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Abstract

The Wright-Fisher model, originating in Wright (1931) is one of the canonical prob-
abilistic models used in mathematical population genetics to study how genetic type
frequencies evolve in time. In this paper we bound the rate of convergence of the
stationary distribution for a finite population Wright-Fisher Markov chain with parent-
independent mutation to the Dirichlet distribution. Our result improves the rate of
convergence established in Gan et al. (2017) from O(1/ +/N) to O(1/N). The results are
derived using Stein’s method, in particular, the prelimit generator comparison method.
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1. Introduction

We focus on approximating the stationary distribution for a finite Wright—Fisher Markov
chain with parent-independent mutation, where the population has fixed size N and a fixed
number of allele types K. We represent this model as a discrete-time Markov chain (DTMC)
{U(?) : t € Z,} taking values in

K—1
vE = {ueBZK_l Lu; >0, Zuigl},

i=1
where § = 1/N is a scaling parameter, U;(f) denotes the fraction of genes that are of type
I<i<K-1l,and I — ZIK:*]l U;(1) is the fraction of genes of type K. For any u, y € VX and
probabilities py, ..., px such that Zlel pi < 1, the transition probabilities P, (y) =P(U(1) =
y|U(0) = u) of this process satisfy

K

Po(v)— N p= (1 N\ 1
u0) = <Ny1,...,NyK_1)g (=2 +p3) (L1)

i=1
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1322 A. BRAVERMAN AND H. L. GAN

Our DTMC is irreducible, aperiodic, and positive recurrent because its state space is finite, and
we let U denote the vector having the unique stationary distribution.

As it will be useful later, we informally give a common interpretation of the model and
how it models changes in allele types over time. In each generation of fixed size N, given the
parent generation, each individual in the offspring population independently chooses a parent,
uniformly at random. In addition to this random genealogy structure, a random mutation struc-
ture is added such that each individual offspring independently has a probability of mutating
to type i with probability p;. Otherwise, with probability 1 — ZIK: | Pi» the offspring does not
mutate and takes on the type of their parent. Note that in this structure each child could mutate
to the same type as their respective parent.

The Wright—Fisher DTMC, while easy to formulate, is known to be relatively intractable,
and hence, the limiting diffusion process as N — oo is of particular interest. The limiting dif-
fusion in this case is the well known Wright—Fisher diffusion, defined later in (1.8). Using the
tools of [21], one can show that the Markov chain converges weakly to the diffusion process.
Rates of convergence to the diffusion have been studied as well. In [11] the authors obtained
an explicit bound of order O(1/N) when K =2, but required bounded sixth derivatives on test
functions. A similar result can be found in the more recent work of [16], where the author
builds on the approach for Gaussian process approximation via Stein’s method in [1] to estab-
lish a rate of convergence for the Moran model (a continuous-time cousin of the Wright—Fisher
DTMC) to the limiting Wright—Fisher diffusion. The result in [16] is for the transient distribu-
tion of the Moran model and, like [11], requires K = 2. The rate of convergence obtained there
is of order O(1/N'/%).

In [13] bounds for quantities of the form |EA(U) — Eh(Z)| are derived, where Z is an
appropriately chosen Dirichlet random variable, and 4 is any general test function with two
bounded derivatives and a bounded Lipschitz constant on the second derivative. Under the
typical assumption for these models that the mutation probabilities are rare, in the sense that
pi =0O(1/N), [13] establish an upper bound on |EA(U) — Eh(Z)| that is of order O(l/\/]Tl). It
has been anecdotally conjectured to the authors that this bound may not be of the optimal order,
and that the correct order may be of order O(1/N), as suggested, for example, by the results of
[11]. In this paper we derive a bound of order O(1/N) for approximating the stationary distri-
bution assuming four bounded derivatives. Before we present the main result, we first define
the Dirichlet distribution and our appr0x1mating metric.

Let VK={ueRK":x>0,Y %' x;<1}). We define the Dirichlet distribution with
parameters 8 =(B1, ..., Bk), where B1 >0, ..., Bx >0, to be supported on the (K — 1)-
dimensional open simplex

K—1
int(@K)z {x:(xl, o Xk—1):ix1 >0, ..., xk—1 >0, in < 1} Cc RE-1,
i=1
The Dirichlet distribution has density

r -
Vst k)= =TT x e ing 5, (1.2)
[Ti=i T iy
where s = Zlel Bi, and we set xx =1 — ZK 11 x;. We assume that our mutation probabilities
pi satisfy
Bi .
pi=5y. 1=i=K (1.3)
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for some fixed 8 and all N > 0.
The metric we will be using is the Lipschitz type metric defined as follows. For any vector
a € ZX~1 consisting of nonnegative integer values and a function f : RK=! — R, let

ag—1 aj K1
Daf(x)=@~-wf(x), x e RE-L (1.4)
and define
Mj={h:RE" S R, sup [Dhx)| <1, 1< llally <j, a>0}. (1.5)
X

Then for any random vectors V, V' € REK=1 | set

dp;(V, V)= sup |[ER(V)—Eh(V).

heM,;

Lemma 2.2 of [18] proves that M3 is a convergence-determining class; i.e. dag,(V, V') — 0
implies that V and V'’ converge in distribution. Their result can be readily extended to show
that My, the class of functions used in this paper, is also convergence determining.

Theorem 1.1. Let U denote the random vector with stationary distribution for the transition
function (1.1), assume that the mutation probabilities satisfy (1.3) for some B >0, set s =
ZzK=1 Bi, and let Z be a Dirichlet random variable with parameter vector B. Then for all N
such that s/2N < 1 and N > 100K?,

2K2(1 + 5)2 + 20K315955(1 4 5)3 4+ 2K*1595K (1 + s)*
Ns
1 K3(10K)PK (4 + 65)I(s) 1
NFx/2=3 - sT(s — Bx)T(Bk) Bk (1 (1-1 /\/N)Isfﬂrll)
| 16- 1595FK3K + 12 N33 (1 10K(v/N — 1)(1 — s/ZN))N}

1
dm,(U, Z) < C(K)[W +

+

s(s — Br)*K N
Ks+6K*(1+s%) K
CK?| —————— 24— |,
+ C(K) [ s +N3

where C(K) < (K* 4+ 7975%)(4 x 12K + K - 11404°1595% + 1) and T (x) = [ +*~'e~"d.

We make two remarks. First, most of the terms are O(1/N) except for the one involving
N3—Pk/2_ The latter is also O(1/N) when Bx > 8 (without loss of generality, we can assume
that Bk is the largest of all the betas). We believe it to be an artifact of our methodology and
expect that it can be removed, although at considerable effort. Second, the constants of the form
CX (such as 1595%, not to be confused with C(K)) are again a result of our prelimit generator
approach and are not a fundamental part of the Wright—Fisher diffusion approximation error.
Though tracking error terms more carefully would result in a modest decrease of the value of
C in CX, the presence of these terms is an inevitable side effect of our prelimit approach. We
expand on both remarks at the end of this section after introducing the prelimit approach.

The primary tool used in this paper to prove the main results is Stein’s method. Stein’s
method is a powerful tool in probability theory that is used to derive an explicit bound for
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the difference between two probability distributions. Typically, one aims to use it to find an
upper bound on the errors incurred when approximating an intractable target distribution with a
commonly used simple reference distribution. It was first developed for the normal distribution
in [20] to bound the approximation errors when applying the central limit theorem, and it has
since been developed for numerous distributions, such as Poisson [4, 9], beta [10, 15], Dirichlet
[13], Poisson-Dirichlet [14], negative binomial [7], exponential [12] to just name a few. For
many more examples and applications, see, for example, the surveys or monographs [3, 8, 17,
19]. In the following we give a brief introduction to Stein’s method.

To successfully apply Stein’s method, one of the main approaches is what is known as the
generator method, first pioneered in [2]. Below we give a brief description of Stein’s method
in general, with a particular focus on the generator method, and details of our approach. In this
brief description we discuss the univariate case, but note that the multivariate case is analo-
gous. Our goal is to bound the difference between the typically unknown or intractable law of
our target random variable X with the law of a well understood and simple reference random
variable Z. Stein’s method can usually be summarised in the following three main steps.

1. Identify a characterising operator Gz or identity that is satisfied only by the distribution
of the reference random variable Z. In the generator method, the characterising operator
is a generator of a Markov chain or diffusion process, and the reference distribution is the
associated stationary distribution. The generator characterises its associated stationary
distribution through the identity that EGzf(Z) = O for all suitable functions f if and only
if Z follows the stationary distribution.

2. For any arbitrary function A, solve for the function fj, that satisfies
Gzfn(x) = h(x) — ER(Z). (1.6)
Then by setting x = X and taking expectations,
[EGzfn(X)| = [ER(X) — Eh(Z)|. (1.7)

Properties of the function fj, turn out to be crucial to derive a good bound with Stein’s
method. Typically, one will require good bounds on f;, and its derivatives or differences
if Z is continuous or discrete. Using the generator method, one can usually express fj,
in terms of the semi-group of the process defined by Gz, and exploit properties and
couplings of the process that found such bounds.

3. The goal is to bound (1.7) for all # from a rich enough family of test functions H,
where H is typically a convergence-determining class. Rather than directly bounding
|Eh(X) — Eh(Z)|, which would typically require knowledge of the unknown density or
distribution function of X, the final step is to derive a bound for [EGzf,(X)| that is more
tractable. Standard approaches often involve Taylor expansions and couplings.

In [13] the above approach is used where Gz is the generator of the Wright—Fisher diffusion,

1| %2l of K—1 of ek
Gaf @) =5 ijZZIzi<8ij—z,-)aZiazj<z>+g(ﬂi—szoa—zl_(z) , zein(VE),  (1.8)

where s = Zle 1 Bi and §;; denotes the Kronecker delta function. The stationary distribution
associated to this generator is the Dirichlet distribution on int(VK) with parameters By, . .., Bk.
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Recalling the definition of U as the stationary distribution associated with (1.1), letting Z ~
Dir(B1, - . ., Bk), a bound for |[EA(U) — Eh(Z)| is derived by finding a bound for |EGzf,(U)|.
The following (Stein) lemma formalises the link between Gz and Z.

Lemma 1.1. The random vector Z ~Dir(B1, .. ., Bx) if and only if, for all f € C*(VK) with
bounded partial derivatives up to the second order and Lipschitz continuous second-order
partial derivatives,

EGzf(Z) = 0.

In [5] a variation of the generator method was innovated, namely the prelimit generator
comparison approach, which is the approach we use in this paper. We briefly describe the gen-
eral idea of the approach and how it compares with the traditional generator method. The full
details of our approach are contained in the appendices. The traditional generator comparison
approach works by noting that (1.7) yields

IEA(X) — ER(Z)| = [EGzfi(X) — EGxfn(X)I,

where Gy is a characterising operator/generator for X, and hence, EGxf,(X) = 0. Typically, X
will be a discrete object and Z will be its continuous limit. The generator comparison approach
then follows the intuition that if X is approximately equal to Z then the operators Gx and Gz
should also be approximately equal, and the distributional distance between X and Z can be
quantified by the differences in Gx and Gz. In a sense, this approach takes the discrete object X
and evaluates it with respect to the continuous operator Gz. The prelimit generator comparison
approach swaps the roles of the continuous and discrete terms.

