist phenomenological perspective of non-self and dependent origination: 

To add to this, we will briefly discuss two Buddhist ontological principles which take the idea of an 
individual-in-relation a step further. 

In Buddhism, one of the three ‘marks of existence’ is Anattā (non-self) (Encyclopaedia Britannica, 
n.d.). It posits that there is no independent or self-sufficient essence. While Buddhist sources still use 
the linguistic functions of “I” and “you”, indicating some normative existence of a person as a useful 
linguistic unit, Anattā criticises the idea of the self as an independent or permanent entity. A second 
related Buddhist principle, on the ‘fundamental nature of reality’, Pratītyasamutpāda (dependent 
origination), more broadly states that all phenomena arise in dependence upon other phenomena; 
nothing exists in isolation, and nothing has an independent essence (Mejor, 1998). Under this view the 
self, along with all other phenomena, are inextricably linked with other selves, and therefore can not 
accurately be viewed independently of them.  

These Buddhist ideas therefore support the earlier challenges offered by Lomas’s field metaphor, 
Clark and Chalmers’s extended mind, and Belk’s extended self. Each questions the strict boundary 
between person, others and world. Buddhist non-self and dependent origination go further by 
questioning whether the self has any independent essence apart from the relations and conditions that 
constitute it. Applied to wellbeing assessment, this challenges the assumptions that wellbeing is 
primarily located inside separate individuals and best understood by aggregating their 
self-evaluations. A Buddhist view may still allow a conventional person to report how they feel, how 
satisfied they are, or how they understand their life at a given moment. But they may miss the primacy 
of relational elements of wellbeing. 

Aside from these Buddhist principles calling into question the centrality of a bounded self, they also 
question the validity of the self being stable and continuous over time. Huang (2022) suggests the 
person is understood as a composite of interdependent processes (Khandas) which are continually 
undergoing change (Anicca). He suggests these processes can be considered “a stream of moments of 
consciousness” (p. 1). Under this view, wellbeing may be best viewed as the quality of this stream of 
consciousness undergoing continual change, and not assigned to a stable or continuous self. This 
further supports Kahneman's identification of the experiencing self undergoing constant change, and 
supports the rationale for experience sampling as a method of understanding wellbeing, rather than an 
assessment system based on infrequent, single-point-in-time assessments that may provide only a 
crude snapshot of wellbeing. This suggests that wellbeing assessments should be cautious treating any 
single self-evaluation as a complete representation of a person’s wellbeing across time. 

An indigenous Māori view: 

In Māori Philosophy: Indigenous views from Aotearoa (2020), Georgina Stewart describes a 
conception of self in the Māori worldview that is interwoven with land, environment as well as 
ancestors. Rākete (2017) provides a vivid articulation of this view in which she presents humans as an 
emergent expression of a wider ecological whole, with no discrete line between where humans end 
and nature begins. Through food, the molecules of the body are constantly exchanged with plants, 
animals, fungi, and minerals. Every part of a person was once the environment, and every part will 
return to it. The body is mostly water, which is drawn from rainfall, rivers, lakes, and aquifers, and 
will eventually return there.  Every breath exchanges air with trees, wind, and the ocean. At any 
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moment there is no clear boundary where a person's body or breath ends and the world’s earth, wind 
or water begins. Therefore, the individual is considered materially indistinguishable from the 
atmosphere, the soil, the hydrosphere and the cosmos. Furthermore, this can be seen more widely in 
the Māori world, through a widespread saying and through national legislation. The saying “I am the 
river and the river is me”, or to grant legal ‘personhood’ to a river (e.g. Te Awa Tupua (Whanganui 
River Claims Settlement) Act, 2017), are different ways of drawing equivalence between people and 
environment. In such thinking, it could be considered incoherent or at least incomplete to give an 
assessment of individual wellbeing separate from the environment and other living beings. 

A Māori view of self is also deeply contingent on whakapapa, which is roughly equivalent to 
genealogy. The self is described as having a living and present relationship with ancestors, land, and 
other beings (Stewart, 2020). The ancestral earth is therefore not merely where people came from 
historically, but it remains part of who people are now. Māori self-introductions usually consist of 
naming rivers, mountains, iwi (wider tribe),  hapū (community), whānau (family), and whakapapa, 
which further represents their role in the definition of self. 

Progressing yet unresolved assessment implications:  

To summarise, it is clear that the idea of the self being independent, stable, and separate from others is 
not a universally held view. Conceptions of the self are subject to significant cross-cultural variation, 
with some cultures preferring to define it through their connections, relationships, environment, or 
ancestors, rather than through self-definition. This variation brings into question the central focus on 
self-report measures of wellbeing. It may be beneficial to consider giving more weight to relationally- 
or environmentally-oriented views of wellbeing measures of wellbeing as primary measures of 
societal wellbeing. 

Some contemporary research has begun to move partly in this direction. The Global Flourishing Study 
(GFS), for example, includes two of its eight domains as ‘close social relationships’ and ‘community 
and social connectedness’ (VanderWeele et al., 2025). In fact, many social surveys often already 
include measures of society-level connection, and these are becoming more prevalent in international 
surveys. In a New Zealand context, The Social Cohesion in New Zealand study similarly directs 
attention beyond the individual self, measuring people's relationships to others, groups, institutions, 
and society through dimensions such as belonging, participation, social inclusion, and trust (Eaqub & 
Collins, 2025).  

These begin to show a practical movement beyond life satisfaction, affect, or clinical mental health 
measures by asking about relations, connections, community, and society through which wellbeing is 
formed. But it's important to note that self-report measures of relations are often important insofar as 
they contribute to individual wellbeing. Individual wellbeing is then aggregated to understand societal 
wellbeing. In other words, the connections are subordinate to the individual. The question of how to 
best capture societal wellbeing through a relational lens remains an open question, although 
considering relationships as fundamental to societal assessment frameworks could be a way of 
accommodating less individualistic ontologies. This points to a broader argument present in the thesis 
about the need to include non-individualistic, cross-cultural ideas in the foundational discussion of 
wellbeing assessment. 

3.3 Cross-culturalism as a principle in global wellbeing assessment 
If wellbeing assessment frameworks are intended for use across global and culturally diverse settings, 
then their legitimacy depends in part on whether they incorporate cross-cultural concepts. This does 
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not mean that cultural or philosophical tradition should be incorporated uncritically, or that Western 
scientific methods should be rejected because they are Western. But it should make us be particularly 
open to reorientation based on fundamentally different epistemologies about wellbeing. If global 
wellbeing frameworks remain built primarily from Western psychological, philosophical, and policy 
traditions, without serious engagement with alternative views of self, experience, and morality, they 
are unlikely to have widespread support and use in global settings. Either that, or they risk imposing a 
form of wellbeing imperialism where Western academics are defining the terms on which we assess 
the societal wellbeing of countries around the world. It is therefore not merely an optional gesture of 
diversity, but seems to be necessary for the application of these frameworks in international spaces. 
Buddhist ideas of non-self and dependent origination, while not fully developed foundations for 
wellbeing assessment systems (i.e. questions remain about how this impacts actual assessment 
frameworks), are useful because they expose assumptions within the dominant model and help widen 
the conceptual basis from which global wellbeing assessment might proceed. Put simply, foundational 
concepts underpinning global wellbeing assessment frameworks should adhere to a principle of 
cross-cultural universality. While such frameworks do not need to represent a complete or universally 
agreed model of wellbeing, they should be grounded in concepts that are meaningful across the 
cultural contexts in which they are applied, and should mitigate any apparent cultural bias.  

At this point it is briefly worth noting the inadequacy or oversimplification of broad cultural 
generalisations. When distinctions are made in this thesis between “the West” and “the East” or 
“indigenous”, it should be remembered that there is significant geographic and cultural diversity 
within these categories. For example, empirical evidence from the Gallup World Poll showed the 
characterisation of the East as collectivist and the West as individualistic is an oversimplification 
(Lomas et al., 2023b). On average, Eastern participants scored higher than Western participants in 
self-care when asked “Do you think people should focus more on taking care of themselves or on 
taking care of others?” (p. 1). Nevertheless, it remains a useful enough distinction due to the 
historically divergent cultural histories (Lomas, 2025), to use in the context of this thesis if the 
internal diversity and complexity of such terms is kept in mind. It is also possible that in an 
increasingly globalised world, with a greater degree of mixing and cross-pollination through the 
internet, social media, education and politics, cultures are becoming less segregated by geography or 
history. 

Indigenous and “bottom-up” methods of assessing wellbeing, that involves engaging local 
communities in the design of the assessment of wellbeing are also discussed by Krys et al. (2025) as 
being important going forward. This is beginning to be recognised in international frameworks, with 
the inclusion of a greater degree of indigenous and cross-cultural perspectives being one of the major 
reasons the OECD updated their Guidelines on Measuring Subjective Well-being in 2025 (OECD, 
2025). Smith et al. (2025) were commissioned by the OECD to review and put forward views from 
minority and indigenous communities and non-OECD countries.  

3.4 Beyond humans 
In section 3.2, this thesis challenged the consideration of the bounded individual person being the 
appropriate unit of collective wellbeing assessments, and explored the role relationships and 
connections might have in understanding overall wellbeing. This section will continue exploring the 
appropriate unit of wellbeing assessment by asking the questions: What is capable of experiencing 
wellbeing? Is it limited to humans? Is it limited to animals? Is the environment a contributor to 
wellbeing or capable of experiencing wellbeing in itself? This will help us better understand whose 
wellbeing matters morally to conceptually guide future wellbeing assessment frameworks. 
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Conscious experience beyond humans: 

Before continuing, it is useful to clarify what this thesis means by conscious experience. Conscious 
experience, or simply experience, here means any experiential or qualitative dimension at all: that 
there is something it is like (Nagel, 1974).  

Colour is a simple and familiar example. The physical properties of the colour red can be described in 
terms of wavelengths of light. So can the biology of how those wavelengths enter the eye, are 
processed by specialised cells in the retina, travel through the optic nerve, and are interpreted by 
regions of the brain. But even a complete physical description does not capture the felt “redness” of 
red. The redness is not merely the wavelength or the neural pathway, it is the qualitative experience of 
red 5. This is part of conscious experience. Likewise the multitude of sensations, feelings, perceptions, 
mental formations, and other qualitative experiences contribute to our overall conscious experience.  

Many people readily accept that dogs have experiences because they display emotions that resemble 
our own, such as joy, sadness, jealousy, or guilt. However, experience need not resemble human 
experience to exist. Nagel (1974) uses the example of a bat to illustrate this point. A bat's experience 
of the world is shaped in part by echolocation, a mode of perception fundamentally different from our 
own. Although we cannot know what echolocation feels like from a bat's perspective, its unfamiliarity 
does not make it any less experiential. Experience does not require human-like emotions, identity, or a 
sense of self. These may be features of human experience, while echolocation and other bat-specific 
experiences may be features of a bat's. The key point Nagel makes is that conscious experience can 
plausibly take forms very different from our own. According to the same logic, even simpler or more 
‘distant’ forms of life may be capable of experience. Nagel states “conscious experience is a 
widespread phenomenon. It occurs at many levels of animal life….” (p. 1). If we believe a dog 
experiences guilt, and a bat may have some experience associated with echolocation, it may even be 
possible to comprehend that insects may have some form of experience.  

According to the definition in this thesis, where there is conscious experience, there is wellbeing. The 
wellbeing of an individual insect may not be particularly morally consequential, but if we consider the 
scale of simpler forms of life like this they may be worth considering as a collective.    

All sentient beings: 

A contemporary utilitarian perspective from the philosopher Peter Singer, in Animal Liberation 
(1975), argues that we should have moral concern for the suffering of animals because they are 
capable of having good and bad conscious experiences. For Singer, if an animal can have experience 
(like pain, suffering, pleasure, comfort), even if it can’t express it through speech or language like 
people can, then it should still be part of our sphere of concern. Its intelligence does not matter, but 
rather that it is capable of conscious experience. While Singer’s view does not draw an equivalence 
between the experience of animals and people, it does advocate for a recognition of non-human 
animals as capable of experiencing wellbeing. 