Let 7: 879 +— R, where 8 > 0 is a test function defined on the lattice §Z¢. For a random
vector U that takes values on 8Z¢, suppose there is a characterising operator Gy and given h
one can find the solution to the Stein equation

Gufi(u) = h(u) — Eh(U). (1.9)
Then, naively speaking at least, for some continuous Z and its characterising operator Gz,
|ER(Z) — Eh(U)| = |EGufn(Z) — EGzfn(Z)|. (1.10)

The general approach remains similar to the typical generator approach, the bound is reliant
upon Gy and Gz being close. One can now see however that in comparison to the standard
generator comparison method, we are putting the continuous object Z into the discrete (state-
space) generator for U. This can be advantageous if the solution f;, to the Stein equation (1.9)
with respect to the discrete generator is tractable. Unfortunately, (1.10) is not that straight-
forward as Gy is only defined on the lattice §Z¢, but we wish to input the continuous object
Z. To address this issue, a smoothing interpolation operator for Gy is required, which will be
described in detail in this paper.

Although the task of interpolating Gy is conceptually straightforward, its execution is non-
trivial. Thus, examples of the prelimit approach in practice are crucial for its proliferation. To
date, only two examples exist. A simple single-server queue (M/M/1 model) is considered
in [5], while [6] considers a much more involved queueing model—a load-balancing model
under the join-the-shortest-queue policy. The former is a simple one-dimensional model that
does not fully illustrate the challenges of interpolating Gy, while the latter example is extremely
involved due to the complicated dynamics of the queueing model. The Wright-Fisher model
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we consider falls nicely between these two examples in terms of difficulty—our model is multi-
dimensional, highlighting all the challenges of interpolating Gy, whilst the task of bounding
the Stein factors, which is unrelated to interpolation, is relatively straightforward. Additionally,
this paper refines the original implementation of the prelimit generator approach in [5]. We
present several results in Appendix A that simplify working with the interpolating operator.
Specifically, we state and prove Lemma A.1, Lemma A.2, Proposition A.1, and Corollary A.1.
We anticipate that these results will help future users of the approach.

The approach used in [13], follows the traditional generator method described earlier,
whereas we use the prelimit generator comparison method in this paper. There are advan-
tages and disadvantages to either approach. If we consider the main three steps in applying
Stein’s method discussed earlier, steps 1 and 3 are more or less the same in both approaches.
Step 1 is in the traditional approach involves finding a diffusion operator that characterises
the Dirichlet distribution. In the prelimit approach, in addition to the same operator, we also
require an operator for the discrete population Wright—Fisher Markov chain stationary distribu-
tion, which is not difficult. Step 3 in the traditional approach in [13] uses an exchangeable pair
coupling, and ultimately the main work involves a series of moment calculations for the dis-
crete stationary distribution. In the prelimit approach, near identical calculations are required.
The primary difference between the two approaches lies in step 2. In [13], solving the Stein
equation and bounding the derivatives of the solution, known as the Stein factors, is a lengthy
process and requires knowledge of coalescent theory and a dual process representation of the
Wright—Fisher diffusion process governed by (1.8). These bounds are one of the primary con-
tributions of [13]. In contrast, using the prelimit approach, we instead require Stein factors
for the Markov chain associated with (1.1), which we bound in Lemma 2.3. The bounds are
simple, elegant and require only a short proof using elementary Markov chain knowledge and
couplings. The price we pay to use this simpler approach for the Stein factors is the require-
ment for an interpolation operator, which leads to numerous technical difficulties, and this is
the main trade off between the two approaches.

Lastly, expanding on the two remarks we made following Theorem 1.1, the N3~#k/2 appears
because we use an interpolation operator based on forward differences and, as a result, we
have to treat the case when Z is close to the ‘right’ boundary of VX separately. Getting rid
of the N37Pk/2 term would require modifying our interpolation operator to use forward and
backward differences when close to the ‘left’ and ‘right” boundaries of VX, respectively, and
central differences ‘in the middle’ to smoothly transition between the forward and backward
differences. The CX terms are an inevitable consequence of extending a function defined on
the grid 8ZX to the continuum. For example, see Appendix A.1 where we prove inequalities
(A.4) and (A.8) of Theorem A.1.

The remainder of the paper will be as follows. In Section 2 we outline the proof to
Theorem 1.1, then provide a number of technical lemmas, and given these lemmas, we prove
Theorem 1.1. The proofs of the technical lemmas are relegated to the two appendices.

2. Proof of the main theorem
2.1. Notation

1. For any function f : VK — R, and a nonnegative integer valued vector a, let

Bi(f) = sup{|A“f ()| : lall; =i, u € VX, and u + 8a € VX}, 2.1)
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where A? refers to the forwards difference operator with step size §, and analogous to
the definition of (1.4), a indicates in what directions the forward differences are taken.
Note that given ||a||; =i, A% is the composition of i forward differences in the directions
indicated by the entries of @ and not a single forward difference in the direction of a
treated as a whole. For example, if a = (1,0, ..., 0) then A% (u) =f(u + Se1) — f(u)
andifa=(1,1,0,...,0)then A% (u)=f(u+ de; + dex) — f(u + Se1) —f(u + Sez) +
f(8u), where e; denotes the usual standard basis vector with 1 in the ith component.

2. We reserve the variables u (and U) to emphasise when a function is defined on the lattice
VK, and x (and X) when the function is defined on the continuous simplex VX.

3. The vector e is reserved to denote a K-dimensional vector of ones, that is, e =
(1,1,...,1). Furthermore, any inequalities with respect to e are intended to be
element-by-element wise. That is, if x < e then x; < ¢; for all i.

4., Weuse X = Zl[; | Pi to denote the sum of the mutation probabilities in (1.1).

2.2. Outline of the proof

Recall that our goal is to bound d, (U, Z) = supje rq, [ER(U) — Eh(Z)|. We achieve this
bound in three main steps.

1. Solve the Stein equation: identify a charaterising operator for Gy for U and then, for any
function i € Mgy, solve for fj, that satisfies the Stein equation

Gufi) = h(u) — Eh(U). 2.2)

2. The interpolation operator: we would like to simply substitute # = Z in (2.2) and take
expectations, but Gy is not well defined for continuous objects as it characterises U
that is discrete. We therefore extend f;,(u) to take arguments from VX using a carefully
chosen interpolation operator A that satisfies Afj,(x) = f;,(u) for all x =u € VX, and A
applied to a constant equals that constant. Then by applying A again to (2.2),

A(Gu(Afn)x) = Ah(x) — ER). (2.3)

3. Generator expansion: noting that EGzAf,(Z) =0, then by setting x =Z in (2.3) and
taking expectations,

E[AGuAfi(Z) — GzAf(Z)] = EAWZ) — Eh(U). 2.4)

We therefore need to carefully bound the left-hand side. We achieve this via Taylor
expansion of AGyAf,(x). The choice of A plays a crucial role here as we will have
specifically chosen A in such a manner that the derivatives of Af;, correspond to the
finite differences of f;, up to the fourth order.

2.2.1. Solving the Stein equation As the concept of a generator for a DTMC is relatively
uncommon, for the benefit of readers, we spend some time to define the generator and the
general form of the solution to its Stein equation.

Definition 2.1 Let U(t) be the Wright—Fisher Markov chain with parent-independent mutation,
rescaled to take values on VX C 874, For any function f from a suitable class of test functions
F, we define the Markov chain generator of this process Gy as

Guf @) =E[fU))UO) =u] — Ef@), wueV~.
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Note that we will use subscript notation on generator operators, for example, Gy, to
associate a generator with its stationary distribution U.

Lemma 2.1. Let U(t) denote a Markov chain governed by the generator Gy, then for all h €
My, the function

fuw) =Y [ERU)|UO) =u) —ELU)], ueV¥ (2.5)
1=0

is well defined, and is the solution to
Gufu(w) = h(u) — Eh(U), ue VX

Proof. This can be shown by adapting Lemma 2 of [5] to the discrete-time setting (see also
Lemma 1 of [2]). O

2.2.2. The interpolation operator Our proof relies on the ability to extend any function
f:8Z% — R to R? in a way that the derivatives of the extension correspond to the finite dif-
ferences of f. Many such extensions are possible, but we use an interpolating seventh-order
Hermite polynomial spline. The spline is a linear operator A acting on functions f : Z¢ — R
and returning an extension Af : RY — R. When d = 1,

4
Af) =) g Bk(x) +i), xeR, (2.6)
i=0

where k(x) = |x/§] and alljﬂ. :R — R are weights defined forallke Z and i =0, ..., 4, mak-
ing A f(x) a weighted sum of the five points f(5k(x)), . . ., f(6(k(x) + 4)). We use five points so
that the derivatives of A f(x) capture the finite differences of f(x) up to the fourth order.

The details about a,’g n ;(x) and the definition of A f(x) for d > 1 are left to Appendix A. For
the purposes of this section, it suffices to know that A is a linear operator, Af(x) = f(u) for
x =u €874, Af(x) is twice continuously differentiable, and that A applied to a constant equals
that constant.

2.2.3. Generator expansion We first define a discrete analog of M;. Let
Masej= {5757 > R, |a%ok)| <810 1 < lally <j, skesz¥), j>1.

The following lemma, which we prove in Appendix B, shows that the Taylor expansion of
A(Gu(Afy))(x) equals GzAf,(x) plus an error term on a subset of VX, To state it, we define

K—1
VA ={we VK ux > 10K/VNy ={ueV¥: ) u<1-10K/VN}, (2.7)

i=1

and let VX = Conv(VX). Note that VX ¢ if 1 — 10K/+/N >0, or N > 100K?, which we
assume going forward.

Lemma 2.2. The extension A(Gy(Afy))(x) is well defined for all x € 6{5 . Furthermore, if the
mutation probabilities satisfy (1.3) for some B > 0 then

A(Gu(Afi)(x) = 8GzAf(x) + eg(x), x e VE,
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where GzAfy(x) is defined in (1.8) and, for all N > 0,

leg(®)| < K*2(1 + $)2Cy 4(K)Ba2(fi))
+ K85Cq 4(K)(Cy_10EK)B2(fi) + Cq 11 (K)S ™' Ba(fi))
+ K2(1 + $)*Cp 4(K)(5C4 10(K)B3(f) + C4_11(K)S " Ba(fy))
+ K21595520(1 + 5)>Cy4 4(K)3 ' B3(fu)

+15955K*Cy 4(K) ((2 +5)*872Ba(fy)

(4K + 1)N*K 10K(+/N — 1) N s
1-— 1-%)) 6°16KB .
oo ) 1)
The final main ingredient needed to prove Theorem 1.1 are bounds for the Stein factors
Bi(fp).

Lemma 2.3. Let fy(u) be defined as in (2.5), then for all h € Mgisc 4,
i

B; <—.

l(fh) =1 _(1 — E)l

2.3. Proof of Theorem 1.1

We recall that to prove Theorem 1.1 we need to bound d a4, (U, Y). Recall that 6 = 1/N. The
following lemma relates M; to Mgjsc ;. We prove it in Appendix A after stating Proposition
A.l.

Lemma 2.4. There exists C(d) > 0 such that, for any V € §Z¢ and V' € R?,

dp,(V, V)< sup [ER(V)—EAW(V)| + Cy 11(d)8*, (2.8)
he Misc.4

where C4.11(d) is as in Proposition A. 1.
We require the following auxiliary lemma, which is proved in Appendix A.

Lemma 2.5. Assume that the mutation probabilities satisfy (1.3) for some B > 0. Then for any
he Mgisc.a andu vk,

|h(w)| < [h(O)] + 1,
|AR(Z)| < |R(0)| + Cy 4(K),
IGZAMD)| < Cp 4(K)2 + )8 K> Bi(fy).
We are now ready to prove the main theorem.

Proof of Theorem 1.1. Fix h € Misc 4. As a consequence of Lemma 2.4, it suffices to bound
|ER(U) — EAR(Z)| to prove Theorem 1.1. Recall the Stein equation (1.9), or

Gufu(w) = h(w) — Eh(U), ue VX,

Define fi,(u) = 0 for u € §ZX—1 \ VX (this choice is made for convenience), which allows us to
define Af;,(x) for all x € RK~1. Since Afj,(x) = f;,(u) for x =u € VK, the Stein equation yields

Gu(Af)w) = h(w) —EhU), ue VX
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Note that Gy(Afy)() is only defined for u € VX even though Afj,(x) is defined on RK—1.
Applying A to h(u) — Eh(X) and recalling from Lemma 2.2 that AGu(Afp)(x) is well
defined for x € Vg, we see that, for any x € RE-1
Ah(x) — Eh(U) = A(Eh(U) — h)x)1(x € V) + A(ER(U) — h)(x)1(x & VX)
= AGuAf)®1(x € V) + (ERU) — Ah(x))1(x & V).
We claim that Afj(x) satisfies the conditions of Lemma 1.1, implying that EGZAf,(Z) = 0.
Our claim holds because Afy(x) is twice continuously differentiable, and Afj,(x) has compact
support, which follows by Theorem A.1 of Appendix A since f;,(u) = 0 for u € §ZX=1\ VK,
Setting x = Z and taking expected values yields
EAR(Z) — Eh(U) = E(A(Gu(Afi)(Z) — 8GZAMZ)) L(Z € V)
+ E(EA(U) — AW(Z) — 8GzAf(ZD) (Z ¢ VE)
=Eeg(Z)1(Z € VN) + E(Bh(U) — AWZ) — §GzAf(Z)) L(Z & V).
To bound the first term, we recall assumption (1.3), which implies that ¥ = §s/2. Combining
Lemma 2.2 with the Stein factor bounds in Lemma 2.3 then yields

2
leg()] < K*2(1 +s)2CA_4(K)1 —

(1-%)?
2 83
+ K(SSCAA(K)(CA.]O(K)m T CA11K T a1— E)4>
2 2 8 —3
+K2(1+35) CA.4(K)(5CA.10(K)m TeAN® Tz 2)4)
2
3 K 3 - -
+ K°1595%20(1 + 5) CA,4(K)1 -3y
2
K 14 4 7
+1595% K CA_4(K)<(2+S) —(—3¢
(4K + N 10K(+v/N — 1) N s 1
Rt (1_ S (1—2)) §7516K'S )

Note that (1 — (10K(+/N — 1)/N)(1 — £)) behaves like e 1%§¥N for large N. Let us bound
the second term. Recall that Z has density given by (1.2), which implies that Zx ~ Beta(Bg, s —
Bxk). Therefore,

P(Z ¢ VE) = P(Zx < 10K/+/N)

flOK/JN I'(s)
- 0

(s — Bx)T'(Bk)
I'(s) 1 <1OK

=TG- BT Bx \ N

(1— xK)s_ﬂK_lxlﬂ(K_lde

Jﬁ)ﬂk<1 + (1-— 1/\/11V)s—ﬂ1<—1|)

< Cp.108%2, 2.9)
where
I'(s) (10K)Px 1
C = 1 . 2.10
207 TG =Bl (Br) Px <+(1_1/W)|s—ﬂK—1|> (2.10)
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Without loss of generality, we may assume that 4(0) = 0. Otherwise, we can replace h(u) by
h(u) — h(0) without affecting the value of EA(U) — EAA(Y). Observe that

E(|ERU) — AW(Z) — 3GZAf(2)|1(Z £ VE)
E((EIWD)| + 1AK@)| + 81G2A2)))1Z ¢ VE)) )

(1+ Cy4(K) + Cq 4(K)Q2+ )8 K>B1(f))P(Z ¢ VE)
(1+ Cy4(K) + Cq 4(K)2 + $)K2/5)873Cy 18P/

INIA

A

In the second inequality we used Lemma 2.5. In the last inequality we used (2.9), the fact
that § < 1, the Stein factor bound B (f;) < §/ X from Lemma 2.3, and the fact that §/ X =2/,
which follows from (1.3) and the definitions of s and X.

The final bound now follows from choosing C(K) to be a uniform upper bound for Cy4 4(K),
Ca.10(K), and C4 11(K) and some routine simplification and rearrangement. U

Appendix A. The interpolator A

The operator A discussed in this appendix is identical to the one introduced in Appendix A
of [5]. We repeat some of its key properties, originally presented in [5], as they are needed for
the proof of Theorem 1.1. We also present several useful technical results about A that are not
found in [5]. Namely, Lemma A.1, Lemma A.2, Proposition A.1, and Corollary A.1.

Building on the discussion in Section 2.2.2, for a one-dimensional function f : §Z — R, we
define

4
AF() =" eyl OF (k) + 1),
i=0

where k(x) = |x/&] and oz,li i R — R are weights. Braverman [5] described how to choose
these weights to make Af(x) coincide with f(-) on grid points, and also to make it a differen-
tiable function whose derivatives behave like the corresponding finite differences of f(-). The
idea can be applied to multidimensional grid-valued functions as well. The following result
builds on Theorem A.1 of [5]. We use this as an interface that contains the important properties
of A without delving into the low-level details behind its construction.

Theorem A.1. Given a convex set K C R, define
Ky={x e KNSZ: 8(k(x)+i) € KNSZ for all 0 <i < 4de},
where k(x) by kj(x) = |xj/8]. Let Conv(Ky) be the convex hull of K4 and for x € R, There

exist weights {alk‘+i ‘R—>R, keZ, i=0,1,2,3, 4} such that, for any f : KN 874 — R, the
function

4 4
AfG) =Y ol ) Y el ) (8K (x) + 1)

ig=0 i1=0
4 d .
= Z ( akj(i)ﬂ.j(xj))f(S(k(x) +1)), xe€Conv(Ky) (A.1)
iyenig=0 j=1
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satisfies Af(x) € 3 (Conv(Ky)), wherei = (i, . .., ig) in (A.1). Additionally, Af (x) is infinitely
differentiable almost everywhere on Conv(Ky),

Af(8k) =f(8k), Sk € K4, (A.2)
and for 0 < |la|l; <3,
|D*Af(x)| < Cy 4(d)s~ Ml , max [A“F(8(k(x) +1))|, x € Conv(Ky), (A.3)
<i<4e—a
where
Cy 4(d) < 11404715957, (A.4)

When |lall1 =4, (A.3) also holds for almost all x € Conv(Ky4). Additionally, the weights
{algﬂ. :R—>R, keZ, i=0,1, 2,3, 4} are degree-7 polynomials in (x — §k)/§ whose coef-
ficients do not depend on k or §. For any x € R, they satisfy

af(k)=1 and of (5k)=0, keZ, i=1,2,3,4, (A.5)
4
Yoo m=1, kel (A.6)
i=0
a’,;jjf L) =ak . i) keZ, (A.7)
|0 < 319. (A.8)

We prove (A.4) and (A.8) in Appendix A.1. The rest of Theorem A.1 is identical to Theorem
A.1 of [5]. We now present three useful properties of A. While Theorem A.1 only guarantees
that Af(x) is thrice continuously differentiable, we need to control the fourth-order remainder
term in the Taylor expansion of Af(x). The following lemma, which would have been trivial if
Af (x) were four-times continuously differentiable, helps with this. Define

D= {f: R > R: forallx,y € RY [f6) —f0) < e —yl1_swp D@1}, (A9)
min (x.y)<z
z<max (x.y)
lall ;=1
where the minimum and maximum are taken elementwise.
Lemma A.1. Foranyf : 87 — R, let Af(x) be as defined in (A.1). Then D*Af (x) € D for any
a > 0 with ||la|, = 3.

The second lemma is a useful identity for applying A to products of functions.

Lemma A.2. Givenf, g: 74 — R let h(u) =f(u)g(u). There exists ep:Rd — R and a constant
C(d) such that
Ah(x) = Af(x)Ag(x) + €(x),
lep@)] < C4q.10(@) ”tflrﬁaxl |A%g(8(k(x) + 1)) ”‘Ilrﬁaxl |Af(S(k(x) 4 D)),
1= 1=

0<i<de—a 0<i<de—a

C4 10(@) < 7975457 + d11404°1595%). (A.10)
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For our third result, let f(x) be a function defined for all x € R? and let f(u) denote its
restriction to 8Z¢. Proposition A.1 provides an upper bound on how well Af(x) approximates
f(x). The smoother the function f(x), the higher the exponent of § in the error bound.

Proposition A.1. Suppose that f € C°~L(RY) for some s € {1,2,3,4} and that D*f(x) € D¢
when ||a||1 =s — 1. Then

[f(x) = Af@)| < Cyq 11(d)8’ max sup |Df(8k(x)+2)l, xeRY,

lalli=s 0<z<5se
Cp11(d) < d*(4 x 129 411404715957 + 1). (A.11)
The following corollary plays an important role later on in the proof of Lemma B.2.
Corollary A.1. Iff : R? — R is a polynomial of degree at most three then Af(x) = f(x).

Proof of Corollary A.1. If f(x) is a polynomial up to the third order, then its fourth-order
derivatives are zero. The result follows from applying Proposition A.1 with s =4. (|

We now prove Lemmas A.1 and A.2, and Proposition A.1, in that order.
Proof of Lemma A.1. Given x,y € R?, define

XD =, X, Yy, 1<j<d,

and note that x() =y and xY = x. Fix a € Z¢ witha > 0 and ||a||; = 3. Then

d—1
DAf(x) — D*Af(y) = D*Af (x'D) — D*Af(xV) = Z DAF(xYtD) — D*Af(xD).

j=1
‘We now show that

ID“Af (YD) — D*"Af(e) < |xj —y;|  sup  |DPAf(Q).
min (x,y)<z
z<max (x,y)

Suppose that j = d — 1; the argument is similar for other values of j. Note that

D*Af(x)
4 4
k k .
=gy ( 3w S ) Y e f k) + z)))
iq=0 i1=0
_ add ka(xq)
- 3 Z akd(xd)'Hd
ig=0
4 G 4
a 1 (xg— ki(x1)
[add 1 < D G g Cam) - B < ey 4y D B RCE) + l))))]
ig—1=0 i1=0
where the first equality follows the definition of Af(x) in (A.1). Treating x1, . . ., x4—1 as fixed,
let us consider the term inside the square brackets as a one-dimensional function in the dth
dimension. To be precise, we define gy, . _,18Z — Ras
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8x1,...xq-1(88)
4

4
ag—1 kg—1(xg—1) aj ki(x1)
- 84 1 < Z akd—l(xd—l)+id—l(xd_l) T 81 ( Z ey (e )+ (1)

ig—1=0 i1=0
x f(8Ck(xt, ...y Xg—1, 0) + ity - - ., a1, 0))+5£)>>, Lel.