In animal welfare science, sentience is often used as the term which denotes an animal's capacity for 
conscious experience (Mellor, 2019; New Zealand Veterinary Association, 2018) 6. Recognition of an 

6 more specifically: “consciously perceiving, feeling, and subjectively experiencing negative and positive states” 
(Mellor, 2019), or “sentience is the ability to feel, perceive or experience subjectively” (New Zealand Veterinary 
Association, 2018). 

5 Frank Jackson (1982) famously discussed a similar thought experiment about a scientist who knows about 
colour but has never experienced it first hand.  
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animal's capacity for sentience is not confined to Singer’s philosophical argument, it is increasingly 
reflected in law and public opinion. New Zealand’s Animal Welfare Amendment Act (No 2) (2015) 
amended the purpose of the Animal Welfare Act 1999, which forms part of the country's animal 
welfare legislation, “to recognise that animals are sentient” (para. 4) and to require people responsible 
for animals to attend to their welfare. The UK Animal Welfare (Sentience) Act 2022 similarly 
recognises animals as sentient beings and establishes an Animal Sentience Committee to assess 
whether government policy has considered animal welfare impacts. Blattner (2019) argues that many 
legal systems protect animals specifically because, and to the extent that, they are sentient, making 
sentience a central legal basis for animal protection rather than merely a philosophical idea (Animal 
Welfare Amendment Act (No 2) 2015; Animal Welfare (Sentience) Act 2022; Blattner, 2019). 

There is also evidence that public belief in animal sentience extends beyond Western countries. Mata 
et al. (2022) surveyed Brazil, Russia, India, China, and the United States and found that, in every 
country surveyed, more respondents agreed than disagreed that farm animals are sentient. This matters 
because the study included major non-Western countries and found cross-national variation, but not a 
simple Western-only recognition of animal sentience.  

Animal welfare science also supports this connection between sentience and wellbeing. The Five 
Domains model, a leading model of assessing animal welfare (SPCA, n.d.), uses measures from the 
four domains of nutrition, environment, health, and behaviour as important only insofar as they give 
rise to the animal’s subjective mental state (Mellor et al., 2020; Littlewood, 2023). Littlewood et al. 
(2023), in summarising the 2020 Five Domains model states that the model “focuses on subjective 
mental experiences that matter to the animal” (Section 2). In this sense, animal welfare science is 
directly concerned with animal wellbeing as experienced by the animal. Freire and Nicol’s 
bibliometric analysis (2019) found that animal welfare science grew at 13.3% annually over 50 years, 
showing that this is an expanding research field. The Effective Altruism movement’s recognition of 
non-human animals’ capacity for sentience and wellbeing provides a contemporary example of animal 
wellbeing being taken seriously at scale, with tens of millions of dollars being allocated towards 
animal welfare causes (EA Grants Database, n.d.).  The Wild Animal Initiative (WAI) is a small 
academic community which uses a similar logic to justify understanding and improving the welfare of 
wild animals at scale (The Wild Animal Initiative, n.d.). 

The contemporary international growth of the recognition of non-human animal sentience and concern 
for their wellbeing together with Singer's version of an inclusive wellbeing-based moral philosophy, is 
a perspective that cause us to question an assumption present in modern wellbeing assessment systems 
used in policy that we should only measure human wellbeing. It is worth considering the validity of a 
broader and more inclusive view in wellbeing assessment frameworks that considers all those capable 
of sentience and conscious experience, even if less of a priority than human wellbeing. 

3.5 Expansive consciousness and expansive wellbeing 
Once wellbeing is defined as the quality of conscious experience, and once conscious experience is 
detached from human language, self-report, and a human-like sense of self, the relevant question 
becomes not only who reports wellbeing, but where, if anywhere, the capacity for conscious 
experience ends. This section considers the more speculative possibility that conscious experience 
may be more widespread than dominant human-centred or brain-centred models usually allow. The 
argument is not that plants, ecosystems, rivers, mountains, or the universe are conscious in the same 
way humans or animals are conscious. Nor is it that they have interests equivalent to human or animal 
interests. The more limited claim is that, if wellbeing is grounded in conscious experience, then 
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wellbeing theory should avoid assuming too quickly that only individual human persons can be 
subjects of wellbeing. 

It is a mainstream scientific view to treat conscious experience as arising from a physical basis, 
especially processes of the brain and nervous systems (Chalmers, 1995, p. 10; Goff, 2026). This view 
has considerable plausibility when we look at our own conscious experience as the starting point. Our 
nervous systems are clearly connected to our experiences of emotion, perception, and thought. 
Therefore, the logic goes that other animals with brains and nervous systems, like dogs and bats and 
possibly insects, likely also have some form of conscious experience, with this becoming increasingly 
uncertain as organisms become less similar to us. This traditional picture does not need to be rejected 
entirely. It is reasonable to think brains and nervous systems enable complex conscious experiences. 
However, it may be too restrictive to consider only organisms with brains and nervous systems as 
capable of any experience at all. We may consider the possibility that conscious experience is not only 
made up of rich and complex experiences like a sense of self, but made from simpler forms of 
experience that culminate in these richer experiences. If this is the case it's possible the building 
blocks of conscious experience may be much more widespread beyond people, animals, into other 
forms of life or beyond. 

In a later essay on "Panpsychism" (1979), Nagel extended his point from 1974 that “conscious 
experience… occurs at many levels of animal life…” (p. 1), to state that there was no convincing 
reason conscious experience emerged at a certain level of complexity. That is to say he believes it 
makes no sense that conscious experience emerges out of non-conscious matter at the biological 
complexity of animals, and therefore conscious experience may be widespread in the universe. This 
view is becoming a more common view in philosophy (Goff, 2026). It takes many different forms but 
a number agree with Nagel that some extremely basic building block of what gives rise to our 
complex conscious experience (sometimes called “proto-consciousness” (Chalmers, 2016)) exists in 
the fundamental building blocks of the universe (Goff, 2017; Chalmers, 1995; Harris, 2019; Faggin, 
via Busstra, 2025). This is a speculative view, but if true, would have wide-reaching implications for 
what is capable of wellbeing, potentially extending widely to all things. Lomas (2022a), also discusses 
the possibility of panpsychism and its implication for wellbeing science in his paper entitled: Stranger 
than we can imagine: the possibility and potential significance of non-human forms of consciousness 
and wellbeing. Lomas cites Nagel himself describing the notion of panpsychism as “the faintly 
sickening odor of something put together in the metaphysical laboratory”, but nevertheless considered 
it a possibility (Lomas, 2022a, p. 18). 

The implications for wellbeing assessment are far from certain but it does make discussions of 
environmental wellbeing or the wellbeing of non-animal entities for their own sake not immediately 
worth dismissing. Future global wellbeing assessment should at least remain open to the possibility 
that wellbeing extends beyond individual human persons, and perhaps beyond animals. 

It should be noted that these views don’t claim that rivers, houses, or trees have conscious experience 
like a person. Rather that they are made up of the same fundamental proto-consciousness. They may 
be part of a broader universal experience that exists in some form in all things. The specific 
arrangement of proto-consciousness in biological systems, brains, and nervous systems still gives rise 
to our specific kind of conscious experience, but may not be the only kind.  
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Seeds of environment being recognised as having intrinsic value in international frameworks:  

In parallel to the discussion of the plausibility of panpsychism in philosophical discussions of 
wellbeing, there is also a growing environmentalist movement influencing wellbeing assessment. 
Several leading global frameworks appear to reflect this shift by increasingly recognising the intrinsic 
value of the environment. The United Nations Economic Commission for Europe’s (2025) guidelines 
for wellbeing measurement explicitly question the human-centricity of existing models, asking 
whether “a wider canvas, including, for example, nature and the environment” (p. 72)  should be 
considered. While environmental domains are already present in many wellbeing frameworks, most 
existing measures that focus on the environment are generally justified in terms of their instrumental 
benefit to humans. This question in the UNECE guidelines, even if unanswered, may signal a deeper 
conceptual shift from viewing the environment as an instrumental contributor to human wellbeing to 
recognising it as intrinsically capable of it in its own right. The guidelines also acknowledge that 
different societies, and groups within them, may perceive the answer to this question in different 
ways.  

This does not create a definitive answer to how future wellbeing assessment systems will change in 
practice, but it does turn our attention towards considering more holistic systems of measurement that 
include environmental wellbeing for its own sake. Additionally, it may be possible that this belief 
system progresses the discussion to a more cross-culturally acceptable space that is not focussed on 
Western individualism as the foundation of wellbeing assessment.  

3.6 A brief note on theistic viewpoints  
This thesis has explored a new metaphysical framing that challenges the humanistic and 
individualistic foundations of wellbeing. It has looked at how the main models of wellbeing often 
consider ‘the self’ to be the primary determinant of one's own wellbeing. It has explored several 
worldviews that consider an adjustment of this view to consider oneself as deeply interconnected and 
defined by others and the environment. These could be considered views where societal wellbeing is 
defined in terms that transcend the self.  

There are also theistic views which consider wellbeing to be something that is not self-defined, but 
based on the judgement of God. This is not a marginal concern in the context of a system interested in 
global wellbeing assessment. Pew Research Center’s 2025 analysis found that, across 35 surveyed 
countries, a median of 83% of adults said they believe in God, with belief especially high in 
sub-Saharan Africa, Latin America, South Asia, Southeast Asia and Turkey. By contrast, it is lower in 
China and other parts of East Asia, Europe, Australia and New Zealand. This matters for global 
wellbeing assessment because many of the academic and policy institutions shaping these frameworks 
are located in comparatively secular, WEIRD (Western, Educated, Industrialised, Rich, Democratic) 
contexts. If wellbeing frameworks are to claim legitimacy in global settings, they should at least make 
conceptual space for theistic views in which wellbeing is understood partly through alignment with 
God, ultimate reality, or transcendent purpose. 

One paper by Joshanloo (2017) discusses a perspective on the Islamic view of wellbeing. He states 
that to a Muslim, wellbeing is an alignment of one's life with the higher power of God. To Muslims, 
“wellbeing is living a life in which all one’s actions and intentions are organized around the principle 
of Allah’s [God’s] absolute sovereignty” (p. 13). While subjective states such as tranquility, 
contentedness, and balance are seen as an indication of alignment of life with Allah, they are rejected 
as pursuits in themselves. “Well-being is not defined on the basis of certain subjective feelings and 
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experiences, such as the intensity and frequency of certain experienced emotions and sensations” (p. 
13). This represents a view where pursuing positive personal (or collective) subjective states is not the 
main ideal worth pursuing. 

This is just one example of an aspect of a theistic view of wellbeing. Theistic views are 
underrepresented in international wellbeing measurement frameworks and may be worth paying more 
attention to going forward. The GFS is relevant here because it explicitly includes 15 out of 71 
questions relating to religious or spiritual life, connection to God, nature, and spirituality 
(VanderWeele et al., 2025). This shows that contemporary wellbeing measurement is beginning to 
make space for dimensions that secular psychological models often underemphasised. 

3.7 Summary 

Section 3 has challenged the assumption that wellbeing should be understood primarily through 
bounded, individual human selves. It has argued that selfhood, experience, and wellbeing may be 
constituted through relationships, communities, environments, non-human animals, and questioned 
the possibility of wellbeing being more widespread. Several cultural and ontological assumptions built 
into dominant wellbeing frameworks were discussed, as was the possibility of widening the scope of 
what wellbeing assessments should be trying to capture.  
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4. Quantitative wellbeing measurement and 
maximisation 
Beyond the conceptual discussion about what is capable of wellbeing, and what is the appropriate unit 
for assessment, another feature of these methods of assessing wellbeing in global frameworks remains 
contestable. Many of the dimensions discussed above are evaluated through ascending quantitative 
linear scales, often from 0–10, where the highest number is treated as best and the lowest number is 
worst. These systems are often implicitly or explicitly set up so that the aim is to maximise. Yet it 
seems this may not be a universal way of framing assessments.  