Then

4
k. .
DPAF) = 35 3 ) ()8 gy (Skaxa) + i) = 09 Ag, .. xy, (3a)-

ig=0

Theorem A.1 states that Agy, ., ,(xq) is infinitely differentiable almost everywhere. Thus,

ID*Af(xD) — DAf (x4 D)]
= |aadAgxl,...,xd,1 (xd) - aadAgxl,...,xdfl(de

Xd
[ e

< |xa — yd| sup 109+ Agyy gy (2a)]
(xdAYa)<zd <(xgVya)
<|x¢—yasl ~max sup  |D* Af(2)l,
la’lli=llali+1 min (x,y)<z
z<max (x.y)
where in the last inequality we used Z)‘W‘lAgx1 ,,,,, xg_ (Xa) = 04D Af (x). O

Proof of Lemma A.2. Using (A.1) of Theorem A.1, for x € R4,
Ah(x) = Z ﬂ a4 G OKCX) + DB (K(x) +)

k/(x)

= Z l_[ak(x>+, (DAF()g(B(k(x) + i)

+ Z H 0 o1 O (FOUKCX) + ) — AF () (B (k) +1).
i1 yeensig=0 j=1
By the definition of A,
Z H 0 1 CDAF O (K(x) + 1)) = AF ()AG().

Furthermore,

Z H 0 1 O (FOKGO) + ) — AF () (B(kCx) + 1)

Z H 0 o1 G (FOKGO) + ) — AF () ((8(K(x) + ) — (kX))
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because again, by the definition of A,

4 d
S T D (FOGK) +)) — AF()) g(Skx) = QSK()NAF (x) — Af(x)) = 0.

i1,..0,ig=0 j=1
Setting

ep(x) = Z Ha,’ijfﬁﬂ,(xj)(ﬂak(x)+i))—Af<x>)(g(a(k(x)+i>)—g(6k<x>)),

i1,..,0g=0j=1
we have shown that Ah(x) = Af (x)Ag(x) + €,(x). Since

kj(x)
|0‘k (0 +ij () =319

by (A.8), it follows that
lep(x)] < 593194 [max (I (8(k(x) + 1)) — Af(x)|g(3(k(x) +1)) — g(8k(x))]).

To conclude the proof, we argue that

18(8(k(x) + 1)) — g(8k(x))| <57 max, |A%g(3(k(x) + )1,
all|=
0<j<de—a

[F(8(k(x) +)) — AF ()] < (57 + dCy 4(d)) ax, |AF (3 (k(x) +7)I,

I
0<j<de—a

which, when combined with the bound on Cy4(d) in (A.4), yields Ca.10(d) <79759(5¢ +
dCp4(d)) <7975%(5 + d11404°1595%). The first inequality follows by rewriting g(8(k(x) +
1)) — g(8k(x)) as a telescoping series and using the fact that i < 4e. Similarly,
[f(8(k(x) +1)) — Af(x)| < [f(8(k(x) + 1)) — f(8k(x))| + [f(8k(x)) — Af (x)]
<57 max  |AYFSKkE) + )| + [f(k(x) — Af ()],

lall =1
0<j<4e—a
and
f (8k(x)) — Af (0)] = |Af (8k(x)) — Af(¥)| < Ilx — 8k(o)ll1  sup  |DAf(2)
z€[8k(x),x]
lall=1
<8d sup |DAf(z)|
z€[8k(x),x]
lalli=1
< dCy 4(d) max, |AF(8(k(x) + D)),
O<z<l4; a

where the last inequality is due to (A.3) of Theorem A.1. O

Fix a function f(x) satisfying the conditions of Proposition A.1. The following is a key
auxiliary lemma, which we prove after proving Proposition A.1.

Lemma A.3. Forany§ <1,s€{1,2,3,4}, and 1 < |a|; <s—1,
DAf(8k(x)) = D*f(8k(x)) + 1295° 14 E©) ([8k(x), $(k(x) + 3e)]), x €R?,

where, for any A C R?, E®)(A) denotes a quantity that satisfies
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IE®A)| < max sup |Df(2)|. (A.12)

lalli=s zeA

Proof of Proposition A.1. Throughout the proof we let E®)(A) denote a generic quantity that
satisfies (A.12), but whose value may change from line to line. Expanding both f(x) and Af(x)
around 5k(x) yields

s—1 1 d
AfE) —f)= ) il > (]‘[(xi —Ski(x»“f)(D“Af(ak(x))—D“f(8k<x)))
j=1

Ta:lalh=i =l

d
1 .
+ (s=1! .. |Ia%;s1 <D (xi — 8ki(x)) ‘) (D°Af(&)) — D*Af(8k(x)))
1 d
teon ) < [Tei- (Ski(x))ai) (D*f (&) — D*f(8k(x))),

a:lal=s—1 "~i=1

where &, &, € [§k(x), x] C [8k(x), 5(k(x) + e)). Consider separately each of the three terms on
the right-hand side. Since |x; — 8k;(x)| <8, then

s—1 d

1
> F] > (H(xi—aki(x)>“f>(D“Af(8k(x))—D“f(akoc)))
Jj=1

Ta:alli=j N i=1

s—1
1 , ‘
< 21: i > slaliss—leli 2 EO ([8k(x), 8(k(x) + 3e)])
]:

“atllal=j
s—1
<> _l'dfas12dE(s)([8k(x), 8(k(x) + 3e)])
=17

< 4d* 12985 ED ([8k(x), 8(k(x) + 3e)]).

The first inequality is due to Lemma A.3, the second is due to the fact that there are at most &
permutations that yield ||a||; =, and the final inequality follows from j < s <4.
For the second term we note that
1
(s— D!

d
> ( []wi- ak,(x))“f) (D"Af (&) — D"Af (8k(x)))

a:llai=s—1 *i=1
<d*'8 7 D AF(E ) — DUAF(Sk))|

<d7'87 g = sk@)l1  sup  |DAf()|
Sk(x)<z
z2=<8(k(x)+e)
lall;=s

<d8Cy4@57 " sup  max  [AYF(S(k(z) + D))
: Sk(x)<z O=<i<de—a
z2<8(k(x)+e)
lalli=s
<d’8°Cq4(d)  sup  |Df(2)]
Sk(x)<z

72<8(k(x)+5€)
llally=s

< d°8°Cy 4(EW([8k(x), 8(k(x) + 5e)]).
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The second inequality holds because we assumed that D*f(x) € D9 when |la||; =s — 1. The
third holds because ||§; — §k(x)||1 < d8 (since 5k(x) <& <x < §(k(x) + e)), and by (A.3). The
second-last inequality is a consequence of the fundamental theorem of calculus: suppose that
A (k@) + D) = Aj, - - - Aj f(8(k(z) +1)) for some 1 <ji, ..., js <d. By our assumptions
that f € C*~'(R?) and that D% (x) € D? when |a|; = s — 1, it follows that

1A, -+ A, f(8(k(z) + D)

§ §
Ajs /(; T /(; 8J':—l e ajlf(s(k(Z) +i)+ Yié€j, +---+ stlejs,l)dyl ce dysfl

<8  sup IDf(Z). (A.13)
S(k(z)+i)<z'
7 <8(k(z)+i+a)

Finally, for the third term, since we assumed that D*f(x) € D¢ when |al; =s— 1,

d
1 .
(S _ l)‘ .. ”a”ZI_S_l (llj! (Xi - Skl(x)) l) (Daf(SZ) — Daf((Sk(x)))
<d 187V E —sk@)lli  sup  |DPAf()|
Sk(x)<z
ziﬁsélﬁ(lx:)-;-e)

< d* '8 ASES ([8k(x), 8(k(x) + )]).
Adding up the bounds on the three terms and using the fact that s < 4 yields

Cp11(d) <d* (@ x 127+ Cp 4(d) + 1) <d* (4127 + 1140415957 + 1). -

To prove Lemma A.3, for f: RI—>R, 1<i<d, and x € RY, we define A?f(x) =f(x),
AL fx) =f @),
Af () =f(x + dei) — f(x),
XU Lo, bl
R{Vre) = (ai- 387 + 387 )fw).
APf)= (A7 - A))f),  APf() = AJf). (A.14)
Lemma A.4. Given f : R? — R and the corresponding Af (x), for 1 < |la||; <3,
D*Af(Sk(x)) = s Il A0 RO r(sk(x)),  x eRY

We now prove Lemmas A.3 and A 4.
Proof of Lemma A.3. Fix s € {1, 2, 3,4} and a with 1 <||a||; <s— 1. Forany A C RY, we
write El(.s) (A) to denote any quantity satisfying

IE®(A)] < sup |85 @)],

Z€A
and recall from (A.12) that E®)(A) denotes a quantity satisfying

EV@)] < max sup [Df(2)].
a

lalli=s zeA
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Suppose we have shown that, for | <i<dand 1 <j<s—1,
AVf(x) = §9lf (x) + 58°E) (Ix, x + 38e,1). (A.15)
Combining (A.15) with Lemma A.4 yields
D Af (8k(x))
= s lali AR5k (x))
= gl Zla0 L R (5% 5% £ (5k(x)) + 58°ES ([8k(x), S(k(x) + 3ea)]))
=y laligaa Rl XY Vgearsk(x))
4 55s i Atan L RV ES ([5k(x), 8(k(x) + 3eq)])
— s llallgaa Rl . Rla2)(saa1 -1 gdd g sk (x)) 4+ S8 ES | ([8k(x), S(k(x) + 3e4-1)])
+5aslalh K KE D EQ ([8k(x). 8(k(x) + 3eq)]).
Continuing recursively, we arrive at
DAf (8k(x)) = sl gar ... 59 DO f(Sk(x))
+ 55 lalisaa 592 E9)([5k(x), S(k(x) + 3e1)])
L
55 lali Al RO VED (8k(x), 8(kx) + 3eq)]) (A.16)

We now argue that, forany 1 <j<d — 1,
K- ROTVED ([k(x), 8(k(x) +3ep]) = 127 EO([Sk(x), (k@) +30)]).  (A17)

because applying (A.17) to (A.16) and using the fact that § < 1 yields
-1
DAF(5k(x)) = DF(5k(x)) + 58° el ( > 121*1)E<S>([5k(x), 5(k(x) + 3e)])
j=1
= D (8k(x)) + 129851l EO ([sk(x), 5(k(x) + 3e)])
where the second equality follows from 5 Zd_l 1271 < 124, To prove (A.17), we set j=d

and evaluate A(al) A(ad 1)E(Y)([ék(x) 8(k(x) + 3e4)]). We remind the reader that, for any
1<f<d-—1,

AED([5k(x), 8(k(x) + 3eq)])
= ES([8k(x + Sey), S(k(x + Seq) + 3ea)]) — ES([5k(x), S(k(x) + 3eq)])
= 2ES([8k(x), 8(k(x) + e¢ + 3eq)]),

where in the second equality we used the fact that k(x + dey) = k(x) + e, which follows from
the definition of k(x). Similarly,

AZED([5k(x), 8(k(x) + 3ea)]) = 4ES ([8k(x), 8(k(x) + 2e¢ + 3eq)]),
AJED([8k(x), 8(k(x) + 3ea)]) = 8ES ([8k(x), 8(k(x) + 3e; + 3eq)]).
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These expressions, together with the definition of A(adll)f(x) in (A.14) and the fact that
0 <ay—1 <3, imply that

A(ad l)1’5(3)([5/6(«\7) 3(k(x) + 3eq))) = 12E(3)([5k(x) S(k(x) + 3eq—1 + 3eq)])
and, similarly,

Al R VED ([5k(x), 8(k(x) + 3ea)]) = 1297 EQ ([8k(x), 5(k(x) + 3e)])
= 1297 TEO([8k(x), S(k(x) + 3e)]),

proving (A.17).
It remains to prove (A.15). Suppose that s = 4, Taylor expansion yields

Afx) =83 x) + = 523 2f(x) + — 533 R 84E(4)([x x + de;]),
AZf(x) = 8207f(x) + 807 f(x) + —34E§4)([x, x + 25e;]),
A x) =8 (x) + — 84E(4)([x x + 38e;]), (A.18)

The second equality is obtained by applying A; to both sides of the first equality and observing
that

AED (x, x + Sei]) = E{([x + de;. x + 25e]) — EfV([x. x + de;]) = 2E{([x. x + 25e,)).