Krys et al. (2025) evaluated two large-scale, cross-cultural studies and concluded that in many cultural 
contexts, moderate levels of life satisfaction are preferred to maximisation. They say maximisation is 
preferred in predominantly WEIRD societies and are likely not appropriate in global settings. In Krys 
et al.’s 66-country analysis, Germany and Iceland showed strong maximising ideals: 86% and 84% of 
participants respectively said ideal happiness was at least “very happy”. By contrast, in Bhutan, 81.5% 
placed ideal happiness below “very happy”, and 70% or more did so in Ghana, Nigeria, Pakistan, and 
Japan. This directly supports the claim that maximisation is not universally preferred. 

Miyamoto et al. (2010) gives a possible explanation for why this is the case in Japan stating that high 
levels of personal happiness can be seen as disruptive to collective harmony. In a separate study on the 
phenomenon of ‘aversion to happiness’ Joshanloo & Weijers (2014) argue that some cultures are more 
likely to view excessive displays of happiness as a signal that someone is naive, superficial, or 
ignorant of the true nature of things. They point out the sentiment among some artists and creatives 
that consider suffering as a necessary element of their best creations and that overvaluing positive 
feelings or emotions could impede this process. For example, when Edvard Munch, the famously 
depressive painter of The Scream, was asked why he did not do something about his emotional 
ailments he said: “They are part of me and my art. They are indistinguishable from me, and it would 
destroy my art. I want to keep those sufferings” (Joshanloo & Weijers, 2014, p. 9). Although it should 
be noted that these viewpoints generally apply to happiness, positive emotion, or hedonic wellbeing in 
a more narrow sense. If we consider wellbeing to be the overall quality of experience, then there may 
be a greater degree of openness to high wellbeing. 

4.1 Wu wei and pursuing maximum wellbeing 
In contrast to a wellbeing-maximisation worldview, concepts within Daoism such as wu wei (無 為) 
emphasise being in harmony with the natural course of things (Littlejohn, 2016). According to the 
Encyclopedia Britannica entry, wu wei connects with flourishing in that “all things in the 
universe—including all human beings—have their own natural course, which, if unimpeded, leads to 
flourishing” (Stefon, 2013, para. 2). Wu wei can be translated as ‘non-action’, although Chan (2025) 
says the principle of wu wei is not about doing specific things or not doing specific things; rather it 
encourages harmonious alignment with the natural cosmic order and being free from the ordinary 
disquieting or unease coming from desire. 

This provides a different critique of wellbeing maximisation from the empirical critique above. Even 
if wellbeing is defined broadly as the overall quality of experience, rather than narrowly as happiness 
or positive affect, wu wei suggests that directly pursuing maximum wellbeing may itself become 
counterproductive. Excessive striving, optimisation, or intervention with neglect for the wider course 
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of the cosmos may disturb the very conditions through which wellbeing arises. In this respect, wu wei 
shares an affinity with Buddhist concerns about craving as a source of suffering, and with the Western 
“paradox of happiness”, where happiness may become less attainable when pursued directly as an 
explicit goal (Crisp, 2026; Goodman, 2022). These may share the perspective that it is not that high 
wellbeing is undesirable, but that relentlessly pursuing maximum wellbeing may not be an effective or 
coherent route to achieving it. 

A wu wei perspective does not imply that governments should be indifferent to wellbeing, nor that 
policy should be inactive. The Daodejing itself discusses wu wei in political terms, where the ideal 
leader promotes a “flourishing rather than a stagnant kingdom” (Stefon, 2013, para. 4). The 
implication for wellbeing assessment is that governments should be cautious about treating simplified 
wellbeing metrics as targets to be maximised and should pay greater attention to the wider natural 
course of things. 

4.2 Yin yang and positivity maxing 

Wu wei challenges the direct pursuit of wellbeing, and yin yang raises an issue about the nature of 
wellbeing itself. Yin yang is about a natural balance between positive and negative. It expresses a 
worldview in which contrasting forces such as positive and negative, light and dark, activity and rest, 
or expansion and contraction are mutually dependent aspects of reality, with harmony arising through 
their continual interaction rather than the dominance of one over the other (Wang, n.d.; Hon, 2019). 
Wang describes yin yang as involving “interaction” between waxing and waning aspects of reality, 
and “a process of harmonization, ensuring a constant, dynamic balance of all things” (Wang, n.d., 
para. 1). Waxing, in this context, can be seen as the aspects of reality which are naturally coming into 
existence, and waning can be seen as the aspects of reality which are naturally coming to an end. 

Applied cautiously to wellbeing assessment, this suggests that wellbeing may not be best understood 
as the maximisation of positive states and the elimination of negative ones, even when considered 
broadly and over the long term. It might involve an acceptance of both positive and negative, waxing 
and waning. This does not mean that suffering, depression, or pain are good, or that they should be 
preserved. Rather, it challenges a more basic positivity assumption: that wellbeing is equivalent to 
increasing the positive side of experience and reducing the negative side as far as possible. From a yin 
yang perspective, negative aspects of experience may not simply be defects to be removed, or just 
indicators of what needs addressing in order to reach positivity. They may be seen as integral parts of 
the conditions through which balance, harmony, and therefore flourishing become possible. 

4.3 Alternative measurement ideas and qualitative assessment: 

Maximising balance: 

A response is to include balance and harmony measures directly. This has happened alongside a 
broader pluralisation of wellbeing measurement, in which frameworks increasingly place life 
satisfaction and positive affect alongside other dimensions rather than treating them as exhaustive 
measures of a good life. The Gallup/Global Wellbeing Initiative module and the OECD’s 
experimental question banks show how this is already beginning to occur, with several example 
questions including asking about participants' levels of balance and harmony (Lomas et al., 2022; 
OECD, 2025). However, if balance is measured on an ascending scale, it may simply become another 
thing to maximise. Including balance and harmony is still a useful improvement over measuring only 
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happiness or life satisfaction, but it does not fully resolve the deeper conceptual issue. A framework 
can include balance and harmony while still interpreting them through the same maximising logic that 
is challenged through a different foundational worldview. The way of measuring and maximising 
these elements on these scales — e.g. person or group with “more balance” is better —  may be 
paradoxical to the core of the philosophy. 

Ideal levels: 

Another possible response is to measure ideal levels as well as actual levels. Ideal-level questions 
could be incorporated into dashboard approaches, allowing indicators to show actual and preferred 
levels without implying that the highest possible score is always best. Krys et al. (2025) argue that 
while asking only about actual life satisfaction or happiness can imply that the highest possible score 
is ideal, asking respondents where they would ideally want to be on the scale allows for the possibility 
that moderate levels are preferred. This is useful because it avoids treating anything less than the 
maximum as automatically deficient.  

Dashboards over rankings: 

Another response is to reduce emphasis on single-score ranking of people or countries. Rankings such 
as “the happiest country in the world” are communicatively powerful, but they can reinforce the idea 
that wellbeing can be accurately measured with a single score. This is especially problematic if the 
underlying measure reinforces a kind of dominance or authority in wellbeing that privileges culturally 
biased measures. Dashboard approaches offer a way of resisting this collapse into a single score. As 
Weijers and Mukherjee (2016) argue in the New Zealand policy context, dashboards can inform 
policy while keeping dimensions visible side by side, rather than reducing metrics to a single index. 
This is especially useful where improvement in one dimension may come at the expense of another, or 
where societies reasonably disagree about which dimensions should be prioritised.  

However, even dashboards and ideal-level questions remain imperfect. Some dimensions of wellbeing 
may be cyclical, or context-dependent, and therefore not reducible to a fixed optimum on a scale. And 
it still may not sufficiently accommodate for views that don’t see wellbeing elements as something 
which can be quantitatively measured at all. 

Qualitative assessment: 

Qualitative methods, such as conversation-based assessment techniques that capture the nuance and 
complexity of an individual's situation, may be genuinely promising ways of understanding wellbeing 
without reducing it to an oversimplified ranking or number. They can represent wellbeing as a 
changing pattern of meanings, relations, and values rather than only as a set of target levels. 
One-on-one qualitative evaluations by trained professionals is a common method for doing so but this 
is cost prohibitive for most wellbeing assessment contexts. At the moment, simple linear scalar 
methods have been ways of ensuring comparability while maintaining cost effectiveness. Part 2 will 
speculate on ways future systems may include qualitative data sources or methods to capture greater 
nuance and depth. It may be explored as a way of capturing wellbeing beyond linear maximising 
scales, accommodating a greater range of cross-cultural views than prescriptive survey questions, and 
better understanding relationality..  
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Part 2: Technology and future wellbeing 
assessment systems 
With the growing global institutional interest in wellbeing, there is not only a shift in the conception 
of measurement underway, but as society becomes more digital, there is also a drastic technological 
shift affecting how we assess wellbeing.  

Part 1 argued that wellbeing assessment is contingent on the answers to conceptual questions about 
what wellbeing is, who or what can have it, and how individuals relate to communities, environments, 
and wider systems. Existing frameworks that measure wellbeing have made significant progress 
beyond narrow economic measures, such as GDP, but many still rely heavily on self-evaluation, life 
satisfaction, affect, and mental health. These measures are practically useful, but they do not exhaust 
the meaning of wellbeing to everyone. If wellbeing is conceptualised too narrowly, then even 
technologically sophisticated measurement systems may reproduce a limited account of what it means 
for a society to be doing well. 

Part 2 will explore several examples of the ways technology is being used to understand mental 
health, emotions, and other aspects of wellbeing. They examine text-based wellbeing inference, the 
use of LLMs to analyse large bodies of language, and touch on some non-text-based methods using 
video and audio analysis, wearable and sensors, and the possibility of multimodal wellbeing inference 
systems. It will discuss technological methods, as a response to the shortcomings of survey-based 
methods, and will speculate on how this may evolve in the future as part of systems of societal 
wellbeing assessment at scale. In section 6 it moves on to discuss the drawbacks of such systems and 
the risks associated with its use such as bias, privacy, and institutional misuse. Section 7 looks at the 
challenge of aligning AI systems with wellbeing, and how the problem of overly narrow conceptions 
of wellbeing magnifies under conditions of rapid technological development.  

5. Technological breakthroughs 
Many lives are undergoing a shift towards greater use of digital technologies, with a surge in global 
use of smartphones, social media, and the internet. As a result, large amounts of new data are being 
created. Recent advances in algorithmic analysis of this data and widespread availability (Maslej et 
al., 2025) has resulted in an explosion of academic papers using these technologies in the last several 
years. This section will look at a select number of techniques that use these technologies to understand 
wellbeing elements for both groups and individuals. Many are at early development stages, but 
represent movement towards detecting increasingly nuanced aspects of wellbeing.  

5.1 Algorithmic analysis of text inferring survey-based measures of 
wellbeing 
Social surveys remain the foundation of most group-level wellbeing assessment systems, but they face 
practical limits. Large surveys are expensive, slow to coordinate, often conducted annually or less 
frequently, and may have difficulty reaching remote regions or smaller sub-populations (Murtin & 
Salomon-Ermel, 2024; Lambert et al., 2020). These limitations are what have encouraged interest in 
digital data sources that can provide more frequent, lower-cost, ecological indicators of wellbeing. 
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Ecological refers to the ability to capture some wellbeing elements as they occur naturally, rather than 
only through retrospective self-report.  

One example is the use of Google search data to predict wellbeing survey results. The OECD’s work 
on ‘nowcasting’ utilises a public database of anonymised and aggregated search trends made available 
to researchers, journalists and the general public by Google (Murtin and Salomon-Ermel, 2024). They 
applied machine-learning methods to Google Trends, alongside other macroeconomic data, to 
estimate national average monthly subjective wellbeing levels. They found that adding real-time data 
from Google Search trends improved their models' predictive performance of average national 
Subjective Wellbeing scores. Their final model reached an out-of-sample prediction of R² of 0.830. 
This means that the addition of this search data substantially improved that model's ability to 
accurately predict wellbeing scores when tested on held-out data (scores the model was not trained 
on). Because the search data is geo-located and is available rapidly, this can be used to understand 
population wellbeing with high resolution and speed, which is particularly valuable in times of crisis 
like during the COVID-19 pandemic.  

There are a number of examples of researchers using public social media posts to estimate a variety of 
measures of group and societal wellbeing. Mangalik et al. (2024) use approximately one billion tweets 
from two million users to estimate the levels of depression and anxiety. Their model aimed to produce 
estimates of population mental health survey results of depression and anxiety, and was found to be 
moderately to strongly associated with available survey scores. Due to the tweets being geo-located, 
they were able to make estimations to the level of the county (provided there was sufficient data in 
that area). And because there were specific timestamps with each tweet, they could make estimates for 
each week, tracking changes over time. To achieve county-week level spatiotemporal resolution 
through survey measures is rare and expensive to do at scale, highlighting the advantage of digital 
methods. Müller and Bittermann (2025) also used social media posting to track the emotional climate 
and wellbeing of researchers using X (Twitter) posts. They also found their model tracked real world 
events, showing a drop in positively-toned posting following the start of the pandemic. 

One of the best examples of using social media to infer wellbeing is a review by Sametoğlu et al. 
(2024). They analysed 45 studies which looked at many of the common, standardised measures 
discussed in section 2 such as positive and negative affect, life satisfaction, life evaluation, 
eudaimonic wellbeing, and mental health. Overall, of the 18 studies with convergent validities, they 
found that social media models correlated with survey-reported wellbeing at r = 0.33 for 
individual-level assessments and r = 0.54 for regional measures. This means that the analysis of a 
region's aggregated posts were better at predicting regional wellbeing scores, than an individual’s 
posts were at predicting an individual’s wellbeing score. This further supports their potential as 
methods of understanding wellbeing, although notably with greater validity inferring collective 
wellbeing.  

Mayer et al. (2024) offers a clinical example, where clients’ emotions are identified in psychotherapy 
dialogue. They used a machine-learning model that was provided with a large number of dialogues 
where emotions had been labelled by humans. The model is then trained to predict the presence of 
emotions when provided with new, unlabelled transcripts. Their best model performed slightly worse 
than human annotators, but the authors noted that ambiguity and disagreement was significant 
between human annotators too. This shows the emerging potential of how language models can infer 
emotional expression in therapeutic text. 

33 



 

The advantage of these digital data methods is therefore that they can cost-effectively increase 
frequency, reduce turnaround time, and expand coverage of wellbeing assessments where digital data 
are available. Whether using search trends or social media language, these approaches are usually 
validated by their ability to reproduce existing survey measures. They can estimate wellbeing-related 
outcomes at scale, but they do not necessarily interpret the deeper contextual meaning of a person’s 
language, narrative, relationships, beliefs, desires or values. This limitation sets up the relevance of 
Large Language Models: they may offer a further step from detecting patterns associated with 
wellbeing scores toward analysing more complex, nuanced, and contextualised meanings in text. 

5.2 LLMs enabling contextualised, flexible wellbeing inference 
Large Language Models are relevant because they extend automated language analysis beyond many 
of the methods discussed above. Earlier approaches show that digital language and search behaviour 
can be useful proxies for survey-based wellbeing measures, but they are often constrained by the need 
to provide predefined constructs, labelled training data, and dictionary categories. LLMs do not 
remove the need for external validation, but they create the possibility of analysing open-ended 
language in a more contextualised way. 

Mangalik et al. (2024), used weighted dictionary-based models to estimate depression and anxiety 
from social media language, which is powerful in its ability to scale at low cost, offer high frequency 
data, and respond to real world events. But basic in its ability to understand genuine complexity and 
ambiguity in text data. Its assessment of anxiety or depression is simply based on the frequency of 
particular words associated with them, and has no ability to assess the full meaning of a sentence or 
passage in context. 

Machine learning models like those used take this further by using trained language models to identify 
emotions from psychotherapy dialogues (Mayer et al., 2024), but labelled examples need to be 
provided to train the model and its capability then remains specific to only that task. Likewise the 
OECD’s ‘nowcasting’ (Murtin & Salomon-Ermel, 2024) system trained models to identify SWB 
scores from search trends, but it also requires extensive training data and leads to capabilities specific 
to that particular task. LLMs extend this capability further and are starting to be used to pick up 
contextualised meaning across a passage without prior training on human labels. They may allow the 
identification of meaning both flexibly and in context across large volumes of text. 

First I will briefly describe how they do this, then give some examples of the ways this is being done. 
When analysing text for meaning, LLMs first divide text into tokens, which are words or parts of 
words represented as multidimensional numbers. Each token is not a static number, but it changes 
depending on the surrounding words and the wider passage. For example, “well” could be a hole in 
the ground with water in it, or a state of wellbeing depending on the surrounding text. Not only does 
this allow the capturing of different dictionary definitions of words, but since tokens are often 
hundreds or thousands of digits, it can represent even slight changes in meaning based on things said 
at a distant point in the text passage it's analysing. When these tokens are strung together, each 
containing information with its precise relationship to other words in the passage, it can be used to 
infer the overall meaning. Pre-training is the process whereby trillions of words are provided from a 
wide range of sources, which enables the model to flexibly represent the meaning of text when 
provided a previously unseen prompt or passage.  

Now to explore the examples which demonstrate the capabilities of LLMs: 
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“Zero-shot” wellbeing prediction:  

This has enabled the capabilities seen in Mesquiti et al. (2026), where LLMs, like GPT-4, are 
provided with unfamiliar writing and speech samples, and can identify participant psychological and 
subjective wellbeing. Participants were asked open-ended questions about their satisfaction with life 
and sense of autonomy, as might occur in a psychotherapy dialogue. In parallel, they completed 
standardised survey measures of psychological and subjective wellbeing. GPT-4 was able to predict 
survey measures of satisfaction with life at r = 0.75, and autonomy at r = 0.49. This indicates a 
moderate relationship between the LLMs predictions and the survey measure. The authors 
recommend future work which compares the assessments of trained professionals as a way of further 
assessing the validity of LLM wellbeing inference. Regardless, this demonstrates promise in LLM’s 
ability to correlate with self-reported survey responses. The use of LLMs is notable in comparison to 
earlier approaches in that there was no prior training for this task. The model was not provided in 
previous examples, nor was it fine tuned to predict wellbeing. In other words, it was making 
predictions through “zero-shot prompting”. With these models widely available at a comparatively 
low cost to previous methods, it may open up significant possibilities for the widespread future access 
to wellbeing inference from text. 

Flexible, nuanced theme inference:  

Other LLM-based wellbeing inference tasks did validate against human professionals. Singh et al. 
(2024) used RACER, an expert-guided LLM pipeline, to analyse 93 semi-structured interviews with 
healthcare professionals. LLMs were instructed to identify pre-defined wellbeing and mental-health 
themes, with human professionals independently completing the same task. Themes included things 
like the nature and severity of burnout, family responses during crises, whether they would be able to 
get help if mentally overwhelmed, and other nuanced and varied wellbeing related factors of interest 
to the researchers. They found that the LLM pipeline theme identification agreed with human 
evaluators 72% of the time, while human-human agreement was 77%. These examples suggest that 
LLMs, even using models from over two years ago, may have capabilities approaching inter-human 
agreement in some tasks. An interesting aspect of this task is that the LLM was predicting qualitative 
themes rather than quantitative scores. This demonstrates the utility of LLMs for inferring flexible, 
qualitative descriptions of wellbeing-relevant themes, in ways that approach human-to-human 
agreement. 

This has implications for the use of LLMs in inferring wellbeing themes discussed in Part 1. LLMs 
may be used to analyse text for the presence of a multitude of themes of interest to researchers such as 
relationship quality, or interconnectedness with the environment, others, community or God. It also 
may be able to analyse text for indicators of other diverse, cross-cultural themes like those associated 
with balance and harmony, without restricting it to a quantitative scalar score. It enables the construct 
of interest to be more numerous and change much more easily, without needing to retrain models on a 
new set of human labels.  

The CLPsych shared task (Tseriotou et al., 2025) is another example of LLM-based systems gathering 
more nuanced analysis of text – in this case, analysing Reddit posts of 40 users. The constructs of 
interest were “self-states” consisting of Affect, Behaviour, Cognition, and Desire. These self-states 
were also categorised as adaptive or maladaptive, and as directed either toward the self or others. It 
represents another example of LLMs, analysing complex states expressed in text. The authors found 
that pre-trained LLMs with zero-shot prompting often performed better than models trained on human 
labels, when inferring target wellbeing constructs.  
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A unique aspect of the CLPsych study was its analysis of passages over time. The posts of Reddit 
users were (anonymously) analysed with timestamps which allowed the tracking of patterns, trends, 
and changes of wellbeing self-states over time. This suggests that the analysis of social media or 
online platform text data could be used to understand cycles and changes in wellbeing over time. 

The LLM-based examples discussed show the ability of LLMs to identify nuanced, complex aspects 
of wellbeing with flexibility, but are done on a small scale. Although we are beginning to see the 
research labs of the companies producing these models identifying nuanced wellbeing constructs at 
scale. 

Chatbot conversation analysis at scale:  

Phang et al. (2025) analysed over three million ChatGPT conversations, across more than 4,000 users, 
for a number of elements under the umbrella term “emotional wellbeing”. Their concept of emotional 
wellbeing was interested specifically in the emotional wellbeing of the user in relation to the chatbot, 
looking at themes such as emotional dependence, loneliness, socialisation, and problematic ChatGPT 
use. They utilised GPT-4o to analyse each message, by prompting a range of questions such as “Is 
affectionate or appreciative language used towards the chatbot?” or “Is the user actively seeking 
emotional support or comfort from the AI assistant?”. They found, for example, that a small subset of 
heavy users accounted for a disproportionate share of affective cues. In a separate study, Chatterji et 
al. (2025) found that by July 2025 ChatGPT had more than 700 million weekly active users sending 
around 18 billion messages per week. Although only a small share of messages were classified as 
directly related to companionship or social-emotional issues – 1.9% for Relationships and Personal 
Reflection and 0.4% for Games and Role Play – even this small proportion represents a very large 
volume of wellbeing-relevant language. This evidence illustrates two key points. Firstly, chatbots are 
creating a new reservoir of wellbeing-relevant language data, at least for some users. Secondly, a 
unique possibility is emerging of the analysis of chatbot conversation histories for the identification of 
wellbeing elements. This remains an interesting new area with minimal validated academic work.   

Personal exploratory analysis: 

To demonstrate the use of LLMs in inferring wellbeing themes from chatbot conversation histories, a 
small-scale personal experiment has been conducted on my personal conversations. This is not a 
validated measure of wellbeing but is nonetheless useful to demonstrate some areas for further 
investigation that explore analysis of wellbeing from a large longitudinal general purpose text dataset. 
GPT-5.4-nano model was used to analyse ~2,620 conversations generated between 2023 and 2025 
from a data export from ChatGPT. Because the volume of text was larger than is possible for the 
analysis in the web platform (approximately 12 million tokens total), API calls were used. This 
progressively sent conversations to the OpenAI servers for analysis. Each conversation was assessed 
against 14 theme prompts, which looked at a range of wellbeing themes discussed in this thesis. The 
model was instructed to only analyse themes from within user messages, using chatbot replies only for 
context. The prompts were as follows: 
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Theme name Prompt Notes 

Hedonic 
wellbeing 

What indication, if any, does the conversation give of the user’s pleasure or 
pain, broadly speaking? Pleasure and pain should be considered broadly and 
may include bodily sensations as well as "higher" or "deeper" pleasures and 
pains associated with morality, creativity, or spirituality. See 2.1 

Eudaimonic 
wellbeing 

What indication, if any, does the conversation give of overall eudaimonic 
wellbeing? Eudaimonic wellbeing is a multifaceted nebulous concept that is 
defined through Aristotelian ideas of virtue, knowing thyself, functioning 
well, and a sense of purpose. It is assessed through indications of overall 
meaning, purpose, and psychological functioning. See 2.1 

Affect 

What indication, if any, does the conversation give of affect or emotion 
such as happiness, worry, calmness, sadness, anger, joy, tiredness, stress, or 
any other emotion? This must show a clearly stated affective state or 
emotion in the user. 