Similarly, the third equality is obtained by applying A; to both sides of the second equality. To
prove (A.15), we combine (A.18) with the definition of Z?)f(x) to obtain

1 2
AVf@) = 80 (x) + - 84E(4)([x x +deil) — 5 x 564E§4)([x,x+28e,-])
1 17
+3 % F341554>([x,x+ 38e;])
=80 () + 268*EP ([x, x 4 35e;]),

and

APfx) = 62021 (x) + 458*EP([x, x + 38e:]),
AVfx) = 8207 F(x) + 38*E (Ix, x + 38ei]).

For completeness, we outline the main steps needed to prove (A.15) when s < 4. Suppose that
s =3, in which case Taylor expansion yields

Af(x) =83, (x) + %828i2f(x) + é53E§3)([x, x + de;]),
A2f(x) = 8297 (x) + §S3El(.3)([x, x + 28e;]),

11
AXf(x) = ?83El(.3)([x, x + 38e;]),
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which implies that
AWfx) =80 (x) + 38°EX) (x, x + 38¢,1),
APfx) = 8292 (x) + S8 ED([x, x + 38€;]).

When s =2,

1
Af () = 80 (x) + 5azE,@([x, x + deil),
A2f(x) =282 EP([x, x +28¢;]), and  AXf(x) =452EP([x, x + 38e:]),
implying that

ADfx) = 89 (x) + 383 E([x, x + 38e.]).
O

Proof of Lemma A.4. Let us first consider the case when d = 1. According to the original
definition of A f(x) in Theorem 1 of [5],

Af(x) = Pyn(x), x€eR,

where
Py(x) = F(5K) + ()C_TM()(A — %AZ + %A3)f(8k)
#3(57) -t (55 on
_ ?(’C - 6k>4A4f(8k) + %(’“‘T‘”‘)SA“f@k)
-2 a0+ 5 () aten, xer (a.19)

We can also write A f(x) as the weighted sum
4
AFD) =D gl FBk) + ),
i=0

where the weights (x,]g _;(x) are defined by the corresponding polynomial Pi(x). Now Af € C 3(R)

by Theorem A.1, meaning that 3Af(8k(x)) equals the corresponding right derivative of Py(y)(x)
at x =8k(x) for 1 <j<3. The result follows immediately by inspecting the derivatives of
(A.20).

When d > 1, the proof is similar. Let us write k instead of k(x) for notational convenience.
Since Af(x) € C3(R?) by Theorem A.1, we fix @ with 1 < ||a||; < 3 and consider

4 4
D*Af(x) = D”( o )Y e 6k + i)))

ig=0 i1=0

4 4 4
_ ( Z agda],;jﬁd(w) o ( Z 8;201]12“2@2)( Z aflo/,;‘Jril (x1)f (8(k + i))))).

iq=0 ir=0 i1=0
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The first equality follows from (A.1) of Theorem A.1. If we think of the innermost sum as a
one-dimensional function in x; only, it follows that

4
> oftey! kG +i) =8 TATVF (8 + (0, o, .. ia)).
i1=0

Proceeding identically along each of the remaining dimensions yields the result. O
Before concluding this section, we prove Lemmas 2.4 and 2.5.
Proof of Lemma 2.4. Fix h € M4 and note that
[ER(V) — ER(V')| < |ER(V) — EAR(V")| + [EAR(V") — ER(V')|,

where AA(-) is understood to be the operator A applied to the restriction of A(x) to 8Z¢.
Proposition A.1 and the fact that 7 € My imply that

|EAR(V') — ER(V')| < Cp 11(d)8* max, ID“Rl < Cy 11(d)8*.
ajl|=
Furthermore, (A.13) implies that the restriction of A(x) to 874 belongs to Mgisc.4 and,
therefore,
|[ER(V) —EAR(V')| < sup |En(V)—EAWV).
he Misc 4 0

Proof of Lemma 2.5. Since h € Mgisc 4 implies that |h(u + de;) — h(u)| <§ forall 1 <i <
K — 1, it follows that

h@)| < [hO)| + uli, wedZF",

Furthermore, (A.3) of Theorem A.l and the fact that 4 € Mgis 4 imply that the first-order
partial derivatives of Ah(x) are bounded by Cy 4(d), and therefore,

|AR(Z)| < |AR0)] + Cp 4(DIIZ]l1 = [h(0)] + C4 4(d),

where the last inequality follows from Ak(0) = h(0) and Z € VK. To bound |GzAfi(Z)|, we
recall that

K—1 K—1

1 1 -
GZAf) = 5 D (Bi = S)RAE) + 5 D %8 — )idjAfu(x),  x € V.

i=1 i,j=1
Note that |8; — sx;| <, |x;(§;; — x;)| <1, and that (A.3) of Theorem A.1 implies that
|9:Af ()] < Cq 4(d)s ™! max 1AL ]l <2C 4 4K)S IIfull,
ax

|0iAf ()| < Cq 4(d)8 > max 1A%l < 4C4 4(K)82Ifil.
1=
Recalling from (B.7) that ||f|| < 5~1KB, (fn), we combine the bounds to arrive at

1 1
1GZAf(x)| < EKschA(K)a—l Ifill + 5K24CA,4(K)6—2ufh||
< Cp4(K)(Kss™' +2K*57%)8 7 KB/ (fy)
< Cp4(K)2+5)8 2 K>B1(fi),

where in the last inequality we used § < 1. U
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Appendix A. Explicit constants in Theorem A.1
Proof of (A.4) and (A.8). We show that
d
Cpgld) < l_[ (1595 x 1(a; = 0) + 3408 x 1(a; =1) + 7677 x 1(a; =2)
j=1
+ 9510 x 1(a; = 3) + 11404 x 1(a; = 4)),

which implies the result. Consider first the case when d = 1; we want a bound on A f(x) and
its first four derivatives. For any f : Z — R, (A.1) of [5] states that

4
AF@) =D g BK() + i) = Prey(v),
i=0

where

_ sk 1 !
Pu(x) = £(5K) + (XT)(A — S A%+ S AY6K)

2
I /x—0k\2, » 3 1/x—6k
+3(55) @7 ayen+ £ (5

55 (x—(Sk
)

)3A3f(8k)

x_—5k>7A4f(8k), xeR. (A.20)

6 4 11
) AYF(5K) + 7(
To bound |Af(x)|, we need to bound each of the terms on the right-hand side of (A.20). For

instance,

(A — %Az + %A3)f(8k) = — f(8k) + f(8(k + 1))

1
— 5 (F(8K) = 2f Bk + 1)) +f(8(k +2)))
1
+ 5(—f(5k) + 38k + 1) = 3f(8(k +2)) +f(8(k + 3))),
implying that

ELUCFR :
(A = 547+ ZANE0] 3 x5 max k() + ).

Proceeding similarly with each of the terms on the right-hand side of (A.20), we see that |Af(x)|
is bounded by

(1 +3(x—§k(x)) L+ §<x—§k(x)>2 n %(x—gk(x))3 +23_3 y 6(x—§k(x)>4

P (I 5 (B0 I (BN e )

2
<319 x 5 max |f(k(x)+ ).
0<i<4

2
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Note that (A.8) follows from a similar argument because a],; (%) is the coefficient correspond-
ing to f(8(k 4 7)). To bound |dAf(x)|, we differentiate (A.20) once to get

1( 11,
P = < (1= S A+ 3 ADAS(GK)

2
% x z( — ok )(A - Az)(Af((SIc))+l x ( ) A% (Af(8K))
_ 2‘3_3 y 4()6‘85") A3 (Af((Sk))—l— 2 x 5( ) INONC)

55 x — &k
=2 o(E) adareby + 5 < 7(*
3 )
Bounding the right-hand side the same way as before yields

YOI = 5 (“ 1/242/3)+ (1 + 2)(x—_ ak(x)) + % <o (T2 ‘Sk("))2

) A’ (Af(&k))) xeR.

B oax 3("—_ ‘;k(x)) 2 85 3(x—_ gk(x))4 8
+ ? X 6 X 3(’“ _;(x)) + 5 xTx 3(#)6) X max |Af(k) + 1)

—852 x 4 max |Af(k(x) + ).

(=2}

Similarly,

1 — 8k
PP = 5 ((1 — A)%FHk) + (5 ) A6k

23 x 4(x _(Sak)zAz(Azf(Sk)) 181 x 5<x_8—8k)3A2(A2f(5k))

NN

—5?5x6x5(

X —

+ % X7 % 6( 8k)5A2(A2f(8k))), xeR,

93 P(x) = ( A3F(5k) — 23x 4 x 2( 88 )A(A3f(8k)) +81x5x 3( 881‘) A(N3F(5K))
55 Xx—8k\3 4
— 5 x6x5x 4<T) A(A3f (k)

+ o7 x6xs( ) adsen)). rer
— X X X _— X
2 5 9 9

and
4 1 —8ky\ 4
aPk(x)=8—4 23x4x2Af(5k)+81x5><3x2< 3 )Af(c?k)
— 8k\2
—53—5x6x5x4x3(xTak) AYF(Sk)

+1—21><7><6><5><4( - ) 4f(8k)> xeR,
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yield the bounds
1
102Af(x)] < —2559 x 3 max |AZf(k(x) + i),
52 0<i<2
1
|03Af(x)] < —=4775 x 2 max |Af(k(x) + i),
83 0<i<l

19*Af ()] < ;—411404|A“f<5k<x»|.