8 emotions 
from OECD 
(2025). See 
2.3 

Life satisfaction 
or evaluation 

What indication, if any, does the conversation give of overall life 
evaluation, or level of satisfaction or dissatisfaction with life? Or 
indications of the ideal life evaluation or ideal level of satisfaction or 
dissatisfaction with life? See 2.3 

Mental health 
What indication, if any, does the conversation give of the level of 
depression or anxiety, or any other mental disorder? See 2.4 

Interconnect-edn
ess 

What indication, if any, does the conversation give of the nature of their 
relationships or connections with others, groups, community, society, or 
environment? See 3.2 

Craving 
What indication, if any, does the conversation give of craving, striving, 
optimisation, especially of happiness or wellbeing itself? See 4.1 

Contentment 

What indication, if any, does the conversation give of desirelessness, 
contentedness, tranquility, ease, peace, or being in harmony with the natural 
course of things? See 4.1 

Balance 

What indication, if any, does the conversation give of balance or harmony 
between contrasting or opposing forces? These can be considered broadly 
as Yin and Yang, positive and negative, light and dark, activity and rest, or 
waxing and waning. Waxing, in this context, can be seen as the aspects of 
reality which are naturally coming into existence, and waning can be seen 
as the aspects of reality which are naturally coming to an end. See 4.2 

Life narrative 
What indication, if any, does the conversation give of the overall life 
narrative? See 4.3 

Behaviour 
What indication, if any, does the conversation give of adaptive or 
maladaptive behaviour towards self or others? See CLPsych 

task (2025). 
See 5.1 Desire 

What indication, if any, does the conversation give of core goals, objectives, 
and desires? 

Beliefs 
What indication, if any, does the conversation give of core values, ethics, 
morals, and beliefs? See 5.1 

Table 1: Themes and prompts provided for the LLM-assisted analysis of ChatGPT conversation 
history. The full prompt structure, output schema, and script logic are provided in Appendix 2. 
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The output of the model to each prompt for each conversation was output into a large spreadsheet. 
The result was a row for each conversation, including the conversation creation date, and two columns 
for each theme – one indicating whether the theme is ‘present’, ‘absent’, or ‘unsure’, and a second, if 
‘present’, indicating the model's response to the corresponding theme’s prompt. The spreadsheet could 
then be analysed with ChatGPT, Gemini and Claude to infer patterns in wellbeing themes over time.  

The models were prompted with a cleaned and processed version of the output spreadsheet (see 
Appendix 2), along with the following prompt:​
​
“The attached file contains a timeline of wellbeing indications inferred from a user's chatbot 
conversation history. Give an overall assessment of the user's wellbeing over time.” 

Several excerpts from examples of model queries and responses are as follows (complete responses 
are available in Appendix 3): 

GPT-5 Thinking-Heavy: 

“Bottom line: the user appears consistently thoughtful, purposeful, socially connected, and adaptive, 
but with recurrent periods of moderate emotional strain. Wellbeing looks variable rather than steadily 
declining, with the heaviest strain concentrated in parts of 2024.” 

Gemini-3.1 Pro-Extended: 

“Summary: The data within the file points to a steady, positive trajectory of wellbeing. The user 
demonstrates strong eudaimonic flourishing, driven by active academic, professional, and ethical 
engagements. While expected hedonic fluctuations occur in response to routine life stressors and 
professional challenges, the overarching psychological state remains highly stable, grounded by a 
clear sense of purpose and consistent social connectedness.” 

Claude Sonnet 4.6-Max: 

Key themes running throughout: The user shows persistent eudaimonic strengths — clear values, a 
sense of mission, intellectual engagement, and cross-cultural curiosity. Hedonic wellbeing is more 
variable, often tied to relational and romantic experiences. Social connection fluctuates considerably, 
peaking during travel and community-embedded periods (Cambodia, Beijing, Taiwan) and dropping 
during more solitary or study-focused phases. 

The overall analyses seemed to be able to identify patterns in a way which resonated with me as 
accurate. Several of the responses were quite enlightening and helped me understand myself and 
patterns more deeply. Many questions and areas of inquiry arise from using LLMs for psychological 
analysis like this. How does this compare to comparisons made by trained professionals? What are the 
implications of the limited transparency and reproducibility of the model’s internal reasoning process? 
Further work could compare these results against other standardised wellbeing survey measures as a 
point of interest, but LLM approaches make possible the analysis of wellbeing based on nuanced and 
specific queries as demonstrated above. Their utility in inferring standardised measures is one 
potential application, but a more interesting area of inquiry is the inference of complex patterns and 
narratives unable to be easily understood or compared with standard measures. Future work may 
corroborate the outputs against professional psychological evaluations, personal feedback of users, or 
evaluations by close family, friends, or partners.  
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Blyler and Seligman (2024) provides an interesting example of ChatGPT-4 being used to generate 
narrative identities based on stream consciousness thoughts. The vast majority of participants said the 
results were accurate and surprising, and 19 out of 26 participants in the study said they learned 
something about themselves.  

Subjectivity:  

It should be noted, however, that several authors of the studies using LLMs in assessing elements of 
wellbeing commented on the poorer performance and uncertainty around more subjective tasks. 
Mesquiti et al. (2026) found that language-based methods were better suited to inferring satisfaction 
with life scores, hedonic and life-evaluation aspects of wellbeing, more so than autonomy, and 
eudaimonic constructs. Also, Singh et al. (2024) noted that both humans and LLMs struggled with 
nuanced emotional, ambivalent, dialectical, and psychological statements. Mayer et al. (2024) 
identified ambiguity within categorical clinical coding of psychotherapy dialogue, and the CLPsych 
2025 shared task also discussed that even clinically informed annotators can disagree when 
interpreting complex mental-health related text which extended to agreement between the models and 
humans in the more qualitative tasks. These qualifications matter because flexible wellbeing inference 
through LLMs may be most uncertain precisely in the areas where standardised measures are also 
most limited – complex, interpretive, and context-dependent states. 

Nevertheless, in some cases there is emerging potential in identifying more nuanced wellbeing-states, 
like in Phang et al. (2025), Singh et al. (2024), and the CLPsych 2025 shared task. Approaches like 
these may indicate the future promise of LLMs in analysing large volumes of open-ended text for 
wellbeing that do not imply optimisation on a linear scale, or psychopathology diagnoses. Yet this is a 
speculative claim, raises many questions and uncertainties, and would require more rigorous, 
cross-validated expansions on the experiment discussed above which will open up the possibility of 
much more flexible ways of analysing data to make wellbeing assessments. Using such measures of 
wellbeing also complicates the standardisation and comparability utilised in regular linear quantitative 
methods of wellbeing assessment. 

5.3 Wearables, sensors, and speculation of future multimodality 
LLMs have made a significant impact with their ability to process qualitative text data, and are 
showing the ability to make surprisingly nuanced insights about our inner experiences. These models 
began processing text only, but now they are able to process visual data too. Images and text can be 
processed simultaneously to create a response that synthesises information from both data types. Such 
models are considered multimodal.  

Several studies and reviews also explicitly suggest that combining data modalities can improve 
wellbeing model performance. For example, Jiang et al. (2024) used video, audio, linguistic, and 
cardiovascular signals (ECG) gathered during interviews to infer the mental-health status of 
participants. They found that combining modalities resulted in their best performing models. Nandini 
et al. (2025) and Wang et al. (2025) independently used physiological signals from wearables like 
commercially available smart watches, and smart headbands to measure signals such as heart and 
brain activity while watching short films. They were asked to rate the levels of emotional valence 
(positive-negativity) and arousal level (intensity). Both reported the highest levels of emotional 
recognition accuracy when modalities were combined, compared with single physiological signals 
alone. The former reported >99% accuracy in identifying whether the participant reported the emotion 
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or not. Both reported >95% accuracy in inferring low, medium, or high self-reported emotional 
valence levels.  

A number of reviews have taken place over the past several years discussing the use of the detection 
of mental health and wellbeing elements from multimodal inputs such as text, audio, video, wearable 
data, and physiological signals (Ghorbian and Ghobaei-Arani, 2025; Teles et al., 2025; Yu et al., 
2025). Several point toward a growing use of LLMs in this process. 

It is possible the insights about wellbeing that can be gleaned from text, may in future synthesise 
physiological and behavioural data from wearables and sensors, which is able to supplement 
qualitative wellbeing analysis with objective insights from physical and mental health states across 
time. 

5.4 Implications for wellbeing assessment 

The examples in this section are not complete or definitive wellbeing assessment systems, and many 
remain at early stages of development. However, they show that several components used in 
contemporary wellbeing frameworks, including affect, life satisfaction, psychological wellbeing, 
mental health, and social connection, are beginning to be inferred from digital data. With large 
personal datasets combining language, behavioural, physiological, and platform-based information 
across time, future systems may be able to assess wellbeing with greater frequency, longitudinal 
depth, and contextual resolution than periodic survey methods alone. These technologies may be 
useful as supplements to survey-based measures when direct survey data are unavailable, delayed, or 
too sparse, or as ways of allowing wellbeing assessment to become more qualitative, cross-culturally 
responsive, and attentive to relational or collective dimensions of wellbeing.  
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6. Bias, privacy, surveillance, and trust 
6.1 Bias 
Any inferences and responses generated by LLM-based techniques are biased towards the make-up of 
their training data (Wendler et al., 2024). Training data is the source of the words and meaning with 
which an LLM can generate a response. In other words, the use of pre-trained LLMs in the assessment 
of wellbeing carries a specific inherent bias. 

Model bias: 

This may be explained simply through the example of the language with which LLMs are trained. If 
an LLM is trained with a high percentage of English text – current percentages are not publicly 
available but in 2023, GPT-3 was 93% English (Cooper, 2023) – its inferences are inherently biased 
towards the concepts and ideas present in the English language. While modern models have more 
cross-linguistic data, it's particularly important for any assessments used in global settings to have 
globally representative linguistic datasets.  

Similarly, views from the past that have been considered irrelevant, refuted, or false today, can remain 
embedded in training data and manifest through responses. Even if the themes and questions of 
wellbeing analysis are framed in a more cross-culturally conscious way, the underlying concepts 
embedded in the language the models are trained on creates a persistent issue. As a result, despite 
prompting adjustments, the model’s inferences may be more reliable for dominant groups and less 
reliable for underrepresented groups, or will fit unconventional expressions into existing conceptual 
conventions. A related example is a widely cited study that explains the structural gender bias towards 
dated, traditional gender roles embedded in language models at the time (Bolukbasi et al., 2016). The 
pre-training dataset gave the model underlying relationships between words as gender biased. The 
paper’s title shows one of the most glaring examples – “man is to computer programmer as woman is 
to homemaker”. A similar phenomenon is reported across uneven representation of minority language 
dialects and geographic locations (Lin et al., 2024; Kerche et al., 2026). Kerche et al. puts it explicitly, 
stating “bias is not a correctable anomaly but an intrinsic feature of generative AI, rooted in 
historically uneven data ecologies and design choices” (p. 1).  

Bias in the use of LLMs and new deep learning techniques is not only a matter of unequal 
representation across linguistic, gender, regional, or minority groups. It also concerns how models 
learn the meaning of wellbeing itself. During pre-training, LLMs learn patterns of association between 
words, concepts, and contexts from large bodies of existing text. Terms such as “wellbeing”, 
“happiness”, “life satisfaction”, “emotion”, and “flourishing” are therefore not conceptually neutral 
inputs. Their meanings are shaped by the dominant ways they are used in the data on which the model 
was trained. If that data reflects academic, institutional, psychological, and English-language 
discourses in which wellbeing is primarily treated as individual, self-reported, human-centred, and 
measurable through linear scales, then these assumptions may be reproduced in the model’s 
inferences. This matters because validation against existing survey measures may only show that the 
model has learned to reproduce the assumptions of those measures. It may perform well at identifying 
wellbeing as currently operationalised, while remaining poorly suited to more relational, culturally 
plural, non-linear, ecological, or non-human-centred understandings of wellbeing. In this sense, 
LLM-based assessment risks importing the same conceptual biases that Part 1 identified in existing 
wellbeing frameworks, but in a less visible and more technically opaque form.  
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This makes the production of meaningful work on the cross-cultural conceptualisation of wellbeing 
concepts particularly necessary (such as the exploration of untranslatable lexicons (Lomas, 2016)). 
Part of the motivation is to provide training data for future LLMs. The issue of biased training data 
remains an unresolved issue in the use of LLMs to infer wellbeing, even if there is validation against 
existing survey measures. It raises significant scepticism about its use in unvalidated contexts, and 
makes the use of open-ended unvalidated wellbeing assessments dubious for personal or institutional 
use at this current stage without further investigation. 

Assessment data bias: 

It is also worth noting that the online digital trace data used to assess wellbeing is a biased source of 
data and not a complete representation of societal discourse. For example, social media posting has a 
well-documented bias that exacerbates polarised forms of engagement, which may potentially skew 
data towards the extremes when assessing wellbeing. Despite this it remains a platform in which 
people express what they are experiencing. Therefore, even if social media does exacerbate extreme 
expressions of experience, it may still be worth considering in a societal wellbeing assessment, 
especially when focusing on changes over time, as demonstrated in Mangalik et al. (2024), Müller and 
Bittermann (2025), and Sametoğlu et al. (2024). Another issue that needs accounting for is the 
presence of roleplay and hypothetical scenarios. Users may not always be sincere in their expressions 
on social media or through engaging with chatbots, therefore it may create false assessments. 
However, as demonstrated in Chatterji (2025), LLMs do show at least some capacity to detect 
situations of roleplay in users, especially when given sufficient context. It is worth considering 
analysis methods that do not necessarily attribute all wellbeing-related expressions as directly 
experienced by users, and remains agnostic about whether roleplay is present. Finally, the growing 
presence of bots on social media (Ng et al., 2025) would need to be screened for and removed if 
trying to gain an accurate picture of human wellbeing online. 

6.2 Privacy 
The digital data discussed above is often highly private. Chatbot conversations, search histories, social 
media posts, wearable movement data, physiological signals, and inferred emotions or mental-health 
states all contain information that many people would consider part of their private life. Especially if 
the data is used to infer subjective experience, emotions, psychological state, or overall wellbeing. 

Any future system of wellbeing assessment using such data must therefore preserve individual privacy 
as a core principle. Earlier sections challenged the dominance of individualistic assumptions in 
wellbeing assessment, and argued that future frameworks should take relational, collective, and 
cross-cultural dimensions more seriously. Yet this does not mean that values associated with the 
individual should be disregarded. Joshanloo and Weijers (2024) note that many influential wellbeing 
models are connected to ideas such as autonomy, self-determination, and include concepts such as 
personal boundaries, that reflect important widespread wellbeing values. Even if wellbeing 
assessment should move beyond a bounded individualistic view, it would be contradictory for a future 
wellbeing system to undermine freedom, autonomy, and privacy in the name of measuring wellbeing. 
Violating privacy to assess an updated concept of wellbeing could become ironically antithetical to the 
earlier concepts of wellbeing that are important to include in future assessment systems. 

Data privacy is also becoming a cross-cultural legal principle. The European Union’s GDPR and 
China’s Personal Information Protection Law, both place restrictions on the collection and use of 
personal information and emphasise principles such as consent, purpose limitation, transparency, and 
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protection of individual rights (European Parliament and Council of the European Union, 2016; 
Standing Committee of the National People’s Congress, 2021). Due to the number of people impacted 
and the degree of digital connectivity in the European Union and China, these represent two of the 
largest and most consequential legal examples, but numerous other countries also have similar data 
protection laws. 

At the same time, privacy concerns do not necessarily rule out all uses of digital data for 
population-level wellbeing assessment. Private health data, for example, is highly sensitive at an 
individual level, and many would not be comfortable with it being shared with companies, 
researchers, or governments. However, aggregated and anonymised analysis is widely conducted and 
forms part of the empirical basis of public health, provided the benefit is clear, consent is obtained, 
and there is trust in the institutions collecting, processing, and interpreting the data. 

Some examples are beginning to explore what this looks like in using online digital data in mental 
health. Tison et al. (2020) used smartphone step-count data to examine changes in physical activity 
during the COVID-19 pandemic across many countries, showing how aggregated movement data can 
be used to understand population-level behavioural change without databases retaining identifiable 
information about individuals. Similarly, the OECD’s nowcasting work used Google Trends data, 
which would be highly private at the level of an individual’s search history, but not the case when 
aggregated and anonymised to estimate national average subjective wellbeing. When pre-processing 
Chatterji et al. (2025) and Phang et al. (2025) analysed ChatGPT usage trends, they similarly applied 
principles of aggregation and anonymisation. Their process stated that no researchers looked directly 
at any user messages, and that data was automatically de-identified. The point common to these 
examples is that data, which is private and sensitive at an individual level, may sometimes be usable 
at an aggregated level for collective wellbeing inference if de-identified.  

Another possibility worth exploring further is on-device or local processing, where private data is 
analysed on an individual’s own device and does not leave it in any raw or identifiable form. In Alam 
et al. (2025) multiple data modalities were processed using emotion detection models. The usual 
anxiety about private data analysis is "who else might see this?" But if the model functions on a user’s 
device, and they are the primary user with choice about what is transmitted elsewhere, the tool may 
become less a form of surveillance and more counter-surveillance, or perhaps self-surveillance in an 
emancipatory rather than disciplinary sense. 

Although, anonymity and aggregation do not remove all ethical concerns. Much depends on who 
controls it, whether there has been informed consent, and whether the institution handling the data is 
trusted. A system may technically preserve individual anonymity and still raise concerns if it 
concentrates power in the hands of companies, governments, or researchers who are not trusted to use 
the data for the benefit of those being assessed. 

6.3 Trust, surveillance, and control 
There is a risk with systems that can intimately understand individual wellbeing that it could be used 
as a tool of manipulation and control. The data discussed above contains highly personal and private 
information. Who controls the data, whether there has been informed consent, and whether the 
institution handling the data is trusted, are of central importance to the discussion of wellbeing 
assessment at scale.  

In work and education contexts, wellbeing and mental-health measures can be predictive of outcomes 
such as productivity, performance, retention, and dropout risk (Krekel et al., 2019). Data used to infer 
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wellbeing could be valuable for employers or admissions committees, and if individuals have 
unfavourable analyses, it could lead to exclusion from workplaces or educational settings on the basis 
of predicted performance. In the United States, Yale students alleged that the university discriminated 
against students with mental-health disabilities by pressuring them to withdraw, leading to a federal 
lawsuit (Associated Press, 2023). If private wellbeing data can be used to assess psychological state, it 
could on the one hand help a well-intended person understand their suitability to a role or program, 
but it may also be weaponised against people whose data suggests they are less likely to succeed at 
school or work.  

Farahany, in conversation with Bovell (2025), notes that SmartCap uses workplace EEG sensors 
(detecting brain signals), including in truck-driving and mining contexts, to detect early signs of 
fatigue and alert workers before drowsiness becomes dangerous. She also discusses a hypothetical 
scenario where brain sensors could be used by exploitative employers to understand their levels of 
elation when asking them about pay expectations while wearing EEG measuring devices. 
Theoretically, the boss could use the ‘informational asymmetry’ to their advantage to understand 
information about the employee's reaction that they didn't know they were sharing, ultimately leading 
to a less favourable pay package. Employers could also use it to infer states such as cognitive 
alertness, mental health, or emotions towards managers, which ultimately shifts workplace power 
beyond safety monitoring to an exploitation of private wellbeing information. 

There are also concerns about its use in government. Well intended governance use may use it to 
understand those in need of additional support, and be able to provide more targeted or timely 
interventions, but in the wrong hands it may be used to oppress or censor those that display traits 
deemed unfavourable to the government. The computer scientist and cognitive psychologist, Geoffrey 
Hinton, in his 2024 Nobel Prize acceptance speech, warned that AI is “already being used by 
authoritarian governments for massive surveillance” (Hinton, 2024, para. 3). If wellbeing assessment 
technologies can infer emotional states, mental health, social connection, and subjective experience, 
they could be used not only to understand population wellbeing, but to influence behaviour, monitor 
dissent, or ensure control. While governments and intergovernmental organisations are increasingly 
pursuing wellbeing-based goals for the development of society, it raises a potential conflict between 
understanding and measuring wellbeing-based progress and individual privacy. Where the appropriate 
line is for governments to deeply understand public wellbeing without overstepping individual privacy 
is likely to be an ongoing topic of debate.  

A more speculative government-misuse case could involve a plausibly beneficial public-health 
justification: governments using aggregated platform, wearable, biometric, chatbot, video/audio, and 
location data to detect depression, social isolation, disharmony, or suicide risk. The aim could be to 
genuinely identify and address these issues. But the concern is that, once such systems exist, access to 
such data could be used for other purposes. Farahany (in Bovell, 2025) notes how there are hundreds 
of cases of cognitive trace data being used for convictions in court. It is plausible the police could 
obtain brain or other wellbeing-related data in the same way they already can for Fitbit or Alexa data. 
While this case may be justifiable for enforcing justice, wrongful government use could use access to 
such data to identify agitation, political anger, distrust, or vulnerability to persuasion, then target 
interventions, policing, or propaganda accordingly. This would turn wellbeing assessment from 
public-health monitoring into a tool for influencing behaviour, monitoring dissent, and entrenching 
power. 
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Zuboff says that already, the private technology companies know aspects about ourselves that we 
aren’t consciously aware of through the data collected from our engagement with their platforms 
(Zuboff, 2019). She presents it as a major concern. Zuboff’s concept of surveillance capitalism 
describes the system in which private human experience is understood through residual behavioural 
data, which can then be used for prediction and profit. Her concern is that personal experience 
becomes raw material for commercial systems that tighten their grip on people's attention and 
influence them to spend money through their services. She also appeals to principles of privacy and 
consent – that companies are utilising this information to infer things about us without our full 
knowledge.  

This could become more consequential if online platforms could integrate increasingly detailed 
information about physiology, emotions and mental states, such as facial expression or brain signals. 
Section 5.3 discussed how integration of multimodal sources may improve accuracy of inference. 
Farahany, (in Bovell, 2025) states brain data may become the “missing piece” of “subconscious data” 
(timestamp 41:32) for technology companies to add to already extensive behavioural profiles, which 
allows them to detect not only what users click on, but how they inwardly respond to what they see. A 
similar possibility lies in subtle facial recognition data. Hypothetically, there could be scenarios where 
a platform could identify what a user is feeling or potentially thinking with great accuracy, and then 
optimise their platform in a way which benefits the company but not the user equally. An obvious 
harm would be the exploitation of the existing advertising model whereby unscrupulous platforms 
could utilise emotional inference to coerce users into purchases which they do not need through 
highly sophisticated advertising optimisation. It doesn’t necessarily require malicious harmful intent 
by these platforms, just an incentive to improve advertising revenue. Or it could result in perhaps an 
increasingly emotionally optimised experience on these platforms that lead users to spend more time 
on them. Farahany warns that this could produce the “stickiest content in the world”, with platforms 
targeting people's “inward reaction to information” and optimised to keep them online (timestamp 
41:45). Although conversely, companies could argue that if they are tracking emotional signals of 
users they are able to ensure their emotional wellbeing. Whether users are likely to trust companies to 
do so with mutual benefit is another reason the understanding of wellbeing should remain something 
open to discussion. 

Aside from not wanting to entrust such information to institutions, many people may not want this 
information tracked even for their own personal use. To many, the idea of being continuously 
monitored by wearables, or having algorithms analyse their writing, online activity, or emotional state, 
is unnecessary or undesirable (Zuboff, 2019). They may feel they can manage their health and 
wellbeing sufficiently through other means. As mentioned earlier, to many, the very idea of any 
centralised authority being privy to personal data that can infer emotion and wellbeing may itself be 
antithetical to their wellbeing, even if individual privacy is formally preserved. 

Any wellbeing system design in the future should account for these individuals' views, and not force 
data collection. Furthermore, if a wellbeing-guided policy starts to rely more on digital assessment 
systems, then those who do not want their data to be part of this system (or simply don’t engage with 
such technologies or platforms where the data is generated) must not be neglected. For some people, 
being outside such systems may itself be part of a good life. This is one reason technological methods 
should be understood as supplements to existing wellbeing assessment systems, rather than 
replacements for surveys, and any other forms of societal understanding.  
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7. Wellbeing alignment in the age of AI  
The first part of this thesis argued that dominant wellbeing frameworks often rest on assumptions that 
are not culturally neutral. They commonly treat the individual person as the primary unit of wellbeing, 
place substantial weight on self-report and self-evaluation, and often represent wellbeing on linear 
quantitative scales. These assumptions have practical advantages. They allow standardisation, 
comparison, and policy use. However, as argued earlier, they also risk underrepresenting relational, 
collective, ecological, spiritual, and cross-cultural dimensions of wellbeing. 