When d > 1, we recall from (A.1) that

4 4
A= o ) Y ol ()f(O(k(x) + ).

ig=0 i1=0

The result follows by applying the bounds from the d = 1 case along each dimension. U

Appendix B. Generator expansion and Stein factors

This appendix is dedicated to proving Lemmas 2.2 and 2.3. Recall that, for x € RK=!, we
define k(x) by kj(x) = |x;/8], that § = 1/N, V& is defined in (2.7), and that VX = Conv(VX).
We may assume without loss of generality that 100K> <N, which implies that Vl{,( #0,
because the claim in Lemma 2.2 holds trivially for all 0 < N < 100K? (since this covers a
finite number of N). We claim that

if x € VX then 8(k(x) +i) € VX forall 0 <i < 10e. (B.1)

We argue this as follows. Since 0 <dk(x) <x, then §k(x) V{g for any x € VK because
8 Y1 kitx) < 5" . Thus, for all 0 <i < 10e,

K—1
8 (kix)+i) < 1 — 10K/~/N + 10K /N < 1,
j=1

implying (B.1). Combining (B.1) with (A.1) of Theorem A.1 implies that A(GyAf,)(x) is well
defined if x € @1{5 . To derive an expression for A(GyAf,)(x), we define
bi(u) = E,(Ui(1) — uj),
aij(w) = E,(Ui(1) — up)(Uj(1) — uy),
cije) = Eu(Ui(1) — u)(Uj(1) — up)(Ur(1) — ug),
dijre (@) = B |(Ui(1) — up)(Uj(1) — u))(Up(1) — w)(Ue(1) — ug)|,  ue VX,

Since Af; € C3(RX~1), by Theorem A.1, we know that, for any u € VX,

Gu(Afi) ) = EyAfi(U(1)) — Afi(u)
K—1 1 K—1
= 2 bidAfi@) + 5 D a()didjAfi(u)
i=1 ij=1
K—1

1
+o D CurRRARW) + @),
i,j k=1
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where
K-1
1
€)== 3 Eu((Wih) = u(U() = ) (Un(1) = w) (i3, hAfi ) = B,3jhAfi @) ).
ij,k=1

and & is between u and U(1). Since A is a linear operator, it follows that, for any x € vk,

K-1 K—-1
1
AGuAfine) =Y AbBARIE) + 5 D AlaididAfi)(x)
i=1 ij=1
K—1

1
+ 5 Z A(ciji0;0;0kAfR)(X) + Ae(x). (B.2)
ijk=1

We present several lemmas needed to analyze the right-hand side. Recall assumption (1.3) or
that p; = B;/(2N) = 88;/2 and, subsequently, ¥ = §s/2. Also recall the definition of B;(-) from
(2.1).

Lemma B.1. Fixu € VK and let u; = u; % — p;. Then for 1 <i,j<K — 1,
_ _ 1 _ _
bi(u) = —U; and a,:/(u) = uiuj + ﬁ(u, — u,') (50‘ — (MJ' — uj)),
Bi(b;)<8%s and Bj(ay) <8*5(1+s)%.
Furthermore, forany 1 <i,j, k, £ <K —1,
lei@)| <208*(1+5)°  and  dje() <8*2+9)*, ue vk

The proof of Lemma B.1 is left to later in this appendix as it essentially has many elementary
but tedious moment calculations. Since b;(u) and a;;(u) are polynomials in u, we let b;(x) and
a;j(x) be their natural extensions to VK. Furthermore, Corollary A.1 implies that Ab;(x) = b;(x)
and Aa;j(x) = a;j(x).

Lemma B.2. For any x € VX,
A(b;0;Afn)(x) = bi(x)d;Afh(x) + €;(x),
A(a;jdiAfn)(x) = a;j(x)0;0;Afn(x) + €;(x),
A(ciji0;0; 0k Afn)(x) = €;jr(x),

where
|€i(x)] < 85C4 4(K)(Cq 10K)B2(fi) + CA_ll(K)5_lB4(fh)), (B.3)
€0 < (1 +5)2Cq 4(K)(5C4 10(K)B3(fi) + Cq_11(K)S ™' Ba(fi)), (B.4)
€k (0)] < 15955201 + 5)°Cq 4(K)S ™' B3(fi). (B.5)
Furthermore,

|Ae(x)| < 1595KK*Cy 4(K) ((2 + 9)*8 2 Ba(f)

(4K + N (1 _ 10K(/N — 1)(
N

N -5
o 1—2)) 5 16KBl(fh)).

(B.6)
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Proof of Lemma 2.2. Assumption (1.3) states that p; = 8;/(2N), which implies that ¥ =
s/(2N). Thus, Gzf(x), which is defined in (1.8), satisfies

K-1 K—1
1
3Gzf(x) = Z (Pi — Zx)0if (x) + N Z Xi(8;5 — xj)9;9;f (%)
i=1 ij=1
K—1 1 K—1
= Y bix)df(x) + N > x5 — x)ddfx),  xe VK,
i=1 ij=1

where the second equality is due to Lemma B.1. Combining Lemma B.2 with (B.2) yields

K—1 K—1
1
AGuAf)@) = bix)3iAfn(x) + 5 > aj(x)0idjAfi(x)

i=1 i,j=1

K—1 1 K—1 1 K—1
T X}: &)+ 5 Z} &i(x) + < .;1 &ijk(x) + Ae(x).
i= i,j= 1,j,k=

Let us compare the first two terms on the right-hand side to §GzAf,(x). Set x; = x; X — p; and
observe by Lemma B.1 that

| _ _
@) = X% + — (i = %) (85 — (5 — %)
1 1/_ _ -
= Nx,'(&'j —Xj) — N (x,-(ﬁ,-j — Xj) — XiXj — x,-xj-> + Xix;.
Since § = 1/N, |xj| < X < s, and |x;| < 1, it follows that
K—1 K-1

1
D BiEBAG) + 5 Y aiRASE) — 8G7Af(x)

i=1 i,j=1

K-1

_‘1 1 _8 . X Yix: Yx: aaA
=5 1]2_:1 (— ]T](x’( i — Xj) — XiX; —x,x]) —i—xlx,) i0;AfH(X)
1 K—1
=3 Y (82T + 22 + £7)Cy 4(K)S*Ba(fa)
ij=1
< K*2(1 +5)*C4 4(K)Ba(fp)-
Combining this bound with the bounds on |€;(x)|, . . ., |A€(x)| from Lemma B.2 yields

leg@)] < K221 + 5)*Cy 4(K)Ba(fi)
+K85Cp 4(K)(C4 10KIB2(fi) + Ca 1 1(K)S™ ' Ba(fy)
+ K*(1+5)Cy 4(K)(5CA 10(K)B3(fa) + C4.11(K)S ™ Ba(fi))
+ K31595520(1 4 5)3Cy4 4(K)5~'B3(fi)

+ 15955 K*Cy 4(K) <(2 +5)*8 72 Bu(fy)

(4K + 1N (1 B 10K(+/N — 1)
N

N s
N (1-1%)) 6 16KBl(ﬁ,)>.

O
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We first state and prove an auxiliary lemma, followed by the proof of Lemma B.2.

Lemma B.3. For any u € VX and any integer M > 0,

M
Pu(Uk (D) < M/N) < DN 1 g1 = ).

T (Z—-pM
Proof of Lemma B.3. Recall that from (1.1), NUg(1)|ux ~ Binomial(N, ux — ug), where
ux = —Xug +pg. Forany 0 <j < M,

N! . .
Pu(Uk (1) =j/N) = —————(ug(1 = 2) + pxY (1 —ug(1 = =) — p)" ™~
JIN =)
1

N1 —ug(1—3)—pr)V :
= N1 —ug( ) = PK) A== 2) =y

M1 _ _ N__ -
=N - =2

M

_ _ N
Sm(l ug(l—=3))",

where the second inequality follows from 1 — ug(1 — X) — px > ¥ — pg since ug < 1. Thus,

(M + 1)NM

m(l —ug(1 =)V,

M
Pu(Uk(1) <M/N) =Y Py(U(1)=j/N) <

=0
! O

Proof of Lemma B.2. Let us prove (B.3). Note that Ab;(x) =b;(x) by Corollary A.l.
Lemma A.2 then gives us

A(b;i0;Afi)(x) = Abi(x)A(0;Afn)(x) + €i(x)
= bi(x)0iAfi(x) + €i(x) + bi(x) (A(QAf)(x) — 0iAfu(x)),
where

leix)] = C4.10(K)  max |Abi(8(k(x) +J))] max | A0 Afn (8 (k(x) + )

lalli= lal1=1

0<j<de—a O<j<de—a
= Ca10K08s | max - |AGAF(S(k(x) + 1)
05]'514efa

The constant Cx.19(K) is as in Lemma A.2 and the second inequality is due to the bound on
B1(b;) from Lemma B.1. Now

mhax |A®0AfR(8(k(x) +j)I < sup [SD*Afy(8k(x) +2)|

l{Hl:l llall1=2
0<j<de—a 0<z<568e
= Cp4(K) max 18872 A%, (8(k(x) +)]
0§j§l9e—a

< Cx 4K~ Ba(f),
where the second-last inequality is due to (A.3) of Theorem A.1. Thus,

lei(x)| < Cp 10(K)35Cy 4 (K)Ba(fp).
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To complete the proof of (B.3), note that

|bi () (A;Af)(x) — JAf(X))] < 85|AAS)(x) — dAfH ()]
<85C4 11(K)8> max  sup |[DAfi(8k(x) +2)|

lalli=4 0<z<55e
< 85C4 11(K)Cy 4(K)8 ™! max | AYi(6k) +7)|
0§j§l9e—a

< 5CA . 11(K)CA 4(K)Ba(fp).

The first inequality follows from |b;|(u) < ¥ < §s; see Lemma B.1. The second inequality
follows from Proposition A.1 with f(x) = 9;Af(x) and s =3 there, and the third inequality
follows from (A.3) of Theorem A.1. The proof of (B.4) is similar to that of (B.3). Lemma A.2
and the fact that Aa;;(x) = a;;(x) imply that

A(a;j0;0jAfn)(x) = Aa;j(x)A(3;0;Afn)(x) + €;(x)
= a;j(x)9;0jAfn(x) + €;j(x) + a;(x) (A(0;0;Afi)(x) — 3;0Afn(x)),

where

le;;(0)] < C4 . 10(K) max | A% a;i(8(k(x) + ) max | A?9;0;Af(8(k(x) +))I.
0<j<de—a 05]'5142711

We know that Bj(a;j) < 825(1 4 5)> by Lemma B.1, so that repeating the arguments used to
bound €;(x) yields

€] < C, 100085+ max - |A"03AF (k) +)
051'514;—41
< C4 10(K)8?5(1 + 5 Cp 4(K)38 > B3(fy)

= Cp.10(K)5(1 +5)*C4 4(K)B3(f).
Furthermore, since |a;;(x)| < »2145< 8(552 + 1),

lagj(x) (A(3;9;Af3,) (x) — 9;9;Afi,(x)) |
< 8(8s2 + 1)|A(9;0;Afn)(x) — 0;0;Afn(x)]
< 5(8s +1DCy. 11(K)82 max sup |D*Afn(8k(x) +z2)|

lalli=4 0<z<55e
<8(8s +1Cy 11(K)Cy. 4(K)8 s max | A%fH (8 (k(x) +1))|

lall =4
0_J<9e

< (1+5)2C4 11(K)Cq 4(K)8™ ' Ba(fy),
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which proves (B.4). Let us prove (B.5). Note that

|A(cijk 0; 00, AfR) (X))
4 K—1 .
=' 3 <Hak;g;,-j(xj))ci,-k(a(k(x)+i>)al-a,-akAfh(a(k(x)+i)>
i1,.0ig—1=0 "~ j=1
4
<31952082(1+9)° Y 19:00AGBKG) + i)
i1y...,ig—1=0

4
<3195208%(1 +5)°Cp 4(K)S > > max | A (8(k(x) +i +)))]
il’---»ik—1=00|_<‘(;‘§|l4;—a

<319K208%(1 4 )55 Cy4 4(K)8 B3 (fi)
=15955208%(1 + 5)°C4 4 (K)S B3 (fy).

where the first inequality is due to (A.8) and Lemma B.1, and the second inequality is due to
(A.3) of Theorem A.1, and the final inequality is due to (B.1). Lastly, to prove (B.6), we bound
|Ae(x)| by bounding €(u), u € VK and using (A.8).