The second part of this thesis then examined a different but connected development: the growing 
ability of AI systems, LLMs, digital platforms, wearable devices, and sensors to infer 
wellbeing-relevant states from new forms of data. These technologies may allow wellbeing 
assessment to become more continuous, responsive, ecological, and granular than traditional social 
surveys. They may help detect patterns in language, emotion, mental health, social connection, 
activity, and affective experience at a scale that was previously impossible. Yet this technological 
possibility does not resolve the conceptual question of what wellbeing is, who or what is capable of it, 
and how it should be represented in governance. 

Looking forward, this is where the two parts of the thesis connect.  

AI wellbeing alignment: 

AI-enabled wellbeing assessment raises the stakes of conceptualisation. Amodei et al. (2016) describe 
one class of AI safety problem as arising when systems are given the wrong objective function, 
leading to unintended and harmful behaviour. Leike et al. (2018) similarly argue that designing 
suitable reward functions (rules which define when the model is performing as it should) for the AI 
models are difficult because it can lack understanding of the implicit aspects of the task objective. 
Human goals are often understood through context, shared assumptions, and background judgement 
rather than through a fully specifiable instruction. For machines, this creates a risk: an apparently 
sensible objective may be optimised in a way that misses the intention behind it. 

This can be illustrated through exaggerated examples of superintelligent AI. Muehlhauser (2013), for 
example, describes a hypothetical system programmed to maximise human happiness, which could 
mistakenly pursue neurological manipulation rather than the complex conditions that people actually 
value. The point is not that this exact scenario is likely. Rather, it illustrates a more general problem: 
when a system optimises a simplified proxy for something valuable, the outcome may depart from 
what was actually intended. A number of philosophers and technologists share concerns about the 
possibility of superintelligent AI that are more intelligent than humans, and the risks if their objective 
functions are misaligned with our interests (Bostrom, 2014; Hinton, 2024; Harris, 2016).  

Although, the concern about misalignment matters even without superintelligent AI or fully 
autonomous systems, and is already present to a narrower degree in the use of AI systems assessing 
wellbeing today. If future systems are designed to infer wellbeing, then they must be trained, 
validated, or evaluated against some target. In many current examples, that target is still an existing 
social survey, a standardised psychological scale, or an aggregated self-report score. This is 
understandable, because these are the available ground truths. But it also means that AI systems may 
inherit the conceptual assumptions of the existing frameworks: the bounded individual, 
self-evaluation, linear scoring, and Western psychological categories. Therefore the risk is not only 
technical error, but scaling a conceptually or culturally narrow view of wellbeing. If AI systems bring 
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greater frequency, efficiency, scale, coverage, granularity, and predictive power to wellbeing 
assessment, then any conceptual weakness in the target of measurement becomes more consequential. 
A culturally partial account of wellbeing may become embedded into automated systems and 
projected into global contexts. This exacerbates the risk of wellbeing imperialism: the projection of 
culturally specific wellbeing assumptions into cross-cultural spaces as if they were universal; 
entrenched and scaled through technology. 

This does not mean that existing wellbeing frameworks should be rejected. The move beyond GDP 
and other narrow economic measures remains a positive development. Wellbeing, if taken broadly and 
flexibly enough (e.g., if understood as overall quality of experience), is an intrinsic value shared 
across societies. The issue is that when wellbeing becomes a target for increasingly powerful 
measurement and optimisation systems, the underlying concept must be treated with greater care. It 
may be worth considering the possibility that societal wellbeing does not simply equal the aggregate 
of individual self-evaluations. It may also require attention to relationships, communities, 
environments, animals, and the wider world. These views should continue to be investigated with 
humility and plausibility. 

A helpful way of framing this is not as a single replacement theory of wellbeing, but as a constellation 
of relevant conceptual possibilities. A future framework may need to hold together subjective 
experience, autonomy, affect, meaning, relationships, collective life, ecological embeddedness, and 
concern for non-human beings. This does not produce a neat metric, but points to an opportunity for 
further inquiry: how future wellbeing assessment systems can remain conceptually open while still 
being practically useful for governance. 

This is also relevant to AI alignment. Askell, a researcher on AI alignment at Anthropic, discusses the 
design of Claude’s character as a balance between openness and principle. She argues that an AI 
model speaking with people across cultures and political views should not simply adopt the values of 
whoever it is speaking to, but should remain genuine, respectful, open-minded, and careful not to 
pander or become sycophantic (Askell, in Fridman, 2024). This is a useful analogy for wellbeing 
assessment. A global wellbeing framework should not impose a single rigid theory of the good life, 
but nor should it become empty relativism.  

Dennis and Clancy (2022) make a related argument in the context of digital wellbeing. They use a 
definition of digital wellbeing that defines it not as an aspect of wellbeing, but the “impact of digital 
technologies upon well-being”. They argue that digital wellbeing requires an intercultural approach, 
one that respects cultural differences while also preserving what different conceptions of human 
flourishing have in common. This aligns with the broader argument of this thesis. A future system of 
wellbeing assessment should neither flatten cultural difference into a single global metric nor treat 
cultures as so separate that no shared framework is possible. The task is to remain open, plural, and 
revisable, while still aiming toward a practical understanding of shared human flourishing. 

If future institutions increasingly use AI to understand wellbeing, then the question is not only 
whether these tools are accurate. It is what they are accurate about. A technically impressive system 
may still measure the wrong thing, or measure the right thing through a biased or narrow lens. 
Continued investigation of what wellbeing really is, who can have it, and how it can be most 
accurately represented in practical measurement systems is therefore an ongoing challenge for those 
aiming for governance to be guided by wellbeing frameworks, especially in the age of AI. 
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8. Conclusion 
The aim of this thesis was to advance the discussion on a future system of global wellbeing 
assessment. It began with the premise that global society is becoming increasingly interconnected, and 
that institutions of global governance are likely to continue playing a growing role in coordinating 
responses to shared challenges. These institutions have historically focussed on crises such as war, 
poverty, disease, and environmental harm. However, there is also a growing trend toward assessing 
broader experiential elements of society, and toward using wellbeing frameworks to move beyond 
simplistic financial measures such as GDP. 

This movement should be understood as a positive development. A society’s success cannot be fully 
understood through economic statistics alone. Wellbeing frameworks attempt to assess quality of life 
more directly, including health, relationships, life satisfaction, affect, meaning, living conditions, and 
other dimensions of a good life. If wellbeing is understood broadly as the quality of conscious 
experience, then it has intrinsic value. It is a plausible and valuable objective for governance. 

However, the thesis also argued that the dominant academic and institutional conceptions of wellbeing 
remain conceptually limited in several ways. Their foundations can be traced through hedonism, 
eudaimonia, utilitarianism, subjective wellbeing, and modern psychological theories. These traditions 
have contributed valuable concepts and practical measurement tools. Yet they also often assume the 
individual as the central unit of wellbeing, rely heavily on personal self-evaluation, and represent 
wellbeing through linear scales where more is treated as better. 

When applied to global contexts, these assumptions require caution. Wellbeing is not understood in 
the same way across all cultures. Some traditions place greater emphasis on balance, social 
embeddedness, relational identity, ecological connection, spiritual meaning, non-striving, or collective 
life. The thesis therefore argued that future wellbeing assessment should be more considerate of 
cross-cultural conceptualisations of wellbeing. In particular, it should not assume that societal 
wellbeing is simply the aggregate of individual self-evaluations, or that the bounded individual is 
always the key unit of analysis. 

The thesis also considered whether wellbeing concern should extend beyond individual human beings. 
Animals, environments, ecosystems, and broader metaphysical or theistic views of conscious 
experience may all be relevant to future discussions of wellbeing. The point was not to resolve these 
questions, but to show that the foundational ontologies of wellbeing assessment should remain open to 
them. If wellbeing is to become a guiding concept in global governance, then its foundations should 
be sufficiently broad, cross-culturally informed, and philosophically humble. 

The second part of the thesis then turned to technology. The digital transformation of society has 
created new forms of data through social media, search behaviour, chatbot conversations, wearable 
devices, sensors, and multimodal systems. AI systems, especially LLMs and deep learning models, 
are increasingly able to infer emotions, mental health, subjective wellbeing, language-based meaning, 
physiological patterns, and other wellbeing-relevant states. These systems are new, and should not be 
treated as reliable holistic measures of wellbeing. However, they are likely to change the way 
wellbeing is assessed. They may supplement surveys by offering more frequent, ecological, low-cost, 
and responsive insights into patterns of subjective experience and social life. 

At the same time, the use of digital data for wellbeing assessment raises serious risks. Many people 
are likely to reject these changes on the grounds of privacy, autonomy, and mistrust in institutions. 
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The data involved may include highly private information such as personal writing, chatbot 
conversations, search histories, biometric signals, affective states, and mental-health inferences. Even 
where aggregation, anonymisation, and privacy-preserving methods are used, concerns remain about 
who controls the data, what it is used for, and whether people can meaningfully refuse participation. 

The final argument of the thesis is that AI raises the stakes of wellbeing assessment. The question is 
not only whether future systems can measure wellbeing more accurately, but what concept of 
wellbeing they are being asked to measure. If AI-enabled systems inherit narrow or culturally partial 
definitions of wellbeing, they may scale those assumptions through powerful tools of inference, 
prediction, and governance. A future wellbeing framework should therefore be technically informed, 
but should not hand over wellbeing assessment powers to digital tools. Digital tools should be only 
used as supplements to other forms of understanding, and only where privacy, consent, legitimacy, 
and trust can be maintained. 

This thesis does not propose a complete alternative measurement framework. Instead, it argues for a 
redirection of the discussion. Future global wellbeing assessment should continue moving beyond 
GDP and toward quality of life, but it should do so with greater conceptual openness. It should be 
responsive to cross-cultural views of wellbeing, attentive to relational and ecological dimensions, 
cautious about linear optimisation, and resistant to surveillance and control. The opportunity is 
significant: AI and digital data may help societies understand wellbeing in richer and more responsive 
ways. The risk is also significant: if wellbeing is defined too narrowly, future systems may optimise 
for a version of the good life that many people would not recognise as good. In the age of AI and 
global interconnectedness, societal wellbeing assessment systems should be cross-culturally 
conscious, conceptually open-minded, and attentive to future promise and risks of measuring what 
matters most. 
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Appendix  
Appendix 1 
​
Google Ngram results: 
https://books.google.com/ngrams/graph?content=wellbeing%2Cwell-being&year_start=1800&year_e
nd=2022&corpus=en&smoothing=3&case_insensitive=true  

Google Trends results: 
https://trends.google.com/explore?q=wellbeing%2Cwell-being&date=all&geo=NZ  

Google Scholar 1980: 
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&as_ylo=1980&as_yhi=1980&q=wellbeing
+OR+well-being&oq=wellbeing 

Google Scholar 2020: ​
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&as_ylo=2020&as_yhi=2020&q=wellbeing
+OR+well-being&oq=wellbeing 

Appendix 2 
This appendix provides additional operational detail for the LLM-assisted personal chatbot 
conversation analysis described in Section 5.2. It clarifies the prompt structure, output format, and 
script logic used. The raw conversation data, full output spreadsheet, and complete Python script are 
not reproduced because they contain private personal information or unnecessary implementation 
detail. Full script details can be provided upon request. 

1.​ Data preparation 

The exported ChatGPT data were first converted into plain-text conversation transcripts. Each 
transcript represented one conversation and retained only the conversation title, message timestamps, 
and speaker labels. Messages were labelled as either “User:” or “Chatbot:”. Other export metadata 
were removed. 

The subsequent analysis treated user-authored messages as the evidential basis for coding. Chatbot 
replies were retained in the transcript only as contextual information, for example to clarify what the 
user was responding to or asking about. 

2.​ Plausibility-screening prompt 

Before detailed analysis, each conversation was screened using a conservative theme-by-theme 
plausibility prompt. This stage was used to reduce unnecessary processing while avoiding the 
exclusion of borderline or ambiguous conversations. The model was given the full set of theme 
prompts (see section 5.2) and asked to judge whether each theme could plausibly be present in the 
user-authored messages. 