From (A.1) of Theorem A.1, we see that Ae(x) depends only on €(§(k(x) +i)) for 0 <i < 4e,
so going forward we fix u = §(k(x) + i). Recall that

| K=l
e(w) = 3 Z Ey ((Ui(l) — up)(Uj(1) — up)(Us(1) — i) (9;0;06Afn(§) — 3i3j3kAfh(u))),

ij.k=1

where § is between u and U(1). We know that 9;0;0Af}, € DX=1 by Lemma A.1, implying that

0;00kAfn(§) — 0;0;0kAfn ()| < |U(1) — ully sup |DAfn(z)].
min (u,U(1))<z
z<max (u,U(1))
llalli=4

Consider separately the cases when Uk(1) > 4K /N and Uk (1) <4K/N.If Ug(1) > 4K /N then

sup ID?Afi(z)] < Cp 4(K)S 4 sup max  |A%f,(8(k(z) +1))]
min (u,U(1))<z min (u,U(1))<z 0<i<de—a
z<max (u,U(1)) z<max (u,U(1))

lall=4 llalli=4

< Cp 4(K)8*Ba(fi).

For the last inequality, we used tl_le facts that U(1) + da € VX and u + 8a € VX for llall; <4,
because Uk (1) > 4K /N and x € V¥, respectively. If Ux(1) <4K/N, we use the coarse bound

of
sup ID“Afi(2)] < Cy 4(K)6™* sup max  |A%f;(8(k(z) + )|
min (u,U(1))<z min (u,U(1))<z 0<i=4e—a
z<max (u,U(1)) z<max (u,U(1))
llalli=4 lall1=4

< C4 4K 161lfu
< Cy 4(K)8>16KB; (fy).
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The last inequality is due to the fact that

il < KNB1(fi) = K8~ 'B1(fi), (B.7)
which we verify at the end of the proof. Combining the bounds on |D?Afj,(z)| with the definition
of €(u) yields

K—1
1 —4
€l = 2 D7 (|00 = u)(U() = u)(Uk(D) = un)|UC) =l |) Cy 4K)8~*Bafi)
ij k=1

1 K—1
+2 > Eu(|(Ul-<1>—u»(U,-(l)—uj>(Uk<1>—uk)||U(1)—u||1|
i.j. k=1
x Cq 4(K)1(Uk(1) < 4K/N)8’516KBl(ﬁ,))
<K* L max dijke@)C g 4(K)8™*Ba(fi) + K*Pu(Ug(1) < 4K /N)C4 4(K)8 > 16KB (fy)
<1,],K,L=<K—

4K
%(1 ug(1 — E))N8516KB1(fh)>.

In the second-last inequality we used the coarse bound of [U;(1) — u;| < 1 to bound the second
term, and in the last inequality we used the bound on djjx¢ () from Lemma B.1. Furthermore,
x € VX implies that, for any 0 <i < 4e,

<K‘Cy 4(K)(82(2+s) 8T By(fi) +

K—1 K—1
1= 8kix) +i)=1— ) ki(x) — 4K/N > 10K~/N/N — 4K /N > 10K(~/N — 1)/N,
j=1 j=1

and, therefore, (1 — ug(1 — X)) on the right-hand side is bounded by (1 — (10K(+/N —
D/N)(1 — ).
Finally, (A.8) yields the upper bound of

4

|Ae(x>|=' > (Ha’,?é;‘;, (x,)e(a(k(x>+i)>

i1eerik—1=0

<55319% max |e(S(k(x) + 1)),
0<i<de

which proves (B.6). It remains to prove (B.7). Since we chose fj,(#) = 0 for u outside of vk,
we need to show that

[fu(w)| < NKB\(fy), ueVX.

Letting 7 (u) = P(U = u), we have

fw) =Y (EAUM) —ELO) = Y Y x@)(Br(Um) — By hUn))
n=0 n=0 y’ eVK

> m@)(Buh(Umn) — By h(Un))),

u'eVK n=0

https://doi.org/10.1017/apr.2025.13 Published online by Cambridge University Press


https://doi.org/10.1017/apr.2025.13

Steady-state Dirichlet approximation of the Wright—Fisher process 1351

where the interchange is justified by the Fubini—Tonelli theorem because {U(n)} is geometri-
cally ergodic. Since

e ¢]

Afa@) =Y (Euyse;H(Un) — Buh(Un))),

n=0

it follows that

Z |Euh(U(n)) — By h(U(n))| < [ — u')/81B1(fn) < NKB1(fi),
n=0

proving (B.7). O

We now prove Lemma B.1. Recall that
(NUL(1), ..., NUK(1))|U(0) = u) ~ Multinomial(N, (u1 — Uy, ..., Uug —Ug)),

where u; = u; X — p;. We also require the following result about the moments of the multino-
mial distribution.

Lemma B.4. Let X ~ Multinomial(N, (p1, . . . , pr)). Then for all i # j # k,

E(X:)=Npi,  EX))=NWN—1p; +Npi,  EX:X))=NWN — Dpip;,
E(X:X;Xx) = N(N — DN — 2)pip;pr.
E(X7X;) = NN — D)(N = 2)p?p; + NN — Dppj,
E(X?) =N — )N — 2)p? +3N(N — 1)p? — 2Np;.

Proof of Lemma B. 1. For convenience, we write [E(-) instead of [E,,(-) and U; instead of U;(1);
e.g. we write EU; instead of E,U;(1). Since ENU; = N(u; — u;), it follows from Lemma B.4
that

bi(w) =E(U; — u;) = —u.
Next, we observe that
ajj(w) = E(U; — u)(Uj — wj) = E(U;U)) — wiBU; — w;EU; + uju;.
Lemma B.4 implies that EU; = (u; — u;) and
E(UiUj) = (1 = 1/N)(u; — ui)(uj — uj)
= uiltj — willj — wjll; + Wiilj — Il\f(ui — ui)(uj — uy),
from which it follows that
a;i(u) = u;i; — ]iv(ui — u)(u; — ;). (B.8)
Similarly,

aii(w) = B(U; — > = B(U}) — 2uBU; + uj =E(U}) — 2ui(u; — i) + ;.
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By Lemma B.4, we know that
2 _ o 1 -
EU;) =1 —1/N)w; — ;)" + I—V(ui — U;)
- 1 _ _
= (uf — 2u;it; + i?) + (= ) = (i = )%,
and we conclude that
_ 1 _ _
aif(u) = i + = (i = &) — (u; = @)°). (B.9)

The form of b;(u) immediately implies that Bj(b;) =% < 82s. Furthermore, one can check
that

aii) = u (22 — (1/N)(1 = £)?) + u;(— 2Zp; + (1/N)(1 — D)1 — 2py))
+p2 +(1/N)pi(1 = p)),

from which it follows that

|Aai@)| = [2uid + 8%)(2? — (1/N)(1 — £)?) +8(— 2Zp; + (1/N)(1 — 2)(1 — 2py)|
<8251 + )%

The bound is crude but simple, and follows from the facts that 4; <1, § =1/N <1, and p; <
Y < 4s. Similarly, one can show that

| Aja@)|, |Ajagw)] < 875(1+5)°, i),
implying the bound on By (a;;).
To prove |cjj(u)| < 2082(1 + 5)3, we compute and then bound c;;;(u), c;;j(w), and c;jx(u), for

i #j # k. We begin with

ciii(w) = E(U; — u)® = BUjU; — u)* — wiB(U; — u;)?
= E(U? — 2u;U? + u?Up) — wiB(U; — u;)?.

From (B.9), we know that
- 1 - -
—uwE(U; — up)* = — it} — N”i((ui — i) — (u; — 4)%).
For the remaining terms, we use Lemma B.4 to see that
3 _3, 3 -0 2 -
EU = (1= 1/N)(1 = 2/N)(ui = &)* + (1= /Nt = )* = 5 = i)
(i — T — g — ) = ) ot — B — oty — ) — ot — )
= —uw) — —u—u —(u; — u; —(u —u)” — — Wi — w)” — —u — u),
] ] N ] ] N2 4 1 N 4 4 N2 ] 1 N2 ] ]
1
~2uBU} = =2((1 = 1Ny = ) + - = )
2ty = ) + 2 — ) — 21ty — )
= —2ui(u; — u; wi—(ui — ui)” — 2u;—(u — u;
] 1 1 lN 1 1 lN ] L)

MZ-ZEU,' = ulz(u, — ﬁi).
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We begin with the terms with a 1/N 2 factor. Since 0 < u; — u; <1, it follows that

3 _ 2
(u; — it;)° — ]W(ui  — ﬁ(ui — ;)

_NZ'

=
Let us now consider only those containing 1/N in front of them. Namely,

- i(w — )+ 3(u~ —i)? +2ui(u~ — ) — 2u~l(u» — i) — lu‘((w — ) — (u; — ;)%
N 1 1 N 1 1 lN 1 1 lN L 1 N 1 1 1 1 1

w

== (= =)+ G — @) + i — 1) — i — )

2wz

= — (ﬁi(ui — )%+ (i — )% — ui(ui — ﬁi))
= %(ﬁi(ui — L_ti)z — ui(u; — Ijiz))
= %ﬁi(m - ﬁi)((ui — i) — 1)7

and note that

‘]%ﬁi(ui - ﬁi)((ui — ) — 1)‘ = f)1_12\:/ - %

Lastly, we collect all the terms without 1/N or 1/N? in front of them. Their sum equals

(g = )* = 20 — 13 + f (; — ) — wiit}
= u? — 3ﬁiul-2 + 3111-214,' — L_t? — ZM? + 4u,2ﬁ,- — 2Lt,‘17ti2 + M? — Ml-zﬁi — u,-ﬁl-z
= 3’ + 3idu; — i; + 4ty — 2ui? — uli; — i
= 3w, — it} — 2wt} — w;ii?

=i,

Since |ir] < X3 =53/(8N?), we have shown that |c;;(u)| < 5/N? + 3s/(8N?) + 53 /(8N?) <
2082(1 + s)3. Next, we bound

Ciij(u) =EU,; - Mi)z(Uj — Mj)
=EUi(Ui — up)(Uj — uj) — wiE(U; — uj)(Uj — uy)
= ]EUlej — quUiz — l/liEUin + uiquUi — w;IE(U; — M,)(U] - uj).

From (B.8), we know that

1
—uil(U; — u)(Uj — wj) = —u; (ﬁiﬁj — i — ) = b_lj)>,
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and, for the rest of the terms, we use Lemma B .4 to obtain
EU;Uj= (1= 1/N)(1 = 2/N)(u; — ) (uj — i) + %(1 — 1/N)uw; — i) (uj — )
.3 .2 .
= (i — u;)"(uj — uj) — ﬁ(”i — ui)”(uj — uj) + m(”i — ui)"(uj — uj)
= g~ ) — 5~ ) — ),
B} = — (= /N — 0+ i~ )
_o 1 _o 1 _
= — uj((ui — )" — N(ui — )"+ N(”i - ui)),
Uy = i~ ) — ) — G — )~ ),
wiwBU; = wiuj(u; — u;).
Considering the 1 /N2 terms,

2 -2 1 _ _
m("‘i — ;)" (uj — Uj) — ]W(ui — u;)(uj — uj)

< —.
=N
Collecting all terms with 1/N in front, the result equals
1 _ _ _ _ _ _
ﬁ( = 3u; — ) (wy — ty) + (uy — i)y — i) + i — 1)* — i — ;)
+ ui(u; — up)(u; — wj) + ui(u; — u;)(u; — it;))
1 _ _ _ _ _ _
= (i — w)C = 30 — i)y — 1) + (j — ) + wj(ui — i) — wj + 2ui(uj — i)
1 _ _ _ o
= N(ul —u;)(— 3u,-uj + 3uiuj + 3Mju,' — 3uiuj
+ (uj - Ijt,) + uji; — ujﬁ; —Uj + 2u;uj - Zuiﬁj)
1 _ _ _ o _ _
= ﬁ(u, - u,-)(3u,-uj + 3uju,- — 3u,-uj — uj — ujui - 214,-uj),

the absolute value of which can be bounded by 15X /N, because u;, u; < X. Next, collecting
all terms without 1/N? or 1/N yields
(i — ) — ty) — iy — i43)* — vy — i) (05 — i) + e (i — i) — i
= —itj(u; — )" — wiu; — i)y — i) + winej(u; — ;) — wiitiity
= —itj(u; — i) + wiihi(u; — ih;) — w;id;ij
= —itj((ui — 1) — wi(u; — i) + wiid;)
= —uj( — wi(ui — u;) + uiit;)

— _ail
=y,

which is bounded by X3. Thus, we have shown that

o<+ 55 L 5 o0 ey
clU(u)Isz—i- N + X7 <206°(1 + 5)°.
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Lastly, we consider

cije) = E(U; — u)(U; — uj)(Up — ug)
= EUr(U; — u)(Uj — wj) — i B(U; — u;)(Uj — uy)
= EUU;U; — yEUU; — wiEUUj + wjujBU; — wie E(U; — u;)(Uj — u;)).

From (B.8) we have

1
—uEU; = Uy =) = — (i = s = @) = ) ).

and from Lemma B.4 we have

3
N
_ _ 1 _ _
—uEUU; = — uj((uk — ) (u; — ;) — N(uk — up)(u; — ui)),

2 _ - -
BUUU; = (1= % + 175 ) s = )y = ) = ),

1
—UEUU; = — (0 = )y = ) — (o = o = ) ).

The combined 1/N? terms can be bounded by 2/N2. Collecting terms with 1/N in front yields

1
]V( — 3(u; — wi)(uj — up) g — ) + uj(ug — u)(u; — ;)
+ uiCuy — ug)(u; — wj) + w(u; — u;)(wj — uy))
1
= N(ﬁj(ui — u)(uyg — ) + wi(uj — i) (g — ug) + e (uj — ) (u; — ;)),

and this term can be bounded by 3% /N. Similarly, collecting all terms without 1/N? and 1/N
yields

(i — i)y — uy)(ug — ug) — wi(uge — ue) (i — u;) — wiug — u)(@wj — uj)
+ uinj(ug — W) — Ut
= —uj(u; — wi)(u — ) — wiug — wi )y — uj) + winj(uy — Ug) — gl
= —uj(uiug — wlt; — wilty + wing) — wi(ulty — Uglty — Wil + Ujitg) + uiljitg
— Uilji — Ugltill
= —uj(uiug — uplty — wilky + Uilt) — wi( — uglj + Wjly) — Uil
= —uj( — uplt; — willy + Wilty) — willjlty — Uil
and this term can be bounded by 5%2. This completes the bound for
2 3X 3 2 3
leijr(m)| < vy +5%7 <208°(1 + ).

Finally, we show that

dijke(u) < (i + 2>4 <822+ s)*
U — \/N = .
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Using the Cauchy—Schwarz inequality twice,
E|(U; — u))(Uj — up)(Ux — ug)(Ug — ug)|
1 1 1 1
=[Bw - w*]" [Euv; - wp*]" [Ee =] [Bue —u0*]*

Recalling that NU;|u; ~ Bin(N, u; — u;) and then using Minkowski’s inequality,

1
p

[Bwi— '] = = [Buv0; — N — ) — v

P [IE (NU; — N(u; ‘»))4]£+ L vii
Nl i Ui — Ui N Uj.

Noting that, for Y ~ Bin(n, p),

E(Y — np)* = 3(np(1 — p))* + np(1 — p)(1 — 6p(1 — p))
<3(np(1 — p)* + np(1 — p) < 4n?,

we conclude that

1

[EW; —u?]" < %((41\72)% +Ni) < % )

and the final bound is now clear. O
Finally we complete this appendix with the proof of the Stein factor bounds in Lemma 2.3.

Proof of Lemma 2.3. For notational clarity, given a such that ||a|| = k, decompose a into its
components such thata =a; + . . . 4 ay, where a; is a standard basis unit vector. Furthermore,
for the remainder of this proof, let U, (¢) denote the process U(¢) started at U(0) = u. We first
start with the case where |la|| = 1. Starting from (2.5), given & € M isc.4(C),

A% S| = |3 [BAUa 50 1) — BRUL)]| = Y CEIWit0, () — Va1 (B.10)
=0 =0

We couple the two processes Uysq4,(¢) and Uy (2) in the following manner. Index the parents
so that the types for individuals in both processes match except for the one entry where the first
process will have an individual of type depending on @ and the second process has an indi-
vidual of type K. (Recall we reserve the final type K to be the remainder.) Given the current
generation, to generate the next generation, take a random sample of size N from the indices
{1, ... N}, and use this common random sample to choose parents for the offspring of both pro-
cesses. Given mutation is parent independent, we also couple the mutations identically across
both processes in the obvious manner. Figure 1 illustrates the joint evolution of Uy, 54, (?) and
Uy ().

Given the starting configuration at time 0, let V(¢) = (V1(¢), ..., Vn(#)) denote the process
that tracks the ancestry of the original configuration. That is, V;(#) tracks the number of indi-
viduals at time ¢ that trace their ancestry directly back to individual j at time 0. Note that if a
mutation occurs, it is removed from this process, hence, |V(0)||; = N, and lim,_, o, V(¢) =0.
For readers familiar with coalescent theory, this is analogous to a coalescent process looking
forwards in time.
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(u,u +day) (Uu(1), Uyt sa, (1)) (Uu(2), Untsa,(2)

FIGURE 1. An illustration of our coupling at times =0, 1, 2 with population size N = 6 and K = 5 types.
Each gene type is colour and number coded; e.g. type 1 is green, type 5 is red, etc. An ‘M’ next to a row
represents a mutation, while arrows represent parental relationships; e.g. rows two and three (from the
bottom) in the middle plot are children of the first row in the leftmost plot, while row six of the middle
plot mutated. Coupling occurs at time ¢ = 2 since rows two and three in the middle plot have no children.

Without loss of generality, we can therefore set
1Uu+sa, () — Un(D]l1 = §V1(D).

In the context of Figure 1, V() is tracking the number of replicates at time ¢ of the pair
(5,1) from the final row in the processes at time 0. Therefore, in this particular realisation,
Vi(0)=1, Vi(1) =2, V1(2) = 0. Given V(¢ — 1), V(¢) will be made up of the number of times
one of the Vi(t — 1) individuals are chosen, which will occur with probability V(¢ — 1), who
also do not mutate. Hence, recalling that ¥ = ZlK: | Pk denotes the probability of any mutation
occurring,

Vio|vie—1) ~Bin(N, Vit — D — Z)).
Observing that E[V{(D]=E[E[Vi(1D)|V1(0)]] =§E[V1(0)](1 —X)=51 — X), and then

applying this recursively we conclude that E[Vi()]=8(1 — )" for all integers > 0.
Therefore, following on from (B.10), for & € Misc.4(C),

1=0 =0

For the second-order difference where ||a|| = 2, for h € M isc 4(C),

|A%fh(w)| =

WK

E [(Uu-+sa;+5a> (1) = MUy 150, (1) — h(Uu-+5a, (1) + h(Un(1))]

£

<C

e b

E [1Uu+a1+a,(® = Untay Oll1 104, (1) = Un(®11] (B.11)

Il
=}

t

where the inequality is due to the fact that, in general,

f(x+a+b)—f(x+a)—f(x+b)—fx) <lallbl Hzr}lfljz IAYF]. (B.12)
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M

®
FORE 1 1 1
q FORE 1)4 G) (1 1
i T OO0 ®.0.0.0
(w,u +dar,u+ daz,u+daj +daz) (Uu(l),..., Uytsag+6as (1)) (Uu(2),. .., Uutsag+6as(2))

FIGURE 2. An illustration of our second-order difference coupling at times t =0, 1, 2 with population
size N =6 and K =5 types.

For one-dimensional functions f : Z — R, inequality (B.12) follows from

fa+a+b)—fx+a)—fx+b)+fx)
b—1 a—1

= > (fati+id—2fc+j—1+D+fx+j—1+i—1), xabeZ
i=0 j=1

A similar idea can be used to justify (B.12) for multidimensional functions.

We couple the four processes on the right-hand side in an analogous manner to the first
difference; i.e. parent selection and mutation are coupled to be identical for all four processes.
Figure 2 illustrates their evolution. Similar to the first difference, we need to keep track of any
differences between the four processes, which can be achieved by tracking genealogies using
the process V(r) where we set (V1(¢), Va(?)) to jointly track the propagation of the initial two
rows in Figure 2.

Therefore, we can without loss of generality set

(1Uu+ai+a, (1) = Unga; Oll15 NUupa, () — Un(@l1) = (8V1(2), 8V2(0)).
Analogously to the first difference, we can set V(f) and V() jointly such that
((V1(@®),V2)IVi(z = 1), Va(t — 1)) ~ Multinomial (N, {§V1(r — 1)(1 — %), §Va(t — (1 =X)}).

Given Vi(0)=V,(0)=1, we can recursively show, with the help of Lemma B.4, that
E[N?V{()V2(£)] = N(N — 1)8%(1 — £)*. Hence, continuing from (B.11),

Ccs?

A%i@] = 3 CPEVOVA = 3 C8 1 = %)% =

=0 =0

We omit the proof of the bounds when ||a|| = 3, 4, as they follow from exactly the same proof
methodology. (|
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