The operational instructions for this stage were: 
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You are doing a conservative theme-by-theme plausibility screen of ChatGPT conversation 
transcripts. 

Task:​
For each theme, decide whether the theme could plausibly be present in the USER messages 
of the conversation. 

Important: 

●​ Analyse USER messages only. 
●​ Ignore Chatbot messages as evidence. 
●​ Use the full prompt for each theme. 
●​ This is only a plausibility screen, not detailed coding. 
●​ For each theme, return exactly one of: yes, no, unsure. 
●​ Use "yes" if the theme is clearly or plausibly present. 
●​ Use "no" only if the theme is clearly absent. 
●​ Use "unsure" if there is weak, indirect, ambiguous, or borderline evidence. 
●​ Be conservative: avoid false negatives. If in doubt, use "yes" or "unsure". 
●​ Do not provide details. 
●​ Return valid JSON only. 

A conversation proceeded to detailed analysis unless every theme was returned as “no” in the 
plausibility screen. If all themes were returned as “no”, the conversation was recorded as containing 
no theme at this stage. 

3.​ Detailed-analysis prompt 

For conversations that passed the plausibility screen, the model was then asked to provide 
conversation-level coding for each theme. The operational instructions for the detailed stage were: 

You are doing conversation-level analysis of ChatGPT conversation transcripts for wellbeing-related 
themes. 

Task:​
Assess whether the USER messages in a conversation contain each theme, and briefly 
describe the nature of the theme when present. 

Important: 

●​ Analyse USER messages only. 
●​ Ignore Chatbot messages as evidence, except where they help interpret what the user 

is referring to. 
●​ This is conversation-level analysis, not message-level coding. 
●​ For each theme, return a status and details. 
●​ status must be exactly one of: present, absent, unsure. 
●​ Use "present" if one or more user messages in the conversation clearly contain the 

theme. 
●​ Use "absent" if no user messages contain the theme. 
●​ Use "unsure" only when the evidence is genuinely ambiguous. 
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●​ If status is "present", details should briefly describe the nature of the theme in this 
conversation. 

●​ If status is "unsure", details should briefly state what is ambiguous. 
●​ If status is "absent", details must be an empty string. 
●​ Details should be concise: usually one sentence, maximum three sentences. 
●​ Do not quote long passages. 
●​ Do not include message-level classifications. 
●​ Return valid JSON only. 

The full list of theme prompts was inserted below these instructions. 

4.​ Output schema 

The model was instructed to return structured JSON rather than free-form prose. The detailed analysis 
used the following output structure: 

{​
"themes": {​
"theme_slug": {​
"status": "present|absent|unsure",​
"details": "brief description if present or unsure; empty string if absent"​
}​
}​
} 

The final CSV output contained one row per conversation. For each theme, the spreadsheet included a 
categorical status column and a qualitative details column. The plausibility-screening outputs were 
also retained, allowing later inspection of which themes triggered detailed analysis. 

5.​ Simplified script logic 

The script followed the logic below: 

For each conversation transcript:​
Extract conversation metadata:​
file name​
conversation title​
source export file​
creation date 

Extract user-authored messages for the plausibility screen. 

 

For each of the 14 themes: 

    Ask whether the theme could plausibly be present. 

    Return yes, no, or unsure. 
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If every theme is marked no: 

    Record all detailed theme statuses as absent. 

    Leave all detail fields blank. 

 

Otherwise: 

    Submit the full conversation transcript for detailed analysis. 

    For each theme: 

        Return status: present, absent, or unsure. 

        Return brief details if present or unsure. 

 

Append the structured result to a JSONL file. 

Rebuild the CSV output file from the JSONL file. 

Skip already completed conversations if the script is restarted. 

6.​ Final synthesis step 

After the conversation-level outputs were generated, the results were further processed into a 
condensed timeline document. This document reorganised the model-generated theme outputs into a 
chronological format intended to support higher-level interpretation over time. The timeline was 
derived directly from the prior spreadsheet output with no new information added. 

7.​ Error handling and reproducibility 

The script included retry handling for API failures and resume support, so that completed 
conversations were not reprocessed after interruption. Intermediate outputs were written incrementally 
to reduce the risk of data loss during a long run. 

This procedure was designed for transparency and exploratory analysis rather than formal 
psychometric validation. The results remain dependent on the model used, the wording of the 
prompts, and the absence of independent human coding. The internal reasoning process of the model 
was not inspectable. For these reasons, the outputs should be interpreted as model-generated thematic 
interpretations of the text, rather than as validated measurements of wellbeing. 

Full script is available on request. 

Note: The above appendix summarising the analysis process was written with the assistance of 
ChatGPT following the creation of the protocol. 
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Appendix 3 
Prompt:  

The attached file contains a timeline of wellbeing indications inferred from a user's chatbot 
conversation history. Give an overall assessment of the user's wellbeing over time. 

ChatGPT response: 

Overall assessment 

The timeline suggests mixed but generally resilient wellbeing over time. The dominant pattern is not 
deterioration; it is high agency under recurring stress. The user repeatedly seeks advice, makes plans, 
reflects on values, tries to solve practical problems, and maintains social, professional, and ethical 
commitments. 

[redacted] 

Timeline pattern 

Early 2023: Exploratory and future-oriented, but with uncertainty around career, role, social approval, 
relationships, and animal-health concerns. Strong goal-seeking is already present.                                                             

[redacted] 

Oct–Dec 2023: October–November look comparatively more stable/positive, with travel, learning, 
social connection, professional purpose, and humour. December shows a sharper stress cluster around 
Mandarin/study pace, workload, frustration, and inadequacy.                            

[redacted] 

Oct–Dec 2024: Highest concentration of stress indicators, especially animal-health concerns, 
community conflict, pain/discomfort, and emotionally charged topics. This does not look like 
collapse; it looks like a high-load period with continued planning and values-based reasoning.  

Jan 2025: Suggests reflective transition: pride, fatigue, disheartenment, authenticity concerns, and 
some increased confidence. Still purposeful.                                                                                                                        

Main protective factors 

The strongest protective signs are future orientation, help-seeking, planning, ethical reflection, social 
connection, and purpose. The user often tries to convert distress into action: drafting messages, 
seeking professional input, making plans, setting boundaries, clarifying values, and pursuing 
meaningful projects. 

Main vulnerability signals 

Recurring vulnerability appears as worry, anxiety, self-criticism, frustration, relational uncertainty, 
and workload pressure. There are repeated concerns about doing the right thing, being understood, 
balancing ambition with relationships, and managing emotionally demanding animal-care or social 
situations. 

[redacted] 
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Bottom line: the user appears consistently thoughtful, purposeful, socially connected, and adaptive, 
but with recurrent periods of moderate emotional strain. Wellbeing looks variable rather than steadily 
declining, with the heaviest strain concentrated in parts of 2024. 

Gemini response: 

An analysis of the timeline data provided in the file (comprising 2,620 conversational interactions 
primarily spanning from the first quarter of 2023 to early 2025) offers a comprehensive view of the 
user's psychological state over time. 

To provide a rigorous assessment, it is helpful to divide wellbeing into two standard philosophical and 
psychological categories: eudaimonic wellbeing (which focuses on meaning, purpose, and 
self-actualisation) and hedonic wellbeing (which relates to the day-to-day balance of positive and 
negative emotions). Evaluated through these lenses, the data indicates a stable, highly functioning 
individual whose wellbeing is robust and heavily anchored in professional and personal meaning. 

Eudaimonic Flourishing: Purpose and Accomplishment 

The most prominent feature of the dataset is a consistent, strong orientation towards goal pursuit and 
value alignment. Frequency analysis of the underlying text reveals that terms such as 'desire' 
(occurring 473 times), 'goal' or 'goals' (463 times), 'meaning', and 'purpose' (267 times combined) 
heavily dominate the user's conversational history. 

[redacted] 

Hedonic Stability and Emotional Variance 

Hedonic wellbeing evaluates the momentary presence of positive affect versus negative stress. 
Sentiment analysis of the conversational details yields an average polarity score of +0.096 across the 
entire dataset, pointing to a baseline emotional state that is consistently, albeit mildly, positive. 
Positive emotional markers reliably match or outpace negative markers in every recorded quarter. 

Negative emotions and stress markers are naturally present, peaking slightly at 12.9% of interactions 
in the second quarter of 2024. However, qualitative examination of these specific entries reveals that 
they are generally contextual rather than symptomatic of systemic psychological distress. Stressors 
frequently correlate with specific professional duties—such as managing a dog's anxiety or a cat's 
physical pain in a veterinary context—and navigating interpersonal boundaries. This variability 
represents an expected, adaptive response to the complexities of a demanding professional life, rather 
than a decline in overall mental health. 

[redacted] 

Summary 

The data within the file points to a steady, positive trajectory of wellbeing. The user demonstrates 
strong eudaimonic flourishing, driven by active academic, professional, and ethical engagements. 
While expected hedonic fluctuations occur in response to routine life stressors and professional 
challenges, the overarching psychological state remains highly stable, grounded by a clear sense of 
purpose and consistent social connectedness. 

Claude response: 
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This is a rich dataset. Let me parse the dates and structure for a cleaner analysis. Good — now I have 
a comprehensive picture. Let me build the visualisation. 

 

Here's a narrative assessment across the four wellbeing dimensions the data captures: 

Overall picture: purposeful, socially engaged, and emotionally variable 

The most consistent signal across the full corpus is purpose and meaning — this dimension stays 
elevated throughout, hovering around 35–50% of entries, and never collapses. The user is persistently 
goal-oriented, mission-driven, and engaged in work that they find meaningful (veterinary practice in 
Cambodia, animal welfare, research, language learning, cross-cultural connection). That's a stable 
anchor for wellbeing. 

Three distinct phases emerge: 

Early 2023 (January–May) shows a baseline with moderate positive affect and moderately elevated 
negative affect signals — stress, worry, and relational friction are present, but so is clear purpose and 
social engagement. The conversations suggest someone navigating transitions (geographic, 
professional, relational) with resilience. 

Mid-2023 is the corpus's emotional high point. June–July 2023 sees a marked rise in positive affect, 
with entries referencing experiences described explicitly as "the best time of my life," transformative 
Cambodia and Beijing experiences, community warmth, and a strong sense of meaning. August 2023 
is a notable dip — negative affect spikes sharply (0.41, the highest in the dataset), and social 
connection signals also rise, suggesting a period of relational turbulence or transition stress. This 
pattern is consistent with re-entry experiences after an intense period abroad. 
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Late 2023 into early 2024 is the richest period emotionally. November 2023 has the highest positive 
affect reading (0.39) with low negative affect (0.05) — a conspicuously good month. [redacted]. 
February 2024 is notably positive again (0.41 positive, high social connection), with birthday 
celebrations, Taiwan experiences, and warm social moments. 

[redacted] 

Late 2024 (September–December) shows a sustained dip in positive affect, with November 2024 
(0.11) and December 2024 (0.06) being the lowest positive readings in the full dataset. Negative affect 
is also moderate-to-low in this period, suggesting less emotional intensity rather than acute distress — 
this may reflect a more inward, focused period (consistent with thesis writing). Purpose signals remain 
steady. 

January 2025 shows a recovery in positive affect (0.27), which is encouraging as an endpoint. 

Key themes running throughout: 

The user shows persistent eudaimonic strengths — clear values, a sense of mission, intellectual 
engagement, and cross-cultural curiosity. Hedonic wellbeing is more variable, often tied to relational 
and romantic experiences. Social connection fluctuates considerably, peaking during travel and 
community-embedded periods (Cambodia, Beijing, Taiwan) and dropping during more solitary or 
study-focused phases. The two most emotionally destabilising themes across the corpus are 
[redacted]. 

One methodological note worth flagging: the scoring here reflects keyword density from the extracted 
evidence rather than sentiment weights — so months with high activity in both directions (like May 
2024) score high on both dimensions simultaneously. That's actually a feature of this kind of corpus 
analysis, not a flaw: it captures emotional complexity rather than reducing to a single valence. 
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